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Letter from the President
Qualitative and Multi-Method Research Fall 2020, Vol. 18, No. 2 https://DOI: 10.5281/zenodo.4046504

The past year has been exceptionally traumatic for all of  us, along many dimensions. 
While our personal, social, political, and economic lives have been disrupted in 
profound ways, it is equally true that many modes of  qualitative research have 

become impossible to carry out as usual in these pandemic times. All of  us have faced 
delays and disruption to our research and scholarly agendas, but the weight of  these 
problems falls on us unequally. Those of  us who are established scholars must deal with 
frustration, but graduate students, junior faculty members, and others still in the career-
building stage potentially face much more serious consequences. Some universities have 
extended graduation and tenure timelines, while many others have not. Even additional 
time may not fully restore the planned careers of  many of  our colleagues; we do not, 
after all, know the future course of  the pandemic or related societal and political changes.

We might try to respond to this situation by calling for adjusted expectations and 
pandemic-specific standards for evaluating scholarly portfolios, but this seems unhelpful. 
For one thing, many universities and colleagues will not cooperate with such a change. 
Furthermore, such adjusted standards would likely create a lasting and counterproductive 
stigma against an entire cohort of  scholars.

An alternative, and I think far more productive, approach is for us as a group of  
methodological scholars to dedicate work and reflection to reevaluating the forms of  
qualitative research that are compatible with the pandemic period. While fieldwork has 
long been the ideal (and perhaps idealized) mode for qualitative inquiry, we can and 
should ask: what are the advantages and disadvantages of  in-depth online qualitative 
interviews? Can Zoom-based focus groups replicate some of  the value of  ethnographic 
immersion in a community or an institution, and would such digital modes of  research 
potentially have intellectual advantages as well as drawbacks? How does qualitative 
inquiry via social media compare with in-person and archival practices?

Reflection and writing on these topics, now and in the coming years, will help us 
as a community to productively and sensibly evaluate the kinds of  qualitative research 
that are being done now as well as the kinds that are likely to predominate for at least 
some time to come. Even after the pandemic, serious scholarship on these topics will 
remain valuable: the barriers to entry for qualitative research are diminished as distanced, 
digital modes of  investigation enter our toolkit. Many scholars with limited budgets, 
young children, health problems, political situations limiting travel, and so forth can 
more readily engage with qualitative research techniques when digital tools are part of  
our menu.

By doing the methodological work to orient ourselves and guide others regarding 
the best practices and pitfalls to avoid in online qualitative research, we all have an 
opportunity not just to prepare our discipline to appropriately evaluate pandemic-era 
research, but also to expand our community moving forward. This is an exciting agenda 
that deserves far more intellectual prominence in journals and syllabi than most political 
scientists have given it to date. I hope that we as a section and an intellectual community 
can contribute in this regard.

I should conclude by emphasizing the ongoing strength of  our section despite current 
challenges. Our participation in this year’s all-digital APSA was noteworthy and valuable; 
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I would like to especially thank the many colleagues who led distanced short courses for their special contribution to 
the section and the discipline in this challenging time. Furthermore, Sara Niedzwiecki deserves special commendation 
for organizing our section’s excellent program for this unusual event. As always, Colin Elman has worked tirelessly 
to keep the qualitative and multimethod community active and engaged through this crisis year; he and the rest of  
the IQMR team deserve special commendation for their efforts to create a partial workshop experience for advanced 
graduate students who may be unable to participate in future years. Jennifer Cyr has made an extraordinary effort to 
get the section publication up to date, and along the way has brought us a range of  exceptional pieces. I look forward 
to working with her and the incoming editorial team as we explore the prospects for converting the publication into a 
peer-reviewed journal. Finally, thanks to all of  you for the many small and large ways that you have kept our intellectual 
community alive and vibrant during these months of  distance and isolation. May we meet healthily in person in 2021!

Jason Seawright
j-seawright@northwestern.edu 

Letter from the Editor
Qualitative and Multi-Method Research Fall 2020, Vol. 18, No. 2 https://DOI: 10.5281/zenodo.4046528

I am perhaps unreasonably excited to introduce this issue of  QMMR to the world. It is provocative, it is topical, it is 
enlightening—in short, a real page-turner. To be honest, I have come to expect nothing less from our community 
of  methods scholars. 
Take, for example, the opening article. The COVID-19 crisis has so many of  us roiling, for so many reasons. 

It has been incredibly unsettling to our personal lives and also to our professional work. In “Disrupted Fieldwork: 
Navigating Innovation, Redesign, and Ethics during an Ongoing Pandemic,” a set of  stellar scholars provide some 
useful and timely advice for undertaking data collection when circumstances—shaped by resource scarcity, personal 
obligations, or a global pandemic—make on-the-ground fieldwork near impossible. Along these lines, this issue also 
introduces and provides information about a new website on digital fieldwork—one that is “[b]uilt by researchers for 
researchers,” as the announcement toward the end of  the issue explains.

Next, Hillel Soifer writes about a practice that many small-N comparativists adopt but for which they have 
little written guidance: ancillary cases. Shadow cases, in particular, are regularly used to evaluate the extent to which 
arguments, based on a small set of  core cases, travel. The article offers a definition of  the shadow case, explains its 
multiple uses for building from a theory, and offers initial advice on how to choose a case to perform this role.

The current issue also introduces a new technique for undertaking process tracing: the Veil of  ignorance Process 
Tracing (VPT) methodology. VPT is an approach to process tracing that separates its two primary tasks. A research 
assistant, who is deliberately “veiled” from knowledge about theories, hypotheses, and mechanisms, is responsible for 
data selection and coding. The researcher then tests the data collected vis-à-vis the working hypotheses. This division 
of  labor protects against biases that may come when the two roles are fused. As a consequence, its proponents argue, 
this method yields more valid causal claims.  

The practice of  process tracing has received no small amount of  attention in the past years. VPT, in other words, 
is not the only approach to undertaking process tracing, although it is arguably the most recent one. We have invited 
several authors and practitioners of  process tracing to comment on VPT. As you will see, the approach is not without 
controversy. The vigorous and thoughtful give-and-take that unfolds in the pages below represents a master class in 
how to undertake a robust methodological debate. 

I hope you enjoy these texts and learn from them as much as I have. 

Wishing you good health and peace of  mind in these strange and difficult times,

Jennifer Cyr
jmcyr@arizona.edu
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Original Article

1 This essay emerged from the discussion among Jack Corbett, Diana Kim, Lauren MacLean, Nabila Rahman and Robin L. Turner, as well 
as the participants who engaged in the IQMR Webinar, “Conducting Fieldwork Under COVID Constraints: Interpretive Approaches and 
Ethnography,” July 21, 2020, at https://www.maxwell.syr.edu/moynihan/cqrm/Summer_2020_Panels_and_Webinars/. 
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Disrupted Fieldwork: 
Navigating Innovation, Redesign, and Ethics 
during an Ongoing Pandemic
Lauren M. MacLean Nabila Rahman
Indiana University-Bloomington Indiana University-Bloomington

Robin L. Turner Jack Corbett 1
Butler University University of Southampton

Many of  us were conducting or planning field-
work this spring 2020 when the COVID-19 
pandemic spread across the globe. Some of  

us had optimistically hoped that the virus might be wan-
ing or somehow under control within a few months. 
While the situation has improved in some countries such 
that everyday life is shifting to a “new normal,” in other 
countries, the pandemic has worsened or reemerged af-
ter briefly subsiding. 

All of  this continues to disrupt fieldwork and make 
the future difficult to plan. 

Researchers from across the social sciences and 
humanities engage in fieldwork, so this disruption has 
broad and potentially long-term impacts. Fieldwork is 
already marginalized in some disciplines due to the time 
and resources it requires relative to other forms of  data 
collection. The COVID-19 pandemic ratchets up the 
pressure on established scholars who do this type of  
work regularly. We must consider other ways of  conduct-
ing our research and even reevaluate the questions we 
are asking. A generation of  graduate students might be 
discouraged from attempting fieldwork at all and never 
gain the experience.  

We are persistently hopeful, but we are also pro-
foundly unsure when things will genuinely open up. Any 
process of  opening up will not be linear or unidirection-
al. Much more likely is a zig zag of  ups and downs, or an 
opening and closing of  windows that will be difficult to 

predict, evaluate, or know with any certainty whether and 
how to proceed.  

Meanwhile, we remain absolutely convinced of  the 
indispensable value of  fieldwork for understanding 
politics and the social world (Kapiszweski, MacLean, and 
Read 2015; Krause and Szekely 2020). In fact, it seems 
more important than ever. 

So, how do we do fieldwork in the COVID-19 world? 
Many of  us have been struggling to rethink how we 
approach field research under these constraints. This essay 
is an attempt to pull together thoughts from discussions 
with graduate students and faculty colleagues, various 
writing projects, published blogs, public webinars, and 
collaborative Google Docs. It is neither wholly original 
nor exhaustive, but, hopefully, it provides a touchstone in 
a time when we are all extremely disoriented. 

Taking the Time to Acknowledge the 
Emotion of Disruption

When fieldwork is disrupted, whether from a global 
health crisis like COVID, or some other source (e.g., a 
dramatic change in the political dynamics in the field 
site; a change in your own or your family’s health), it is 
important to first acknowledge the emotional weight of  
the disruption. For many scholars, months and years of  
work have been dedicated to planning a project design 
and methodology. Lots of  effort has been invested 
toward obtaining the expertise, funding, and time to 
carry out the fieldwork. 

Qualitative and Multi-Method Research | 1
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When fieldwork is disrupted, either in process or 
before it even begins, it can feel like a devastating loss. It 
can seem like our whole life’s plan has been unmoored, 
and we have become aimless, without purpose. This loss 
can be heavy on its own. And, it can also remind us of  
other challenging times when we may have felt similar 
losses. Perhaps we remember another national crisis 
or international turning point, or when we have lost 
someone close to us. This remembering of  other hard 
times can magnify the sadness that we feel.

In the U.S., the impact of  COVID is amplified by 
systemic injustices, including racial, ethnic, and gender 
disparities. Not only are Black, Indigenous, and Latinx 
communities disproportionately affected by the pandemic 
(see, e.g., Lakhani 2020), they are further impacted by the 
devastation and repeated losses incurred through police 
violence (Males 2014). Asians, Asian-Americans, and 
Pacific Islanders have experienced aggravated stereotypes 
and scapegoating. In light of  these inequalities, the loss 
of  our planned fieldwork may not be at the forefront of  
our minds, particularly for scholars directly impacted by 
these disparities. Since COVID has magnified intersecting 
injustices around the world, scholars based outside the 
U.S. may also have similar experiences and emotions (see, 
e.g., Johnston, Mohammed, and van der Linden 2020; 
Public Health England 2020).

It is important to first recognize these intense and 
sometimes conflicting feelings. Preparing to do fieldwork 
and then not being able to carry it out is not akin to 
missing a conference panel or other professional meeting. 
It is much bigger. Whether fieldwork involves learning 
new languages, research methods, and literatures, or 
sifting through old newspapers and microfilm in archives, 
scholars were ready to move away from the comforts of  
home and immerse themselves in a new context. They 
had said their goodbyes and had begun to create new 
networks of  colleagues and contacts in a new field site 
community. Getting ready to do fieldwork consumes 
extensive energy and time for both the intellectual and 
logistical preparations. 

Similarly, leaving the field suddenly, or putting a 
trip on indefinite hold, also takes a lot of  intellectual, 
logistical, and emotional time and energy. We have 
very little time to say goodbye to new colleagues and 
friends in the field. We have to cancel flights, hotels, 
transportation, apartment leases, etc., and try to fight for 
refunds where they are due. We may need to arrange new 
accommodation wherever we land or let our roommate 
or family members know to expect us back! If  students, 
we might need to communicate quickly with our graduate 

program to see if  funding can be reinstated. Or, as 
faculty, we may need to try and work ourselves back into 
the teaching rotation on our campus because we have 
postponed our sabbatical leave for later. So many things 
to do at once right when we have no energy and feel 
little motivation. So many emails and correspondence to 
follow up on right when it is so difficult to focus on a 
single thought. 

It’s important to stop. Take a breath. Get some 
rest. Eat well. Exercise and get some fresh air. And feel  
the grief.  

This really sucks. 
There is no other way to say it. 
But, then… we need to pick ourselves up, adapt, and 

keep moving. So how can we do that?

Some Options for Innovative Data 
Collection while Maintaining  

Social Distance
After initially being stunned by the disruption and 

not being able to move, we may then experience a wave 
of  panic. Does the pandemic preclude qualitative or 
interpretive analysis when it is difficult to get close and 
talk to people? 

While extremely difficult, we contend that it is not 
impossible. When we cannot travel or immerse ourselves 
in the field, we need to innovate to try and access the 
field remotely. We need to be creative about how to 
access evidence about how people are thinking and what 
politics means to them. We discuss below several options 
for innovation including alternate digital sources of  
evidence; revisiting previously known sources; remote 
interviewing via technology; and contracting out to field-
based team members.

Identifying Alternate Digital Sources Already 
Available Online: First, we highlight a range of  digital 
data sources that emerge from the field but are available 
remotely. Several possible sources of  evidence that are 
available online include but are not limited to: 
• Government websites that include policy documents, 

government regulations, press briefings, speeches, or 
other mission statements online; 

• National, regional, state, or supranational legislatures 
that post their minutes of  debate, proposed bills, and 
passed legislation online; 

• Judicial records, court cases, and judicial opinions that 
are digitized and available on government websites or 
in archives; 

• Colonial, national, and organizational archival 
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documents that have been digitized and are available 
online with some of  these archives expanding open 
access temporarily due to the COVID-19 disruption; 

• Social media platforms such as Twitter, Facebook, or 
WhatsApp, which may have pages or organizations or 
comments on the topic by the participants of  interest, 
including public accounts by key political leaders;

• Traditional media outlets that may include letters 
to the editor, opinion pieces, features, or interviews 
with the participants of  interest and may be available 
online or be digitized in library collections; 

• Maps and geo-spatial data that may be available on 
government or library websites;  

• Political party campaign ads, posters, or pamphlets 
that may be digitized and available through party or 
library websites; 

• Local NGOs and think tanks that may have press 
briefings with policy documents and statements or 
analysis by scholars and citizens; 

• Local artists including painters, sculptors, performance 
artists, cartoonists, videographers, photographers, 
etc., that may have Instagram and Facebook pages 
where they share images and commentary on their 
work;

• Local musicians that may post music videos or 
lyrics on political events or topics on Instagram and 
Facebook pages with commentary and responses by 
followers;

• Published autobiographies of  political elites or 
travelers during earlier historical periods that may be 
available in libraries;  

• Published secondary literature that often includes 
extended quotation of  primary sources and can be 
cited and analyzed from a new theoretical perspective.

And there are many other examples of  data sources 
that may be available publicly online. Some of  these 
sources are highlighted in the “crowdsourced” thinking 
on disrupted fieldwork cited below (e.g. Lupton 2020).2 
There are other sources that may be available privately, 
collected previously by scholars who, if  contacted, might 
be willing to share. 

Revisiting Previously Known Sources: In addition to 
searching for alternate sources of  digital evidence, it can 
2  See also DeHart (2020), who draws on ethnography to rethink ideas of  location and generate alternative sources or “traces of  local 
sentiment.”
3  Thanks to Diana Kim for sharing this point. 
4  According to Lee Ann Fujii (2017, 15): “A working relationship simply means that interviewer and interviewee arrive, explicitly or implic-
itly, at mutually agreeable terms for interacting, conversing, listening, and talking with one another.”   

be fruitful to revisit or reanalyze old materials. These may 
be data we have collected ourselves or archived by other 
researchers. The key point of  this secondary analysis is 
that revisiting this material may bring a fresh perspective 
that allows for new insights and conclusions.3 Moreover, 
new evidence and concepts that did not exist at the start 
of  a project will have emerged and may shed new light 
on old data. In this way, a fresh analysis can make a novel 
contribution. 

Remote Data Collection Using Voice or Video 
Technology: Beyond thinking creatively about sources 
of  evidence that may be available online, technology 
such as Skype, WhatsApp, FaceTime, or Zoom, offer 
the possibility of  doing remote data collection including 
in-depth, survey, or focus group interviews, or even 
ethnographic-style observation depending on the field 
site context. For example, in South Africa, government 
legislative hearings are now being shown online and 
permit remote observation. 

On the one hand, interviews of  any type may be 
more convenient to schedule and organize if  they are 
done remotely and participants can choose their loca-
tion. Remote observation of  public events obscures the 
presence of  the observing scholar to the participants, 
perhaps reducing their awareness or possible discom-
fort at being observed. 

On the other hand, while it is possible to es-
tablish some rapport in a video or telephone meeting, 
this is much more difficult if  the researcher and par-
ticipant do not already have a “working relationship.”4 
If  researchers are working in a brand new field site, it 
will be essential to reach out, introduce themselves, and 
begin to build a network of  interlocutors. In the past, 
this was often done via email or phone in advance of  a 
field visit. What is challenging is that the researcher may 
not ever be able to visit in person and may be limited to 
a virtual encounter. Further, remote observation does 
not permit immersion in the context, which is usually 
understood to be a part of  the ethnographic method 
(see , e.g., Schatz 2009).

Researchers will also need to consider par-
ticipants’ privacy (or the lack thereof) during virtual 
interviews. It might make sense to seek consent from 
others who share the living or meeting space and may 
be present during remote interviews. 

Contracting Out: Some researchers may also 
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consider contracting out qualitative in-depth or focus 
group interviewing, survey interviewing, or even archival 
research to a local research firm or RA in the field site if  
they are unable to travel. In some situations, contractors 
will be able to conduct in-person interviews, and, in 
others, they will offer to facilitate phone interviews or 
short text-based surveys using their own call centers. In 
some instances, if  a scholar has contacts in the field site 
already, they may be able to make a connection with a 
local graduate student who can conduct some archival or 
policy research on their behalf.

Of  course, contracting out requires significant 
financial resources and professional contacts with reliable 
firms or assistants that scholars can collaborate with and 
trust to act in their stead. Researchers should actively 
work to decolonize knowledge production within these 
partnerships through collaborative methodologies and 
approaches (see, e.g., Firchow and Gellman, forthcoming; 
Asiamah, Awal, and MacLean forthcoming; Fransman 
and Newman 2019; Smith 2012).

The bottom line from the above discussion is that, 
even in a pandemic, and sometimes precisely because of  
the pandemic, researchers still have a variety of  options 
for data collection from or in the field. Each of  us 
may therefore choose a different combination of  data 
sources given the changed reality, or may elect to put 
more weight on a data source that was previously more 
of  a bonus item. 

Project Redesign and the Value of 
Multiple Contingency Plans 

After surveying the range of  options, the hard 
part comes next: going back to the drawing table and 
engaging in a redesign of  the project. To be honest, most 
field-based projects require some updating and redesign 
in the field under “normal” conditions, but the pandemic 
certainly necessitates major rethinking (see Kapiszewski, 
MacLean, and Read, n.d.; Boswell, Corbett, and Rhodes 
2019). 

The pandemic not only raises new logistical 
challenges with theoretical and intellectual implications. 
It also poses many new ethical dilemmas (discussed 
in more detail in the next section) that must be at the 
forefront of  any redesign.5 The crisis of  the pandemic 
does not grant researchers an “exception” to skimp on 
ethical requirements to complete our research; quite the 
reverse.6 All of  the evaluations involved with a major 
redesign should require further consultation with a 
5  See Bond, Lake, and Parkinson (2020) for lessons drawn from conflict studies on situations of  changing risk and vulnerability. 
6  See London and Kimmelman (2020) for an argument against “pandemic exceptionalism” in biomedical research trials. 
7  See Kapiszewski, MacLean, and Read (n.d.) for approaches to dynamically updating research designs.

diverse range of  local experts and interlocutors from 
field sites in addition to one’s collaborators and mentors 
at the home institution.

Before deciding on changes to the research design, 
researchers should reexamine their research questions 
and the key concepts under study. The questions may 
be formulated in a way that was so heavily dependent on 
original field-based data that is now simply impossible 
to obtain, even with all of  the creativity and innovation 
imaginable. Rarely does a project need to be scratched 
completely. Often the research question can be tweaked 
or revised so that it is both theoretically interesting 
and practically feasible to answer given the COVID 
constraints. 

Once the question is clarified and confirmed, 
scholars should think carefully about the key concepts 
or hypothesized causal process and how they may be 
influenced by the pandemic. Are these concepts or 
processes likely to be independently and significantly 
shaped by the dramatic changes in politics, the economy, 
and society related to COVID? Even in normal times, 
many political scientists are cautious about planning 
large research projects around high-stakes elections. Or 
when some significant and unexpected political event 
surprises them in the field, they attempt to untangle the 
new complexity on the ground. No one can predict how 
long COVID will last, but at the time of  this writing, 
it is not going away any time soon. Researchers must 
be mindful that the pandemic’s effects are experienced 
unequally across space and by different racial, ethnic, 
socioeconomic, and age groups. This COVID 
impact analysis might suggest a new approach to 
conceptualization and measurement, revised hypotheses, 
or a new case selection strategy.     

Of  course, any research project should be developed 
with contingencies in mind for various research design 
elements that are impossible to fully know and plan in 
advance.7 Scholars should highlight where they lack key 
information and think about what they might need to 
know and when to make decisions. 

During a pandemic, we may need to think through a 
Plan A, B, and C, with more than one contingency plan 
depending on how the situation for travel and public 
health evolves. Plan A may be based on the best case 
scenario with full availability of  travel and interaction; 
Plan B may be a mid-range scenario where accessibility to 
the field site is hindered or timing is delayed or reduced; 
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and Plan C is the worst case scenario where the field is 
completely inaccessible.  

These changes to the research design should be 
done in consultation with collaborators, mentors, or the 
graduate student’s dissertation committee. Even if  the 
graduate student has successfully defended the proposal, 
the scale of  revision required may merit a Zoom 
meeting with some or all of  the committee members. 
The full committee ultimately needs to sign off  on the 
dissertation, so it is important to gain their support and 
input for the redesign. 

All relevant Institutional Review Boards (IRBs) at the 
home institution and elsewhere must also be consulted 
and provide approvals for changes to the study scope 
and protocols, although IRB procedures cannot be the 
sole arbiter of  the wide-ranging ethical dilemmas arising 
from research interactions in pandemic contexts (Cronin-
Furman and Lake 2018; Michelson 2016; Kapiszewski, 
MacLean, and Read 2015; Wood et al. 2020). Already an 
insufficient indicator of  whether research is ethical, the 
requirements and expectation for restarting research with 
human subjects vary tremendously across universities 
and national contexts for different IRBs. For example, 
on the same day, with the same information, the IRB 
at Indiana University did not require an amendment to 
proceed with survey research for an exempt project in 
Kenya, whereas a Canadian university prohibited any 
interaction with any human subjects. Researchers should 
also consult in an ongoing manner with local researchers 
and other scholars who have worked previously in the 
field sites to get feedback and adjudicate whether and 
how best to proceed. 

If  external or internal funding has already been 
obtained or is being sought, researchers should contact 
program officers or grant administrators early to 
understand how the pandemic may change the availability 
and requirements of  the grant. Timing of  future grant 
cycles may be changed, and extensions to current grants 
are often possible when requested. 

Finally, changes to the research design will inevitably 
necessitate changes to the proposed writing. Scholars 
should reconsider the timeline and content for their 
future articles and book publications. Graduate students 
should revise an annotated table of  contents, which 
summarizes the argument for each chapter and the 
evidence used to build the argument. Researchers can 
also create a project workplan document that includes the 
revised estimated timeline and sequencing for drafting 

8  Thanks to Diana Kim for sharing this point. See also Kim (2020). 
9  Thanks to Diana Kim for sharing this point.

of  each chapter. They can then revise the full project 
timeline to estimate the time needed to complete the new 
types of  data collection, analysis, writing, and submission 
of  publications. 

Ethics of Digital Innovation
Redesigning a project for a COVID world requires us 

to rethink the ethics of  doing field research. Even though 
there may be a good bit of  data available online, and in 
some cases the available evidence may be so “abundant” 
that it is actually disorienting,8 we need to be continually 
mindful of: what is missing; what is not curated; what is 
not digitized; what voices are underrepresented or even 
absent entirely; and how we are working to address these 
absences and erasures. 

Of  course, this is not a new issue, but it may be 
obscured by our current remoteness. When we interact 
with evidence physically, we are continually reminded to 
think critically about our data. We need to do the same 
when the data is digitized. Often, the digital archive’s 
final product may present itself  to the viewer as more 
polished and complete when compared to a dusty box 
of  records, loosely tied together with a tattered string, 
where you can see the missing or torn pages, and be 
viscerally reminded of  the often intentional partiality of  
the archiving process.9

Just as with digital sources, scholars need to again 
think critically about what types of  participants are even 
accessible for remote interviews, focus groups, or surveys. 
How do disparities in personal resources or in local 
infrastructure prevent some from participating in these 
kinds of  virtual interactions? Who is left out completely? 
It is likely that those who are poor, rural, older, and/
or marginalized would have less cellphone and internet 
connectivity, and therefore be less represented. We need 
to interrogate the consequences of  digital engagement 
on the range of  participants that we include in our work. 

It is also vital to reflect on how digital engagement 
will shape the quality of  the relationship we are able to 
construct with study participants. Even if  they are able 
to use a video connection, much physical presence and 
body language is obscured from the field of  view. Since 
everyone is seated and “ready” when they open the 
online platform, there is often little to no time spent on 
“small talk” and getting settled. Language barriers may 
be magnified as well when using Skype, Zoom, or the 
phone.  

Regardless of  the platform we use, we need to 
maintain and uphold our ethical commitments to our 
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study participants as we navigate data collection from 
a distance. We must consider whether our research and 
methods are appropriate even if  it is IRB-approved. 
In particular, we need to be sure that participants who 
agree to an interview or survey are able to do so safely. 
Will they have privacy from others in their household, 
or even from predatory hackers or the state? We may 
need to think about privacy and consent more broadly if  
household members are present and either participating 
or visible. Focus groups are always more challenging 
because the entire group of  participants needs to abide 
by the ethical commitment to confidentiality of  what is 
shared in the group discussion. 

When contracting out to a field-based team, numerous 
hurdles must also be overcome for this strategy to be 
feasible and ethical (Mani and Barooah 2020; Copper 
and Sautmann 2020). To begin, researchers should seek 
multiple, independent sources of  information about 
the situation on the ground and whether it is legally 
permissible and locally acceptable for hired enumerators 
or RAs to be conducting interviews or doing archival and 
policy research in the areas. The health and safety of  the 
research team members as well as the study participants 
must be paramount.

Researchers should ensure that the research firm or 
RA is aware of  and implementing public health protocols 
fully and consistently.10 As with any project, scholars 
should verify that any local approvals were obtained 
and reconfirmed given public health changes. Just like 
the IRB however, local responses to the pandemic vary 
considerably, thus necessitating careful considerations 
of  public health practices that go above and beyond 
what local laws or customs may dictate. Moreover, the 
researcher should be aware of  visa restrictions, internal 
mobility restrictions, evening curfews, and quarantine 
requirements for whatever travel is planned. In some 
areas, even if  the data suggests that COVID cases are 
on the decline and the research team/RA follows strict 
protocols of  social distance and wearing masks, residents 
in the field site communities may nonetheless perceive 
a threat and harm could result, especially if  the people 
gathering data are considered “outsiders.”

Another issue to consider is whether participants 
(or RAs) would experience undue inducement to 
participate in a study that might pose some risk and 
10  Thanks to Chris Gore, Jennifer Brass, Elizabeth Baldwin, and Alesha Porisky for many of  the below points as we discussed the halt and 
continued pause of  our collaborative project. 
11  Cronin-Furman and Lake (2018) discuss perverse incentives in conflict zones that also apply in the pandemic context. They usefully 
provide questions for scholars, reviewers, and readers to consider. See also Philipps (2011) and MacLean and Porisky (n.d.)
12  See a discussion by Pacheco-Vega (2020) on the ethical dilemmas he faced in an ethnographic project with vulnerable communities in 
Latin America. Wood et al. (2020) provide principles for evaluating whether and how to restart ethnographic field research. 

thus compromise the process of  informed consent. 
In the pandemic environment of  high uncertainty and 
economic contraction, any type of  compensation or even 
the perception of  future benefit from a connection to an 
outside researcher or local political elites could result in 
a changed calculation of  risk and greater willingness to 
consent.11 As always, the process of  informed consent 
should take place early, be thorough, and allow for 
questions and discussion. The pandemic is not a time for 
hurriedly checking the box on voluntary and informed 
consent, and, yet, enumerators and participants’ shared 
concerns about social interactions may push them to rush 
the process. Ill-equipped as political scientists are to offer 
specific guidance, we nevertheless believe it is essential 
to gather up-to-date information about potential health 
risks in field sites and to adapt our plans as necessary 
to minimize risks to researchers, enumerators, and 
participants. 

At some point, consulates and universities may begin 
to permit greater international travel. Or, some scholars 
may be already located or able to travel to their field site. 
These researchers still need to evaluate the ethics of  
continuing their project. Several scholars have argued that 
ethnographic and in-person, semi-structured interviews 
should frequently be discontinued and will be the last 
field methods to be restarted.12 Researchers should think 
carefully about the big picture and the opportunity costs 
that involvement with their research project presents 
to participants and RAs during a traumatic time. Is this 
an ethical use of  people’s time given the added burdens 
that COVID places on many people in terms of  their 
work, caregiving, and staying healthy? If  researchers do 
proceed with virtual, contracted, or in-person interviews, 
the introductions and informed consent process might 
need to be extended while the length and time spent on 
interview questions could be trimmed. Researchers also 
should take both social/physical distance and participant 
privacy into account in negotiating interview locations.

Finally, these additional ethical considerations 
regarding whether and how we can conduct fieldwork 
need to be acknowledged explicitly and discussed clearly 
in our writing. It is important to document the difficult 
tradeoffs faced and the rationale for the choices we made 
as we navigate this new terrain. Reflexive openness about 
research ethics is not simply a response necessitated by 
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the COVID pandemic, however. This is equally motivated 
by a broader discussion taking place in the discipline 
(see, e.g., Fujii 2012). In April 2020, APSA published 
new principles and guidance on research with human 
subjects (American Political Science Association 2020). 
In response, some journals are developing new policies 
for external review processes.13 For example, the editors 
of  American Political Science Review are encouraging authors 
to be open about the ethical decisions they made in the 
process of  conducting their research, and they are asking 
reviewers to consider research ethics as a dimension 
of  their evaluation (American Political Science Review 
Editors 2020). 

Clearly methodological innovation during COVID 
will not be easy. But while these new ways of  working 
have inherent challenges that we need to articulate, 
acknowledge, and discuss, they should not mean that 
doing this type of  research is impossible. Rather, COVID 
asks us to actively reconsider the perennial ethical 
questions centered on respect, justice, and beneficence—
who is included, how they are treated, and what costs 
and benefits they experience.  

Conclusion
The COVID-19 pandemic has changed our world. 
Clearly, some aspects of  fieldwork may no longer be 

13  At an APSA Roundtable in September 2020, editors from eight major journals convened to discuss whether and how to revise their 
practices and procedures.

possible. But new possibilities may have emerged. 
We need to acknowledge the intense emotions 

associated with this massive disruption to our professional 
plans and every aspect of  our lives, but we also need to 
adapt and be flexible and keep moving toward our goals. 
We may be able to think creatively about our research 
questions and develop alternative perspectives and 
approaches to the data collection and analysis. As hard 
as everything is, we need to dig in and keep thinking and 
writing. 

Importantly, the same strategies and creative 
approaches that are offered here are also relevant for 
scholars who may not be constrained by COVID-19 but 
are limited by a lack of  fieldwork funding. Other scholars 
may have the resources, but they are restricted in terms 
of  their time. They may not have the same freedom to 
leave their professional and family obligations at home 
or in their home institutions. 

Fieldwork remains invaluable for understanding 
politics. We are unable to do it the way that we have 
done in the past, but there may be creative alternatives 
that are ethically sound, methodologically rigorous, and 
provide some new theoretical insights into the meaning 
of  politics in particular contexts. This may be a while, so 
it is worth trying.   
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Scholars conducting small-N research often deploy 
ancillary or peripheral cases that are intended to 
evaluate the more general validity of  the findings 

of  their core case studies. Yet we lack a clear set of  meth-
odological guidelines for these ancillary cases.2 Drawing 
on scholarship in the comparative politics subfield for 
examples, I identify two broad approaches to ancillary 
cases—the case illustration and the shadow case study. The 
case illustration, which consists of  showing that out-
comes in additional cases match what we expect given 
theory generated from the core case and the values of  
independent variables in those additional cases, is wide-
ly used to evaluate the generality of  findings. Part One 
of  the paper argues that this common practice is not as 
analytically valuable as it could be. I show that the case 
illustration approach faces challenges to both external 
and internal validity and propose a larger-N alternative 
to assessing claims of  generality instead. 

In contrast to the case illustration’s exploration of  
correlation, the shadow case study investigates a case 
more deeply, drawing on techniques of  case study re-
search. This entails the deeper investigation of  cases 
that characterizes a well-conducted case study. It goes 
beyond the scoring of  cases on an outcome of  interest, a 
proposed explanation, and other key variables.3 Part Two 
provides a concrete and precise definition of  the shad-
ow case study that centers on its generation of  inference 
from within-case analysis and its role as an ancillary case 
principally intended to shed light on external validity of  

findings generated in the core cases. It also discusses the 
constraints under which it is investigated. The empha-
sis on within-case analysis differentiates it from the case 
illustration, and the constraints under which it is con-
ducted distinguish it from the core case study that sits at 
the heart of  small-N research, rendering it a diminished 
subtype (Collier and Levitsky 1997) of  the case study.4 
In Part Three, I show that in addition to assessing scope 
conditions and providing confirmatory illustrations, 
shadow case studies can be used to explore observable 
implications, learn from outliers, or assess alternative 
explanations. I identify conditions under which each of  
these tasks might be especially useful for the researcher 
and briefly suggest how cases for these tasks might be 
selected.

The “Case Illustration,” its Limitations, 
and the Advantages of a  

Large-N Alternative
Case study and small-N researchers often comple-

ment their core cases with what Goertz describes as “su-
perficial case studies used to determine generalization” 
(Goertz 2017, 239). These commonly entail scoring of  
cases on the independent and dependent variables to 
show that the patterns of  these scores observed in a se-
ries of  cases align with the expectations of  theory de-
veloped and tested in the core case. For example, Ziblatt 
complements his study of  conservative parties and de-
mocratization in nineteenth-century Europe with glanc-
es at sixteen Latin American countries, some Southeast 
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Asian cases, and those embroiled in the Arab Spring, and 
concludes that (emphasis added) “the point appears again 
and again … ultimately we cannot understand the course 
of  a country’s democratization trajectory without fac-
toring in the role of  a democracy’s adversaries” (Ziblatt 
2017, 361). I call these exercises that dominate existing 
practice case illustrations to highlight the fact that they do 
not entail any detailed within-case analysis of  the ancil-
lary cases. 

Scholars select these illustrative cases in a range of  
ways. Many explore other cases in the region or time pe-
riod covered by the core cases, building on the implicit 
assertion that region or time period operates as a scope 
condition on their theoretical claims (Levitsky 2003; 
Ziblatt 2006). Other scholars (Handlin 2017; Mylonas 
2012; Ziblatt 2017) explicitly mention the importance of  
using out-of-region cases because they seek to evaluate 
their claims at a more general level. 

In a related but distinct analytical exercise, case il-
lustrations can also be used to explore explicitly defined 
scope conditions, whether via confirming that the pre-
dictions of  the theory hold in cases that fall within that 
scope (Truex 2016, 178) or showing that predictions 
are disconfirmed outside of  them (O’Neill 2005, 236). 
Though they differ in the extent to which generality is 
asserted and in how explicitly scope is discussed, these 
exercises are fundamentally common in their use of  evi-
dence about predictions and outcomes in ancillary cases 
to assess the external validity of  claims derived and eval-
uated in the core cases. 

Yet the case illustration is characterized by two fun-
damental limitations. First, the logic of  case selection is 
rarely made fully explicit. For example, Daly (2016) ar-
gues that her account should generalize to civil wars that 
are non-ethnic and multi-party but does not justify how 
her ancillary investigations of  Nicaragua, Guatemala, 
Peru, Uganda, and Indonesia were chosen from among 
the many cases that fit that characterization. The result is 
that inferences about external validity are, by definition, 
limited.

Some scholars do provide explicit logics of  case se-
lection. Most common perhaps is to select cases in terms 
of  the overall population to which the claim is intended 
to apply, selecting especially salient cases as settings to 
assess generalizing claim. Pearlman (2011), for example, 
uses dramatic liberation struggles in South Africa and 
Northern Ireland as ancillary cases in her study of  the 
Palestinian National Movement, and Singh (2015, 244) 
glances at “the two most prominent cases of  subnation-
alism in the world” to examine whether dynamics parallel 

to those she finds in India can be observed. 

Scholars can also select ancillary cases to explore the 
outcome of  interest at the full range of  values of  the 
independent variable, as seen in Barnes (2016). Here, to 
the extent that outcomes are scored as expected in cases 
that take a wide range of  values of  her independent vari-
able, the case illustrations can increase our confidence in 
the generality of  her explanation for women’s legislative 
collaboration. Yet other scholars provide justifications 
of  case selection that provide weaker grounds for gen-
eralization. For example, Wilkinson justifies selecting the 
ancillary cases of  nineteenth-century Ireland, post-in-
dependence Malaysia, and post-Communist Romania 
to complement his account of  the political incentives 
underpinning religious violence in India on the grounds 
that they represent “one case from each of  the three 
great waves of  democratization” (Wilkinson 2004, 204). 
It is unclear, however, what inference we can draw from 
the fact that cases vary on this dimension, which is not 
explicitly connected to the theory developed in the core 
case of  India. 

Yet even when this sort of  explicit discussion of  case 
selection increases the external validity of  these exercis-
es, a more fundamental limitation remains. These case 
studies tend to do little more than score cases on the 
independent and dependent variable and show that the 
outcomes take on the values predicted by the theory giv-
en the value taken by the independent variable. These ex-
ercises, then, principally rely on evidence of  correlation 
between an independent and dependent variable in each 
of  a series of  cases. But if  we take seriously the ontolog-
ical and epistemological underpinnings of  a process-ori-
ented approach to causation, we ought to discount this 
pattern-matching evidence very heavily for falling short 
of  the standards for causal claims developed by qualita-
tive methodologists (Lange 2013, 17). 

Scholars are aware of  this limitation. For example, 
Boas (2016, 186) notes that his examination of  ancillary 
cases “is generally insufficient to uncover the mecha-
nisms” by which causation occurred. The novelty in 
what I propose, then, is not in the recognition of  the 
problem, but in the provision of  suggested new ways in 
which ancillary cases can be used. Rather than resigning 
ourselves to view the use of  ancillary cases as providing 
little inferential leverage, I suggest some ways forward 
ways in which insights from additional cases might in-
form the findings of  the core case study analyses. I first 
propose the replacement of  the case illustration with a 
more systematic cross-case assessment of  generality—a 
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move to a mixed-methods approach that complements 
case studies with a population-wide generalizing analysis. 
In the remainder of  the paper I identify a set of  other 
uses to which ancillary cases might be put that draw on 
the tools of  case study analysis to increase internal validi-
ty and thus provide stronger support for inferences about  
external validity.

Rather than using case illustrations, I suggest that 
scholars might instead assess generality or evaluate scope 
conditions through a larger-N exercise. This would entail 
coding all cases to which the theory is expected to apply 
on the independent and dependent variables and seeing 
whether the expected relationship holds or is stronger 
than alternative accounts.5 This approach provides a 
satisfactory assessment of  external validity by explicit-
ly defining a universe of  cases and evaluating the per-
formance of  the theory in all of  them. And though it 
doesn’t address concerns about internal validity in any 
of  the cases included—it relies even more baldly on cor-
relation as evidence for claims about the performance 
of  a theory—it makes this limitation transparent to the 
reader and forces the author to “bite the bullet” of  rest-
ing the argument precisely on this type of  inference and 
evidence in an explicit manner rather than relying on im-
precise statements of  the inference that can be drawn 
from case illustrations.

Some scholars, of  course, already rely on a 
mixed-methods approach of  this type. See, for example, 
Grzymala-Busse (2015), who explicitly states that “the 
argument relies chiefly on the paired comparisons” of  
cases (p. 14), while using large-N analysis (in the Appen-
dix) to assess generality. Other scholars (Mylonas 2012, 
170; Handlin 2017, 251) reject the large-N approach 
to generalization for providing no evidence of  causal 
mechanisms and rely instead on case illustrations. Yet I 
have shown above that the case illustrations they choose 
instead also tend to fail to establish causal links precisely 
because they struggle with identical issues of  internal va-
lidity. The difference between these approaches, then, is 
not in the standards of  evidence for causation that they 
use. Instead, it is in the extent of  quantification and in 
the breadth of  cases covered. Thus, these critiques seem 
overstated. 

Turning to a large-N approach to generalization de-
pends on the feasibility of  coding a large number of  cas-

5  One could in principle conduct an analogous exercise using QCA, but the goal would be identifying the set of  causal configurations that 
produce an outcome of  interest rather than, as in the approach to case illustrations in much existing scholarship, investigating the validity 
and generality of  a single explanation. Thus, the large-N QCA exercise would produce a different kind of  more general claim than the type 
scholars currently tend to assert via their use of  case illustrations.

es on both the independent and dependent variables to 
examine the correlation between them. This may be the 
case either because they are prohibitively hard to identify 
or code, or because the population of  cases to which a 
theory is proposed to generalize is fairly small. Where 
identifying and coding a sufficient number of  additional 
cases is possible, scholars might benefit from turning to 
a population-wide exercise in assessing generality, rather 
than doing so in a more limited number of  case illustra-
tions.

The Shadow Case Study—A Definition
If  assessing generality is not the best use for ancil-

lary cases, how might scholars instead deploy them? De-
parting from the presumption that scholars engaged in 
small-N research might prefer to explore the generali-
ty of  their claims in ways that highlight the inferential 
power of  within-case analysis, the next step is to define 
the shadow case study. Despite the massive flowering of  
guidelines for case study research, we lack a definition in 
existing methodological scholarship for a shadow case. 
The closest approximation comes from Gerring, who 
suggests that the peripheral or ancillary case is part of  
the cross-case component of  an analysis in which “the 
emphasis of  a study shifts from the individual case to a 
sample of  cases” (Gerring 2007, 20). These are “most 
often … surveyed through a quick reading of  the sec-
ondary literature or through a statistical analysis” (ibid, 
22). 

I suggest that the shadow case study should be seen 
in terms of  three key characteristics. First, it is a type of  
case study, rather than an illustration based on a partic-
ular case—this means that it relies on “intensive” (Ger-
ring 2007, 20) analysis of  a case. Second, it is ancillary 
to a central case study (oriented to external rather than 
internal validity), and third, it is constrained in its inves-
tigation and presentation by its subsidiary place in an 
overall project. I therefore define the shadow case study as a 
component of  small-N research that entails the examination of  an 
ancillary or peripheral case, drawing inference from the within-case 
analysis of  that case to shed light on the generality of  claims most 
centrally evaluated in the core case. 

Case studies and case illustrations: The threshold for 
what qualifies as a case study rather than a case illustra-
tion is not a clear-cut one—it is easier to articulate the 
standards for a maximally good case study than to iden-
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tify the minimal threshold for qualifying as one.6 I have 
suggested that the presentation of  a case becomes more 
of  a “study” and less of  an “illustration” as it draws more 
on tools of  within-case analysis to generate causal infer-
ence and less on correlations between key variables. This 
line of  argument echoes the critique of  King, Keohane, 
and Verba (KKV) articulated in the distinction between 
causal-process observations and dataset observations in 
Collier and Brady (2004). Yet as I discuss further below, 
one need not restrict case studies to investigations of  
causal process; inference can be generated from other 
kinds of  evidence collected via intensive study of  cases, 
and indeed this is consistent with the original definition 
of  causal-process observations articulated by Collier and 
Brady. The distinction between case studies and case il-
lustrations, then, derives from the intensity with which a 
case is investigated and the extent to which the research-
er draws on evidence (whether of  causal process or of  
some other aspect) that goes beyond the scoring of  the 
case on key variables. 

Ancillary and core cases: The shadow case study is 
distinct from the core case study or central analytical exer-
cise in small-N research. This is the case study that lies at 
the heart of  scholarship in which the shadow case study 
may play a complementary role. Oriented principally to 
internal validity, the core case study draws on tools of  
within-case causal analysis to leverage the strengths of  
case selection logics and generate causal inference. The 
shadow case study is an ancillary case, oriented to external 
validity. The goal of  examining the shadow case is princi-
pally to show that the theory developed elsewhere holds 
more generally. But unlike the case illustration (and like 
the core case), the shadow case study seeks to generate 
some analytical leverage from within-case analysis. 

Bringing these first two characteristics together, we 
can envision a two-by-two table, with the horizontal di-
mension scoring emphasis on internal versus external 
validity, and the vertical dimension scoring the extent of  
within-case analysis. The core case study would be in the 
upper-right quadrant (internal validity and within-case 
analysis); the case illustration in the lower-left (external 
validity and no within-case analysis). The lower-right 
cell, which refers to exercises oriented to internal validity 
without within-case analysis, has been shown to be log-
ically impossible by the recent generation of  qualitative 
6  A similar problem exists in empirical coding of  ancillary cases as well; at what point does a scholar’s investigation of  an ancillary case ad-
vance from an “illustration” to a “study’”? There’s a clear-cut difference between the paragraph-length illustrations and the chapter-length 
studies seen for example in Cammett (2014), but where should the boundary be defined for less clear-cut instances? Parallel with the dis-
cussion that follows in this paragraph, I suggest that the intensity with which within-case evidence is used should be the deciding factor.
7  Even if  word limits are not a concern, the researcher must still limit the space devoted to ancillary cases in the interest of  streamlining 
presentation and making the overall project more digestible or readable. See Fairfield and Charman 2017 for a similar point.

methods scholarship. The remaining, top-left cell, which 
uses within-case analysis to generate external validity, re-
fers to the shadow case study. The challenge is how to 
do so under a set of  constraints that place a ceiling on 
the extent of  within-case analysis possible in an ancillary 
case and preclude it from becoming a core case study. 

Constraints: Three central forms of  constraints can 
be identified; I term these logistical, presentational, and re-
search cycle constraints. Logistical constraints are principal-
ly a function of  researcher time and resources. Because 
the examinations of  ancillary cases are relatively abbre-
viated and are not the core focus of  scholarly endeavor, 
the amount of  effort that can reasonably be allocated to 
their analysis is fairly limited. Limits on researcher time, 
effort, and resources may limit the data available to a re-
searcher conducting an ancillary case study. This can im-
pact case selection, as scholars prioritize data availability 
over other considerations (Posner 2005, 260). It can also 
limit scholars to only exploring parts of  their arguments 
in ancillary cases (Daly 2016, 220). Overall, the impact 
is to place an upper bound on the strength of  the infer-
ences that can be drawn from these cases.

A second type of  constraint is presentational. Refer-
ences to space as a limitation in the discussion of  ancil-
lary cases are common. Scholars refer to them as “illus-
trations” (Mylonas 2012, 171), “glimpses” (Daly 2016, 
230), or “brief  examinations” (Pearlman 2011, 215) that 
“cannot… be thought of  as a full-fledged engagement” 
(Kurtz 2013, 237 n. 15). The fact that the presentation 
of  ancillary cases can be no more than “brief ” or “sche-
matic” places limits on their inferential leverage. In other 
words, even if  scholars conduct a full-fledged within-case 
analysis of  these ancillary cases, they cannot present that 
analysis. Thus, like logistical constraints, presentational 
constraints place an upper bound on the extent of  with-
in-case inference that these ancillary cases can provide.7 

By research cycle constraints, I refer to the fact that 
these ancillary cases are investigated after the analysis of  
the core cases, limiting in practice the set of  ways they 
can be of  use for researchers. Their place in the research 
cycle constrains the analytical tasks of  ancillary cases to 
confirmatory exercises: They cannot serve as sites for 
other analytical tasks like theory building. Were a schol-
ar to find something in examining a case intended for a 
shadow case study that led to a fundamental rethinking 
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of  the core case, that case would likely take on a differ-
ent role in the overall study rather than remaining in an 
ancillary role.8 

Together, these constraints make the use of  full 
within-case analysis in shadow case studies a logical im-
possibility and make the shadow case study a diminished 
subtype of  case study rather than a full member of  that 
conceptual category. Yet shadow case studies vary in 
their intensity. At one end of  a continuum, we have stud-
ies like Cammett (2014), which supplements an analysis 
of  the logic of  social provision by sectarian political ac-
tors in Lebanon with a chapter-length investigation of  
the behavior of  similar actors in Iraq. To the extent that 
a shadow case study like this generates some internal va-
lidity, it comes close to a core case study. But the modal 
shadow case study, bound by the constraints discussed 
above, would fall closer to the boundary separating this 
category from the case illustration. The purpose of  this 
paper is to explore how a scholar operating within the 
constraints that limit the number of  core cases one can 
conduct might leverage shadow case studies, and the 
within-case inference that they allow, to best increase the 
validity of  the inferential claims developed and advanced 
in the core cases. 

Uses for the Shadow Case Study
As discussed above, existing practice has often de-

ployed ancillary cases to investigate scope by exploring 
cases within or outside scope conditions. Where the 

8  I thank Sean Yom for suggesting the research cycle constraint and Erica Simmons for helpful comments relating to this issue, though I 
expect she will continue to disagree with my views on it.

claims advanced are broad, I suggested that a larger-N 
alternative might be preferable to the investigation of  a 
relatively small number of  cases as a means for assessing 
generality. But there may be a valuable use of  ancillary 
cases where the breadth of  analytical claims is fairly nar-
row, and a large-N alternative is therefore not feasible. 

Yet scholars might also consider using ancillary cas-
es for a set of  other possible analytical tasks, described 
below. This section shows that shadow case studies can 
be used as a site for a researcher to address alternative expla-
nations, to learn from outliers, and to explore additional observ-
able implications. These inferential tasks are standard fare 
for case-oriented scholarship, but we lack a systematic 
discussion of  how they can be carried out within the 
confines of  an ancillary case study. I show how each im-
proves the inferences about theory generated and tested 
in the core cases, while leveraging the distinct advantag-
es of  the within-case analytical toolkit within the con-
straints of  the ancillary case setting. I also provide, as 
outlined in Figure 1, some guidelines for how scholars 
might choose from among these inferential tasks as well 
as the exploration of  scope conditions (seen on the right 
side of  the figure), as they seek to generate some external 
validity for their studies. Before proceeding, I note that 
there may be other valuable uses for shadow case studies 
beyond those listed here, which were selected because of  
the obvious ways in which they provide inferential lever-
age for the broader study.

15 

Figure 1: Choosing a Use for a Shadow Case Study 
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Assessing alternative explanations: If  we think about 
the state of  the literature on a given topic in terms of  
alternative explanations, we can imagine three situa-
tions, as indicated in the bottom half  of  Figure One. In 
some areas of  research, no clear alternative explanation 
exists—this is often the case in fairly new currents of  
scholarship, or where arguments are especially contested. 
In others, there is a clear conventional wisdom or con-
sensus around the analytical power of  an existing expla-
nation. Yet sometimes this consensus is based on theory 
or broad cross-case patterns—for example, the idea that 
the level of  inequality affects regime outcomes. Finally, 
in other areas of  research, scholarly confidence in the va-
lidity of  an existing explanation is based on insight from 
a particularly illuminating case. I call this type of  case—a 
case on which general claims for a particular explanation 
of  an outcome are most centrally grounded—a founda-
tional case.9 Argentina, for example, is a foundational case for 
the link between peripheral industrialization and dem-
ocratic breakdown (O’Donnell 1973) in that the confi-
dence scholars have in this explanation is based not on 
broad cross-case patterns or on theory alone, but on the 
within-case understanding of  the Argentine case ad-
vanced by O’Donnell.10

A first possible use for shadow case studies is to re-
consider the validity of  these case-based alternative ex-
planations. As Bayesian scholars have argued in partic-
ular (Fairfield and Charman 2019), the plausibility of  a 
new argument advanced depends not only on its fit with 
cases but on its ability to out-perform or subsume alter-
native explanations. Under some conditions, a shadow 
case study of  a foundational case for an alternative expla-
nation can be an especially powerful analytical exercise.

 A common existing practice in case study research 
is to deal with alternative explanations by controlling for 
them or by dismissing them based on a brief  exploration 
of  patterns in the population. Yet the vast majority of  
small-N scholars have an epistemological commitment 
to the importance of  evidence about causal mechanisms 
as a means of  evaluating hypothesized explanations for 
outcomes, and a central tenet of  this approach is that 
evidence about causal process is the strongest and most 
valid way to evaluate proposed causal relationships. It is 
striking, then, that when dealing with alternative expla-
nations, scholars tend to draw on types of  evidence that 
9  Earlier versions of  this paper used the term “paradigmatic case”; I have moved away from that term to highlight that the case is chosen 
based on the foundation on which rests an existing explanation.
10  Note that a foundational case is not defined in terms of  an outcome, but in terms of  an explanation. It is therefore distinct from existing 
definitions of  a crucial case, and from the definition of  an influential case in Seawright and Gerring (2008).
11  Yet some methodological guidance diverges on this point: Goertz (2017, 78ff.) suggests that cases where both the alternative explana-
tion and the new one being advanced might operate are characterized by over-determination and should not be chosen for process tracing.

they hold to be weaker and use the evidence from cross-
case analysis that is often described by advocates of  pro-
cess tracing as providing nothing more than evidence of  
correlation. 

To provide convincing evidence that casts doubt on 
alternative explanations, we should instead evaluate them 
using the same within-case analysis that lies at the heart 
of  small-N research, by examining the causal process 
theorized to link proposed cause to outcome and show-
ing that it does not operate. This is not a novel sugges-
tion: Many scholars, particularly those who take a formal-
ly Bayesian approach to process tracing, argue that one 
must do so in the core cases themselves (Fairfield and 
Charman forthcoming).11 Moreover, as suggested above, 
case-based engagement with an alternative explanation 
might be especially valuable when our confidence in that 
alternative is itself  based on a case study rather than on 
other kinds of  evidence. It might be especially valuable 
to select as our core case the foundational case for an 
alternative explanation, and to show that our explanation 
out-performs the alternative on its strongest terrain.

Yet, as Gerring (2001) insists, scholars must weigh 
many criteria in making research design choices. This 
means that scholars will often choose for their core cas-
es a case other than the foundational case for an alter-
native explanation. An alternative approach is to select 
the foundational case for a shadow case study. A schol-
ar presenting a new explanation for a broadly occurring 
outcome for which a prominent alternative explanation 
exists can use this approach to show that her preferred 
theory either subsumes that explanation into a more gen-
eral account or out-performs it in matching the pattern 
of  observations in the case. 

This effort relies heavily on the tools of  within-case 
analysis. Analysis of  the foundational case requires a 
deep engagement with process-based evidence for both 
the author’s preferred explanation and the alternative for 
which a foundational case has been chosen. One exam-
ple of  the payoffs of  this approach can be seen in Kurtz 
(2013), who turns to Prussia as a shadow case study for 
his argument that rural social structure was the key de-
terminant of  state-building outcomes, as elaborated in 
his core cases drawn from Latin America. He describes 
a robust current of  scholarship that emphasizes exter-
nal security threats as the determinant of  state strength 
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in Prussia and describes it as the foundational case for 
the claim that war made the state. By showing that “ex-
ternal threat did not drive modernization” until a shift 
in agrarian social structure toward capitalist agriculture 
after 1850, Kurtz challenges the “bellic” school of  state 
formation on the very grounds where arguments of  that 
nature are given the most credence (Kurtz 2013, 247). 

As this discussion suggests and Figure 1 shows, the 
foundational case might be an especially apposite use 
for a shadow case study when a scholar is advancing a 
broadly general claim, when the state of  the literature is 
such that a new explanation for an existing outcome con-
fronts a particularly prominent and widely held alterna-
tive, when confidence in that most prominent alternative 
derives from the dynamics of  an existing case rather than 
from cross-case evidence or from theory, and when oth-
er research design criteria preclude the selection of  this 
existing case as the core case for analysis. Under those 
circumstances, using a shadow case study to confront 
the alternative in its foundational case may be the best 
way to assess the relative explanatory power of  a new-
ly proposed explanation and a prominent alternative. In 
Bayesian terms, this is selecting a case in which our pri-
ors strongly favor an alternative explanation. If  we can 
conclude after investigating that our case is favored even 
in such a case, our confidence in its overall explanatory 
power relative to that alternative is enhanced. Following 
the terminology of  Fairfield and Charman (forthcoming, 
Chapter 11), then, this kind of  shadow case study may be 
a setting for high information gain. 

Learning from outliers: Rather than using shadow 
case studies to engage an alternative explanation, schol-
ars might instead use them to explore the shortcomings 
of  one’s own proposed explanation. It may be fruitful to 
investigate cases mis-predicted by the theory, to engage 
in within-case analysis of  these outliers to find what ac-
counts for the poor fit of  the proposed explanation, and 
thus seek to increase confidence in the theory generated 
in the core case studies. 

One possibility is that cases identified as outliers are 
a product of  measurement error. Scholars can check 
their scoring of  key variables in these cases based on a 
scholarly consensus by case experts. Doing so not only 
has the effect of  showing that the theory fits those cases, 
it also increases our confidence in the explanation devel-
oped in the core cases, because a greater share of  cases is 
shown to be consistent with theory. Another possibility, 
12  If  a large number of  outliers remain as task (3) is confronted, the researcher faces the problem of  how to choose among them. Given 
the analytical payoffs from theoretical refinement that they may generate, and the feasibility of  doing so in a fairly efficient manner, scholars 
should start with the most high-leverage outliers but explore as many as constraints allow. Thus, again, my recommendation for case selec-
tion builds on the Bayesian idea of  information gain articulated in Fairfield and Charman (forthcoming, Chapter 11)

which entails more extensive within-case investigation, 
is that outlier cases result from causal heterogeneity. In-
vestigating outliers to identify why the proposed expla-
nation does not hold can therefore result in theoretical 
refinement that improves the validity of  causal claims. 

In his study of  variation in how insurgents treat ci-
vilians, Weinstein (2007, 311-326) provides examples of  
both of  these kinds of  learning from outliers. He exam-
ines four outlying cases in which the number of  conflict 
deaths during civil war is higher than his theory would 
predict given the relatively low access to resources for 
rebels. Two (Algeria 1962-64 and Lebanon 1975-91) 
are found to be a product of  measurement error. The 
other two (Colombia’s La Violencia 1949-63 and Algeria 
1992-2000) are shown to be outliers because of  causal 
heterogeneity, and their investigation prompts theoreti-
cal refinement to incorporate the role of  state weakness 
and to add a scope condition on shifts in government 
strategy.

As the preceding discussion suggests, the exploration 
of  outliers requires three research tasks: (1) scoring a siz-
able number of  cases or a sizable share of  the universe 
of  cases to which the theory is said to apply on reason-
able proxies for the independent and dependent variable 
so that outliers can be identified; (2) assessing whether 
the cases identified as outliers are an artifact of  coding 
error through an examination of  case-specific sources 
to refine scorings on these variables; and (3) drawing on 
case-specific secondary sources to identify the causal 
process producing the outcome in the cases remaining as 
outliers once task (2) has been completed.12 

These tasks are feasible within the constraints of  the 
shadow case study and potentially valuable, not because 
of  what we learn about these cases in particular, but in 
terms of  the broader research enterprise. As Figure 1 
suggests, this might be an especially valuable use of  an-
cillary cases where the theoretical claim being advanced 
in the core case is intended to have broad applicability, 
where ancillary cases do not serve to evaluate alternative 
explanations, and where the coding of  many cases on 
key variables is feasible. 

Two final points can be made about this use for the 
shadow case study. First, of  the uses I describe, this one 
falls closest to the “floor” between the shadow case study 
and the case illustration discussed above, since it requires 
less intensive within-case analysis than the other ways to 
deploy ancillary cases. Second, and more importantly, 
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since identifying these outliers requires that the research-
er code a relatively large number of  cases on the inde-
pendent and dependent variable, this use of  the shadow 
case study is complementary with the mixed-methods 
approach to assessing generality discussed above. I sug-
gest that these two can fruitfully be combined.

Exploring observable implications: A final use for a 
shadow case study entails the investigation of  a theory’s 
observable implications. The exploration of  observable 
implications outside a core case follows logically from 
either one of  two theoretical starting points about the 
nature of  evidence and inference. First, we tend to hold 
that confidence in the explanatory power of  a theory is 
improved to the extent that we can confirm with em-
pirical evidence a range of  observable implications it 
generates beyond predictions about the central outcome. 
This point is, I submit, too often rejected in some recent 
scholarship on process tracing (e.g., Beach and Pedersen 
2019) that limits causal inference to the examination of  
causal process, reifying “mechanism” and “process” at 
the expense of  ignoring other opportunities to use infor-
mation about cases to arbitrate among alternative expla-
nations. To be provocative, I suggest that there has been 
too literal an interpretation of  the term “causal process 
observation” articulated by Collier and Brady to distin-
guish within-case analysis from dataset observations, and 
that the result has been an overly narrow approach to 
causal analysis in small-N research. Like Fairfield and 
Charman (forthcoming, Chapter 3), I argue that we 
should take a broad view of  the kinds of  evidence that 
generate inference about the causal claims we seek to as-
sess, and I suggest that we can use shadow case studies to 
explore a range of  evidence that goes beyond a narrow 
definition of  causal process. 

 Second, in most traditions of  the philosophy of  
causation (see for example Falleti and Lynch 2009), those 
observable manifestations of  a causal process in a given 
case are generally taken as evidence in favor of  the more 
general operation of  that process.13 If  we hold either or 
both of  these two points to be true, we can easily imag-
ine situations where a theory generates observable impli-
cations that cannot be assessed in the core cases chosen 
by a researcher. I present two such scenarios as examples. 

First, data needed to evaluate observable implications 
may not exist in the core cases. This might occur, for ex-
ample, if  the core cases are historical but the theory has 
13  This suggests that one might use ancillary cases to explore the generality of  a causal mechanism beyond the core case. To the extent 
that this exercise relied on within-case analysis rather than a review of  the treatments of  the case by other scholars with the inferential 
problems that entails, and that the scholar articulated a case selection strategy oriented toward external validity, this could be another use 
for the shadow case study. Note that some scholarship on process tracing and causal mechanisms (e.g., Beach and Pedersen 2019) rejects 
the possibility of  generalizing across cases about causal mechanisms.

implications that can be assessed in contemporary con-
texts with survey or experimental data. Singh fruitfully 
uses a brief  discussion of  ancillary case evidence in her 
conclusion as a way of  “traveling with the core insight 
of  this book all the way down to the individual,” drawing 
largely on survey experimental evidence not available in 
her core cases (Singh 2015, 255-6).

Second, some observable implications do not op-
erate in the core cases. For example, a theory tested in 
democratic contexts might have observable implications 
in non-democratic settings. Posner takes his theory be-
yond the core case of  regime transition and the “relative 
political salience of  tribal and language group identities 
in Zambia” and explores how “the general logic it artic-
ulates extends well beyond these particular independent 
and dependent variables,” using examples of  institution-
al changes different from those seen in his core case of  
Zambia (Posner 2005, 274). 

While the analysis entailed is not a holistic case study, 
it is also analytically distinct from the pattern-matching 
exercise of  the case illustration in that it focuses on ob-
servable implications that go beyond scores on indepen-
dent and dependent variables. Because this within-case 
analysis exists principally as confirmatory evidence for 
the broader theoretical project, rather than as investiga-
tion of  the particular case in its own right, these analyt-
ical exercises are instances of  within-case analysis in the 
service of  the broader findings and are properly placed 
within the shadow case study category. Scholars should 
be more attuned to the possibility that these analytical 
opportunities exist, and that shadow case studies might 
fruitfully be used to seize upon them. This might be an 
especially valuable use for ancillary cases where opportu-
nities to weigh one’s own preferred explanation against 
evidence outside core cases provides inferential gains. 

Conclusion
Scholars whose research focuses on one or a small 

number of  cases often use ancillary cases in an effort to 
strengthen their claims. Yet we lack any systematic in-
vestigation of  the research design and methodological 
choices entailed in these or any guidelines for how to 
interpret the inferences they generate. This paper has 
sought to begin to remedy that gap and develop a frame-
work for considering how one might select and deploy 
ancillary cases to complement small-N research. 
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 Existing practice has tended towards what I call 
the case illustration, which uses ancillary cases to make 
claims of  generality or to explore the validity of  theo-
rized scope conditions. Scholars most commonly code 
ancillary cases on core variables of  interest and engage in 
a sort of  pattern-matching or correlational exercise. This 
approach may be of  value to the extent that case selection 
is conducted with an explicit logic in ways that maximize 
variation within the scope being evaluated and to the ex-
tent that the researcher is comfortable with correlational 
evidence as a way to assess theory. Yet one might argue 
that both of  these criteria may be better satisfied with 
a large-N and universal exercise in assessing generality, 
especially when the researcher seeks to advance broadly 
generalizing claims.

I therefore suggest that scholars who seek to gen-
erate inference from internal validity might instead turn 
to shadow case studies, or more intensive investigations of  
ancillary cases with specific analytical tasks in mind that 
generate increased inferential leverage. These can serve a 
variety of  inferential purposes, including the exploration 
of  outliers, the search for observable implications, and 
the confrontation of  alternative explanations in the foun-
dational case for them. There are, of  course, other uses 
for the shadow case study. The purpose of  this paper, 
then, is not to provide an exhaustive menu of  options. 
Instead, it is intended to de-center the common practice 
of  the case illustration and to call for more thoughtful 
research design choices about ancillary cases, which can 
serve to generate inference to a much greater extent than 
has heretofore been realized.
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Introduction
A central problem in all qualitative and multimethod 

research is the risk of  selection bias and resulting “cher-
ry-picking” in process tracing. What confidence do we 
have that the researcher is not producing just-so stories, 
accounts that are biased in favor of  the author’s causal 
story over valid theoretical competitors? Related to this 
is omitted variable bias, which often goes along with 
cherry picking. Analysis of  observational data deals with 
this problem through the inclusion of  controls. Exper-
iments deal with selection and omitted variable biases 
via randomization. Process tracing research lacks similar 
mechanisms for guarding against biased selection of  data 
and variables. 

In this paper we introduce an approach to causal 
mechanism observation and process tracing methodol-
ogy that addresses these issues. What we call the Veil of  
ignorance Process Tracing (VPT) methodology can be 
used to guide the collection and initial analysis of  prima-
ry qualitative data for the purpose of  process tracing and 
within-case causal inference. The approach builds on a 
causal attribution methodology, known as the Qualitative 
Impact Protocol (QuIP), developed by James Copestake 
and his colleagues for use in evaluating development 
projects (2019); in this essay, we extend it to a variety of  
other settings. 

Our approach starts with the proposition that diverse 
forms of  qualitative evidence—open-ended interviews, 

primary sources such as archival material, as well as sec-
ondary sources—all contain a variety of  causal claims. 
The method seeks to tap these claims for the purpose 
of  causal inference in a systematic and transparent way, 
reducing possible sources of  bias both in identifying 
sources and extracting information from them. 

Figure 1: The VoiPT Workflow

Work	flow	of	principal	researcher Work	flow	of	research	
assistant(s)1. Select	and	clarify	an	event	or	outcome

2. Select
potentially
relevant	theories	
and	mechanisms

i. Identify	possible	data
sources	and	criteria	for
selecting	from	them

ii. Select	data	sources	using	set
criteria

iii. Data	collection	and
recording

iv. Causal	coding	(‘Lego	blocks’)
3. Integration:	aggregate,	build	and	evaluate
possible	causal	mechanisms	to	explain	the
selected	event	or	outcome

4. Report	preferred	explanation

5. Back	checks
(optional)

Generalization	
(optional)	– see	Fig.3
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Core to the veil of  ignorance methodology is the 
separation of  the interpretive role of  the principal re-
searcher(s) from the task of  extracting what might be 
called “causal claim Lego blocks.” This is a radical de-
parture from current practice in process tracing where 
the two are completely fused: The same researcher de-

Symposium:

Authors meet Critics— 
Veil of ignorance Process Tracing

Qualitative & 
Multi-Method 
Research

Qualitative and Multi-Method Research | 19



termines the sources, examines them for causal informa-
tion, and then integrates the findings for the purpose of  
causal inference. The reference to “veils of  ignorance” 
arises from a division of  labor that allows a research as-
sistant to carry out key data selection and coding tasks 
without knowledge of  the theories, hypotheses, and 
mechanisms being tested by the principal. The result 
is less risk of  bias arising from priors. This disciplining 
function is similar in some respects to procedures ad-
vanced by Bayesian approaches to process tracing (e.g., 
Fairfield and Charman 2017, 2019). 

This division of  labor is encapsulated in Figure 1, 
which sets out the proposed workflow sequence. As can 
be seen, it distinguishes clearly between research roles, 
with the role of  the principal researcher (PR) on the 
left and the role of  research assistant (RA) on the right. 
The main role of  the PA on the left (Boxes 1 to 5) is to 
choose and theoretically frame the case study and use 
findings to build understanding of  the causal processes 
revealed. In addition, the PR identifies possible sources 
of  data and criteria for selecting from them (Box i). The 
RA then takes on the role of  source selection, evidence 
collection, and coding (Boxes ii to iv). The whole process 
relates to a single case, but once complete it may contrib-
ute to wider generalization (discussed further below and 
illustrated by Figure 3). 

A second core aspect of  this methodology is a la-
ser-like focus on causal mechanisms. The methodology 
is designed to support process tracing or causal process 
observation: the identification of  the presence (or ab-
sence) of  postulated causal mechanisms in a given case 
and a consideration of  how they worked to produce the 
outcome of  interest. 

A causal mechanism can be represented in a variety 
of  ways, for example, a game-theoretic model. A postu-
lated causal mechanism is constituted in our approach by 
means of  a causal mechanism figure (e.g., Figure 2; see 
Waldner 2015 and Mahoney, forthcoming for additional 
examples). A causal mechanism comprises a set of  pro-
posed causal links that combine to produce an outcome; 
these relationships can be represented via a single causal 
diagram that outlines characteristics of  the causal rela-
tionships. Testing for a proposed causal mechanism 
means using empirical information, quantitative or qual-
itative, to assess whether the mechanism did, in fact, have 
causal effect. The clarity and rigor of  process tracing is 
advanced by precision in such causal mechanism figures, 
as well as transparency about the evidence used to sup-
port the causal claims within.

Figure 2: Causal Mechanisms in Individual Cases: The Causal Mechanism leading to 
World War I according to Levy216 J. Mahoney

FIGURE 3 Summary of Levy’s Theory of World War I

Levy’s model illustrates two basic ways in which process tracing
is used for the development of novel theory. First, the process tracing
analyst uses existing variables already identified in the literature but com-
bines them in new ways to make sense of a particular case. For exam-
ple, most of the specific events in Levy’s explanation track variables that
are well known to security analysts, such as domestic political structure,
misperception, and alliance structure. Levy’s novelty is in combining these
variables into an original explanation that could not have been formulated
deductively.

Second, process tracing can be the basis for the discovery of new vari-
ables not present in leading theories. These discoveries may be essential
when case study researchers seek to explain specific outcomes that are
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In the context of  the VPT methodology it is im-
portant that these are causal mechanisms explaining 
individual outcomes and events and not simply general 
causal mechanisms (see the conclusions for more on this 
point). Figure 2 shows a causal mechanism figure for the 
occurrence of  World War I according to Jack Levy as 
interpreted (with Levy’s approval) by Mahoney (2007). 
Note that the causal mechanism graph consists of  sever-
al distinct causal chains and intervening variables, some 
of  which have multiple determinants. Note also that the 
graph can be used to stipulate other features of  the re-
lationships, including in this case whether they are nec-
essary or sufficient for the next stage in the causal chain. 

Most of  the research conducted by the QuIP has re-
lied on interviews with subjects of  project interventions. 
We emphasize the potential for this approach to be used 
with a wider variety of  sources that social scientists use 
in qualitative work to support both generalization and 
within-case casual inference. These include: 
• Open-ended interviews—including elite interviews—

and focus groups. 

• Archival sources, including internal memoranda, dip-
lomatic cables, committee reports, meeting minutes, 
letters, etc. 

• Secondary sources, primarily academic books, and 
articles—extending to policy analysis and journalistic 
accounts as well. 

We illustrate the data gathering and evaluation aspect 
of  the methodology (Figure 1) with an example focusing 
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on Levitsky and Way’s (2010) Competitive Authoritarianism. 
We use this example to discuss the use of  a veil of  ig-
norance in determining and coding secondary sources 
for causal claims. The example can be extended to other 
primary and secondary sources. 

We conclude this essay with an evaluation of  how 
the veil of  ignorance methodology fits into the larger 
multi-method enterprise by considering how it fares 
against the standards for causal process observation out-
lined by Bennett and Checkel (2015). 

Veil of ignorance Process Tracing I:  
Selecting Data Sources 

The critical first step in the veil of  ignorance work-
flow—Box 1 in Figure 1—is defining the event or out-
come to be explained. The approach focuses on with-
in-case causal inference (of  the causes of  World War 
I, for example). This section and the next describe the 
workflow for what we call the causal claim data collec-
tion part of  the workflow, which consists of  lightly shad-
ed boxes and arrows in Figure 1. 

The VPT methodology involves coding causal claims 
in what we call the sources, whether primary or second-
ary. In QuIP, the sources are the intended beneficiaries 
of  development interventions, who are sampled for in-
terviews or to participate in focus groups to generate 
narrative data. These data are used to identify recurring 
causal claims and stories of  change, and to confront the 
prior theory underpinning the project intervention and 
experimental or other quantitative evaluations. Where 
possible, QuIP data collection entails “blindfolding” 
both field interviewers and interviewees from knowledge 
of  this prior theory and empirical work. In particular, 
interviewers are not briefed about the theory, hypoth-
esis or precise causal mechanism being tested, and are 
informed only about the outcomes of  interest. 

The QuIP experience prompted us to review how 
blindfolding or veils of  ignorance might be used to im-
prove the credibility of  process tracing. In this paper we 
identify at least two other opportunities for the veiling 
approach. First, there is the formal process of  selecting 
sources of  evidence from a wider set of  possible sources 
(Step 3 in Figure 1). Rigor here entails full transparency 
about selection criteria and procedures to avoid cher-
ry-picking those sources most favorable to a particular 
theory or causal mechanism. Second, bias can be re-
duced by delegating the task of  identifying causal claims 
embedded in selected sources (Step 5 in Figure 1) to a 
research assistant without knowledge of  the principal re-
searcher’s favored theories. 

As an ongoing example, we discuss how the veil of  
ignorance procedure might be used for selecting and 
coding secondary sources in the construction of  case 
studies. The coder is asked to review claims in extant 
sources about the causes of  the outcome in question, 
again without bias with respect to any particular claim. 
In their outstanding book Competitive Authoritarianism, 
Levitsky and Way (2010) provide numerous case studies 
testing the causal mechanisms they propose. For exam-
ple, they offer a case study of  Slovakia that runs to just 
over six pages and draws on over two dozen sources. The 
purpose is to show how linkages with Western Europe 
served to limit the abuses of  the Meciar government 
(1993–1998) —a competitive authoritarian regime—and 
ultimately led to its downfall. 

The principal researcher retains responsibility for de-
ciding what criteria should guide the assistant in select-
ing sources to be coded. This could include the prestige 
of  journals or book publishers, institutional affiliation, 
strength of  personal connections with the event, the sta-
tus of  relevant archives, and so on. These criteria, plus 
specification of  the event or outcome to be explained, 
determine what the agent will use to look for sources. 

In the Slovakia example the sources include books 
and articles from reputable field and regional journals. 
We propose a veiled design where coders are instructed 
to select sources on Slovakia, choosing secondary mate-
rials meeting assigned quality or credibility standards and 
focused broadly on the transition from Communism in 
Slovakia and the Meciar regime in particular. 

A central challenge in selecting the best sources is to 
establish their potential relevance to specified outcomes 
in a transparent way that prevents deliberately or unwit-
tingly cherry-picking sources to support a prior view. 
This does not mean randomized selection necessarily is 
the best strategy (Seawright and Gerring 2008), but in 
some settings it might make sense. In the QuIP meth-
odology, for example, sources are most often selected 
through random selection of  respondents within clusters 
that are chosen purposively to capture diversity of  sourc-
es based on clearly stated criteria. 

Thus, the first veil is between the researcher and 
the agent who is choosing the sources to be coded. The 
purpose is to reduce bias in source selection. The core 
of  Veil of  ignorance I is that the agent knows little or 
nothing about the theory, ideas, or hypotheses of  the 
researcher. Rather, the veiled source agent is provided 
with guidelines about what constitutes a credible source 
about the outcome being explained. To state the obvi-
ous, the quality of  the sources is very important, but 
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this is no different than any empirical analysis, statistical  
or experimental. 

Veil of ignorance Process Tracing II:  
Coding Causal Links

The second veiling procedure addresses a particular 
source of  bias that arises in process tracing: that the re-
searcher is the one who is extracting causal claims from 
the data. In the veil of  ignorance methodology, the prin-
cipal researcher instructs an agent, who we will call the 
“coder,” to undertake a series of  steps designed to ex-
tract causal information from the sources. By shielding 
the coder from the favored causal theory or hunch, the 
researcher can be assured of  a less-biased array of  raw 
data that can be used to construct or test causal process 
accounts. This is the Veil of  ignorance II. 

The Veil of  ignorance II rests on structuring the re-
lationship between the researcher and coder. Typically, 
research assistants are cognizant of  the aims of  a proj-
ect. For the process described here to be neutral with 
respect to potential sources of  bias, the coder cannot be 
familiar with the theory-testing objectives of  the project 
and need not even be familiar with the empirical field in 
question except to the extent absolutely necessary; in-
deed, the method benefits from the coder operating be-
hind a veil of  ignorance that assures neutrality. 

With the QuIP, the main blindfolding action takes 
place in data collection: Field researchers ideally know 
nothing about the development project being evaluated. 
Once respondents are selected, they are asked relatively 
open-ended questions about important changes in their 
lives in specified outcome domains and why they believe 
they occurred. However, they do so without reference to 
the treatment (typically a development project). It is up 
to the respondents to volunteer whether the project had 
an impact on their lives, and in an interview context that 
encourages them to give equal weight to other potential 
causal drivers. 

When it comes to coding, QuIP passes the primary 
data onto an analyst who performs two separate coding 
functions, exploratory and confirmatory. The explor-
atory task entails the purely inductive coding of  causal 
claims (Lego blocks) embedded in the primary text (e.g., 
an interview transcript). To do this they need no knowl-
edge of  the project being evaluated; indeed, ignorance 
enhances the credibility of  the coding as a test of  the 
project’s influence. This is the coding activity which par-
allels the Veil of  ignorance II method and can be equated 
with theory-building process tracing. 

In the Slovakia example the coder would be asked to 

extract the causal claims—the causal Lego blocks in our 
terminology—that the chosen sources make about the 
causal factors that contributed to the development of  
democracy in Slovakia and the exit of  the Meciar gov-
ernment in particular. The coders would be ignorant of  
Levitsky and Way’s causal model. However, the coder 
could and probably would be coding variables postulated 
by Levitsky and Way; if  the theory is robust, they will 
show up in the coding process. But they will be coded in 
ignorance of  the mechanisms under evaluation. 

The instructions to the coders are designed to veil 
the postulated causal relationships of  interest to permit a 
review of  the full array of  causal claims that may emerge 
from the underlying data. The second veil has the in-
teresting corollary that ideal coders can or even should 
come from somewhat distant substantive areas. Coders 
need to be familiar with the logic of  social science, but 
ideally not with the specifics of  the given subfield in 
which the process tracing work is being done. 

Conceptualizing and Coding  
Causal Claims

What are the causal claim Lego blocks that consti-
tute potential components of  a postulated causal mecha-
nism? We start with the simple  causes  and then proceed 
to more complex causal claims. This preliminary list is il-
lustrative; other causal relationships might well be added. 

What is it, exactly, that the coder is doing behind their 
veil of  ignorance? With QuIP studies, the relevant causal 
claims appear in respondents’ interpretations of  changes 
in different dimensions of  their wellbeing within a speci-
fied period. Respondents might mention a string of  pos-
sible causal relationships, and these constitute checks on 
the potential bias of  focusing on the intervention only. 
In archival research, the claims in question are contem-
poraneous or ex-post assessments of  key decision-mak-
ers or stakeholders about the causes of  specific events, 
including their own motivation and that of  other protag-
onists (for example, in a strategic game). 

Much of  existing process tracing centers on the iden-
tification of  causal claims, derived either from primary 
or secondary sources. For example, Fairfield and Char-
man give two examples of  what they call “evidence” 
from open-ended interviews but which are clearly causal 
claims. The veil of  ignorance methodology is about ex-
tracting this sort of  information in more systematic and 
transparent way. Here is one of  their examples:

E1 = Governing-coalition informants told 
the investigator that the center-left coali-
tion discussed including a measure to elim-
inate the tax subsidy in multiple prior tax 
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reforms, but that measure was ruled out as 
infeasible on every such occasion due to 
resistance from the right coalition (2017, 
374).

A more complete list of  causal attributions that 
could be coded include the following: 
1. Whether the relationship is positive or negative. 

2. Explicit claims that X is not a cause of  Y.

3. Whether X is necessary or sufficient. 

4. Interaction terms. 

5. Mediator and moderator relationships (e.g., Z medi-
ates the causal relationship between X and Y). 

6. Strength of  the relationship (e.g., weak, strong). 

7. Certainty about the causal claim. 

8. Positive versus negative feedback among component 
causal elements (which can also be drawn as a double 
arrow). 

It is easy to imagine further extensions depending 
on the issue in question: How narrowly defined causal 
processes are in time and space, and whether they refer 
to measurable variables, general conditions, or discrete 
events. In QuIP studies, for example, respondents are 
asked to identify drivers of  change in specified outcome 
variables within a specified time-period. 

The Levy-Mahoney figure illustrates the need for a 
systematic set of  causal attributions. Mahoney (2007) 
interprets Levy as proposing a variety of  necessary or 
sufficient conditions. These central causal claim features 
need to be included in the figure. Often a causal factor 
is seen as having a positive or negative effect on the out-
come. That effect needs specification in the causal mech-
anism figure. 

It is important to realize that this approach marks 
a fundamental departure from traditional process trac-
ing. Typically process tracing involves evaluating large-
scale and complex explanations, as the Levy figure on 
World War I attests; that is, indeed, its purported advan-
tage. The veiling methodology helps identify elements of  a causal 
mechanism and not the entire causal mechanism, which is typically 
complex and involves a variety of  component parts. That is why 
we call these elements “causal Lego blocks.” The princi-
pal researcher and others have the job of  making sense 
of  these elements, considering how they can be put to-
gether or aggregated, and then evaluating whether they 
conform with different theories and postulated causal 
mechanisms (Box 5 in Figure 1). 

Integration: Building and Evaluating 
Causal Mechanisms

The coder provides the principal researcher with a 
set of  causal statements related to the outcome or de-
pendent variable of  interest. These claims may converge 
on a single-favored explanation but will more typically 
consist of  an array of  causal claims that ultimately have 
to be sorted in some way. This final process is of  course 
the most consequential. But it is important to recognize 
that the interpretation of  findings is a necessary stage 
in quantitative designs as well, even those as simple as a 
pure experiment. 

As our main example we use Mahoney’s causal 
mechanism interpretation of  Levy’s influential analysis 
of  the causes of  World War I. Mahoney has extracted the 
core causal claims from Levy’s analysis and constructed 
a causal mechanism figure (i.e., Figure 2). Integration oc-
curs here when the causal claim data confront the postu-
lated causal mechanism. 

The end product of  the VPT methodology is a caus-
al mechanism figure that synthesizes and makes sense of  
the causal claim data. This can be inductive, starting from 
the Lego blocks or starting with a given causal mecha-
nism and confronting it with the causal Lego blocks. 

At the most basic level, the coder has provided the 
researcher with the incidence of  causal claims in the 
data, in the form of  a set of  Lego blocks. One ques-
tion is therefore whether the favored causal explanation 
or mechanism—for example, that of  Levitsky and Way 
(2010) for Slovakia—is supported by the evidence once 
a fully array of  potential causal claims are assembled and 
evaluated. Do the causal claims tend to converge on the 
favored mechanism? 

Most commonly, we would expect researchers to 
grapple with multiple causal factors and seek to weight 
them; this process of  integration goes somewhat beyond 
our focus here and clearly involves a series of  challeng-
es that all multi-method and qualitative researchers have 
faced. But the method we propose here is designed to 
increase the probability of  a “no results” outcome in 
which the favored explanation does not receive support. 
This could occur either because there is a confounding 
explanation that exerts a stronger causal effect, or simply 
because the postulated causal process essentially yields 
no results: a scattered pattern of  causal statements that 
do not converge around the favored mechanism. Note 
that if  this possibility is not allowed, then the process is 
prone to bias from the start. 

Here is a core and fundamental difference between 
our process tracing methodology and most others: The 
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veiling and coding process provides the raw material for 
the construction of  causal mechanisms and explanations 
as well as the evaluation of  existing ones. Thus, the ma-
jor work of  the researcher begins with the analysis of  the 
raw causal claim data. 

We can think of  our methodology using the com-
mon detective metaphor deployed by Collier (2011) in 
his discussion of  process tracing in the context of  a 
Sherlock Holmes story. The veil of  ignorance produces 
causal claims—clues or what we call Lego blocks—from 
source material. The detective must then integrate them 
into a causal story that is coherent with the clues. In the 
integration phase the detective might then go back to 
the source material to look for specific evidence missing 
from the raw data (clues) but which might prove critical 
in the complete causal mechanism. The advantage to this 
process is that it is transparent about which causal clues 
originate from the researcher and which from the basic 
causal claim dataset. 

How Does the Veil of ignorance Meth-
odology Fare Against the Bennett and 

Checkel Checklist?
We use Bennett and Checkel’s list (2015, 21) of  de-

sirable features for any process tracing methodology as 
a framework for discussion and evaluation of  the veil of  
ignorance methodology. We propose that the veil of  ig-
norance methodology deals quite well with many of  the 
items on this list (see also Bath Social and Development 
Research 2020, Table 3). 

1. Cast the net widely for alternative explanations. 
The core principle for the source agent is to locate 

sources with some level of  a priori credibility of  their 
causal accounts. Since the agent does not know the theo-
ry in question the net is cast widely in terms of  a variety 
of  sources. This can be handled in part through random-
ization with respect to sources, but usually requires more 
thought in purposeful selection of  primary and second-
ary sources. 

2. Be equally tough on the alternative explanations. 
Because the causal claim coder does not know the 

alternative explanations, there is no way for her to be 
tough or easy on any of  them. 

3. Consider the potential biases of  evidentiary sources. 
Given that the source agent does not know the the-

ory under investigation it is hard for her to have any sig-
nificant bias. The purpose of  the veiling is to choose a 
wide-ranging list of  credible sources so as to minimize 
and reduce bias. The methodology does not consider bi-
ases in the sources themselves, but this is at least partly 

obviated by the criteria for choosing sources at the outset 
and the fact that strong and credible theories will pre-
sumably get support across sources. 

4. Take into account whether the case is most or least likely for 
alternative explanations. 

The veil of  ignorance prevents the coder from know-
ing anything about the potential explanations under con-
sideration. The role of  the researcher during the integra-
tion phase is then to assess which possible explanation is 
most consistent with the Lego block evidence supplied 
by the causal claim data. 

5. Make a justifiable decision on when to start. 
A core question for any causal process observation 

is when in time one should start the analysis. While this 
choice obviously will depend on the specific case being 
explained, the causal claims themselves can suggest a be-
ginning point. One would probably not want to begin at 
a point before or after many causal claims in the data set. 

6. Be relentless in gathering diverse and relevant evidence but 
make a justifiable decision on when to stop. 

The veil of  ignorance approach clearly incentivizes 
such a process. 

7. Combine process tracing with case comparisons when useful 
for the research goal and feasible. 

The veil of  ignorance causal mechanism method-
ology is about within-case causal inference, but there is 
no reason why this method could not be extended to 
those favoring small-N qualitative comparative analysis 
or even large-N qualitative analysis (LNQA; Goertz and 
Haggard 2021). 

8. Be open to inductive insights. 
Obviously, the causal claims themselves constitute 

precisely inductive insights. They may be features of  the 
causal mechanism that were not obvious to the research-
er beforehand. As a result, the sources can be systemat-
ically mined for insights because they do not depend on 
the pre-existing positions of  the researcher. 

9. Use deduction to ask, “If  my explanation is true, what will 
be the specific process leading to the outcome?” 

Core to the Bayesian approach is the prior belief  in 
the hypothesis under consideration vis-à-vis its alterna-
tives. Absolutely central to the veiling procedure is that 
the priors influencing collection and initial compilation 
of  evidence are either made fully transparent or avoid-
ed altogether. In Bayesian terms this becomes a uni-
form prior. One does not explicitly consider alternative 
explanations and mechanisms until the basic raw causal 
claim data are delivered to the researcher. At this point 
of  course the various alternatives are considered in the 
integration phase to produce a conclusion. 
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10. Remember that conclusive process tracing is good, but not 
all good process tracing is conclusive. 

As with all data, there is no guarantee that the results 
will be conclusive. It might be that the causal claims fit 
naturally into one coherent causal mechanism. But it is 
also quite possible that there are multiple mechanisms 
that are consistent with the basic causal claim data. 

11. Process tracing should be transparent. 
This last item is our addition to the Bennett and 

Checkel (2015) list, which we consider to be both im-
portant and noncontroversial. By generating a specif-
ic and comprehensive list of  sources, explicitly coding 
causal claims, and generating causal mechanism figures, 
one can make the methodology very transparent. 

Conclusion
This paper has proposed a methodology for with-

in-case causal inference, the VPT methodology. Our 
proposal draws on experience using the QuIP to evaluate 
the impact of  over forty development projects through 
analysis of  open-ended interviews, field-testing the idea. 
Here, we extend the basic method to a variety of  other 
primary and secondary sources. 

The veil of  ignorance approach provides some prac-
tical steps for making process tracing more rigorous and 
transparent. A core idea is to use a veil of  ignorance to 
address potential bias in selection and coding of  data for 
building and testing causal theories. We have explained 
how this entails introducing a more explicit division 
of  roles within the research process between a lead re-
searcher and research assistants delegated blindfolded 
responsibility for aspects of  data selection and coding. 

Looking at the eleven criteria for good process trac-
ing discussed above, the veil of  ignorance approach ap-
pears to have significant promise. It deals quite effec-
tively with a majority of  the listed criteria, and those it 
does not address reside in what we call the integration 
phase, where “clues” or Lego building blocks are as-
sessed, weighted, and combined. But the veil of  igno-
rance methodology assures that these bits of  evidence 
have been extracted through a process that reduces bias. 
That process rests on separating these two crucial steps 
in the process tracing exercise: The causal claims “raw 
data,” and their integration into an assessment of  postu-
lated causal mechanisms. 

Figure 3: VoiPT in the Research Triad: Generalization Issues
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Conclusion

This paper has proposed a methodology for within-case causal inference,
the VoiPT methodology. Our proposal draws on experience using the QuIP
to evaluate the impact of over forty development projects through analysis
of open-ended interviews; the idea has been field tested. Here, we extend
the basic method to a variety of other primary and secondary sources.

The veil of ignorance approach provides some practical steps for making
process tracing more rigorous and transparent. A core idea is to use a veil
of ignorance to address potential bias in selection and coding of data for
building and testing causal theories. We have explained how this entails
introducing a more explicit division of roles within the research process
between a lead researcher and research assistants delegated blindfolded
responsibility for aspects of data selection and coding.

Looking at the eleven criteria for good process tracing discussed above
the veil of ignorance approach appears to have significant promise. It deals
quite effectively with a majority of the criteria in that list, and those it does
not address reside in what we call the integration phase where “clues”
or Lego building blocks are assessed, weighted and combined. But the
veil of ignorance methodology assures that these bits of evidence have
been extracted through a process that reduces bias. That process rests on
separating these two crucial steps in the process tracing exercise: the causal
claims “raw data”; and its integration into an assessment of postulated
causal mechanisms.

13

One might object that this methodology involves a 
tremendous amount of  effort in order to conduct a caus-
al analysis of  an individual case. This objection depends 
on how an individual-case causal mechanism analysis is 
seen as fitting into broader research efforts. Our priors 
(and those of  this section) are that such cases are not 
mere add-ons or afterthoughts but are crucial compo-
nents of  increasing our confidence in theoretical priors. 
Their generation thus richly deserves closer scrutiny. 

Figure 3 illustrates how we see this methodology as 
being connected with the larger research enterprise in the 
social sciences. We see multimethod research as involv-
ing three core components—a research triad. Most so-
cial scientists are less interested in causal explanation of  
individual cases than in generalizing from them across a 
wider population, bounded by appropriate scope condi-
tions. Generalization takes two forms, as indicated in the 
figure. The first is moving from an individual-case causal 
mechanism figure and analysis to a general causal mech-
anism figure that works in multiple cases within some 
scope limits. The general causal mechanism figure must 
be connected to the individual case one, but probably 
will be somewhat different because it is meant to apply 
to many cases. The second form of  generalization lies 
in the empirical analysis of  multiple cases. This can be 
done by considering how closely selected cases embody 
the general causal mechanism across the wider popula-
tion (the “multiple cases” arrow in Figure 3). Qualitative 
analysis can contribute to this goal (e.g., QCA) or other 
cross-case qualitative methods that multiply the number 
of  case studies (Goertz and Haggard 2021). The final 
goal is a general causal mechanism figure that applies to 
many cases not just the one used in the VPT methodol-
ogy. 
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VPT: A Bad Idea Whose Time Has Come?
Derek Beach
Aarhus University

This has been a difficult review to write. On the 
one hand, it is important to be constructive and 
open to new approaches for how to do good 

process tracing (PT). On the other hand, the proposed 
“Veil of  ignorance Process Tracing” (VPT) attempts to 
solve one vaguely defined problem through a confused 
mismatch of  ideas that result in a set of  much bigger 
problems. Building on my experiences both as a practi-
tioner of  multiple PT case studies (Beach, Schäfer, and 
Smeets 2019; Beach and Smeets 2020), and a methodol-
ogist who has published whole chapters detailing how 
to guard against confirmation bias (see e.g., Beach and 
Pedersen 2019), my diagnosis of  VPT is that there are a 
series of  highly problematic (and puzzling) theoretical, 
methodological, and practical issues that make for a reci-
pe producing poorly-evidenced empirical generalizations 
as to why an event took place that will not result in a real 
contribution to our broader understanding of  how caus-
al processes work in real-world cases.

The authors postulate—without evidence—that 
confirmation bias is an endemic problem in process 
tracing, insinuating that much existing PT consists of  
“just-so stories” where researchers search for evidence 
that confirms their pet theory. In reality, contrary to 
what these authors write, confirmation bias in non-ex-
perimental science is not avoided by “blinding,” but in-
stead by being one’s own strongest critic when evaluat-
ing empirical evidence, achieved in PT through thorough 
and transparent assessment of  the uniqueness of  found 
evidence in relation to alternative explanations (see e.g. 
Fairfield and Charman 2017; Beach and Pedersen 2019). 
Further, good peer review should detect this bias—but is 
not mentioned by the authors.

Before I detail these problems, a background note is 
important to understand the context within which VPT 
was developed. The method comes from the field of  
policy evaluation, within which there is a widespread be-
lief  amongst funders that the only scientific method that 
avoids confirmation bias in evaluations is to use counter-
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factual-based assessments in the form of  experimental 
methods (termed randomized controlled trials (RCTs) in 
evaluation).1 The VPT method reads as if  it were orig-
inally framed to allay funder concerns about evaluation 
case studies by including a number of  buzzwords from 
experimentalist research. But this begs the question: Why 
should political science or international relations adopt 
this unhappy marriage between a naïve, empiricist ver-
sion of  grounded theory with ideas about blinding re-
search processes that are appropriate when using RCTs? 

Confused Assertions About Types of 
Causal Claims Being Made

VPT asserts itself  as a method for making causal 
attributions, but, in my opinion, it is all over the place 
regarding the nature of  the causal claims being assessed. 
The proposal uses the terminology of  causal effects 
throughout but also proposes eight (!) different types 
of  causal relationships that can be explored using VPT. 
These include [positively/negatively/not related] as a 
[necessary/sufficient] cause [mediated/interacted with 
Z] that had a [weak/strong] impact on Y, potentially 
with [positive/negative] feedback. At the same time, the 
proposal insists that: “The veiling methodology helps identify 
elements of  a causal mechanism” (this issue, italics in origi-
nal).2 As its name suggests, PT is all about tracing caus-
al processes (aka mechanisms) that link a cause (or set 
of  causes) and an outcome together (e.g., Bennett and 
Checkel 2014; Schmitt and Beach 2015; Beach and Ped-
ersen 2019). This also implies that PT—as a within-case 
method—cannot assess net causal effects because of  the 
problem of  masking.3

At no point in the article is the causal nature of  mech-
anistic explanations developed (see below), which to-
gether with the eight different types of  causal claims that 
the VoiPT supposedly can evidence, results in complete 
confusion about the ontological properties of  “causal 
claim Lego blocks.”4 The authors even readily admit this 
on the first page, writing: “Our approach starts with the 
proposition that diverse forms of  qualitative evidence…
all contain a variety of  causal claims (this issue, italics add-
ed).” As a result, the VPT proposal forges ahead by as-
serting that “causal claim Lego blocks” are just lying in 

1  Interestingly, while many funders hold these beliefs, many methodologists in the field assert that other methods (e.g., contribution anal-
ysis) are just as robust but importantly that they also answer different questions with different types of  evidence (e.g. Scriven 2008; Mayne 
2012; Cartwright 2012; Schmitt and Beach 2015). 
2  One of  the eight types of  “causal claims” that is not even causal in nature. “Certainty about the causal claim” is an epistemological ques-
tion related to the strength of  the evidence backing a causal claim.
3  It is now well established in the philosophy of  science that tracing a causal mechanism in a case does not enable assessment of  net causal 
effects, only that there is a mechanism linking them. See Clarke et al. 2014.
4  The VPT proposal also does not get Lego terminology correct. Lego has bricks, not blocks. See www.lego.com.

wait in the empirical record, like causal gold nuggets that 
the research assistant (RA) can snatch up.

Process Tracing Without the Mechanisms
If  we put aside the problems created by the numer-

ous types of  causal claims involved, the VPT propos-
es that the found causal gold nuggets are compared by 
the principal researcher (PR) with her “favored” causal 
mechanism in the “integration” stage of  VPT. However, 
what this involves is unclear because the VPT appears to 
understand mechanisms as a more descriptive series of  
events. The article uses the example of  Levy’s work on 
the outbreak of  continental war (WWI). When we look 
at the series of  events put forward by Levy in the figure, 
however, it quickly becomes obvious that causation is be-
ing assumed through temporal sequencing of  events, but 
there is no causal theorization of  the linkages between 
them. For example, there is no explanation for why the 
combination of   “Russian beliefs” and “Austria loses 
some legitimacy” produces the next step, “Russian mobi-
lization.” What is the causal linkage between a static fac-
tor (Russian beliefs) and an unexplained event (Austria 
losing some legitimacy)? Therefore, the explanation pro-
duced is a series of  factors/events, not a mechanistic 
causal explanation. 

But how then can causal gold nuggets supplied by the 
RA aimed at explaining why the outcome occurred in the 
case be compared with a more descriptive series of  events 
(i.e. what happened) that the PR has developed before-
hand? And even if  we ignore this mismatch, the set of  
causal gold nuggets delivered by the RA would only tell 
the PR that a majority of  stakeholders believed that X 
was causally related in one or more of  the eight types of  
causal types (see above). How a plausible causal mecha-
nism could be reconstructed on the basis of  such a dis-
parate set of  causal gold nuggets about why an outcome 
or event occurred is difficult to see.

Lack of Alignment Between Type of  
Causal Claim and Methods  

to Make Inferences
Moving to the issue of  inference, as we know from 

Hall’s now famous principle of  methodological align-
ment (2003), our methodology has to be appropriate 
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for evidencing the type of  causal claim we are making. 
Alignment means that evidencing a claim about necessity 
requires a counterfactual comparison (either using actual 
or hypothetical cases), whereas evidencing a claim about 
the strength of  a causal relationship requires quantitative 
cross-case data about variation in X, Y, and confound-
ers, ideally interval-scale data that can be assessed using 
multiple regression or other appropriate statistical tools 
to figure out the strength of  the net causal effect. As re-
gards a claim about necessity, is the VPT suggesting that 
when the RA asks a stakeholder about why event Y oc-
curred, and they respond by saying that they think event 
X was necessary for Y to occur, that this is a valid causal 
inference? Can we assume that the stakeholder engaged 
in a proper counterfactual, cross-case assessment of  the 
claim (ideally from a natural experiment)? Or are we just 
accepting the causal attribution made by the stakeholder 
as such, in effect accepting hearsay as evidence confirm-
ing the claim about necessity?

Induction and the Myth of Data  
Speaking for Itself

Another fundamental issue relates to the issue of  in-
ferences and moving from empirics back to theory. The 
VPT proposal builds on a naïve empiricist reading of  
grounded theory, where theories are built inductively from 
observable data. In effect, the VPT assumes that causal 
gold nuggets are just lying in wait in an uncontaminated 
state, where it is the ignorance of  theory and empirics 
that enables the RA to extract these “causal claims from 
the data” without being tainted by prior theoretical bias. 
But despite developing elaborate coding procedures, the 
naïve empiricist reading of  grounded theory itself  never 
lived up to its promise, because data does not speak for 
itself. As is well established in the philosophy of  science, 
observation of  the world is per definition theoretically in-
formed (Tavory and Timmermans 2014, 13-17; Jackson 
2016). Causal claims are what give empirical data explan-
atory meaning, with scientific research as a sustained di-
alogue between theory and empirics. For example, when 
an analyst finds a puzzling rhetorical pattern in a speech 
by a politician, existing theories coupled with detailed 
empirical knowledge about what is typically in speeches 
are the tools that enable the analyst to figure out what the 
pattern means and thereby also what theoretical proposi-
tion it could be evidence of. 

In my substantive research I have spent many hours 
reading and analyzing archival documents, during which 
I have never seen a causal gold nugget just lying around in 
a policy brief, intelligence assessment, or draft proposal. 

Instead, working with archival information is a continu-
ous back-and-forth between focused searches based on 
theoretical hunches, finding new puzzling things in doc-
uments, and then returning to theory (and case knowl-
edge) to make sense of  them, and back again. The idea 
that a novice RA could extract causal gold nuggets from 
the empirical record without any bias is therefore diffi-
cult to see. 

Inherent Bias in Stakeholder  
Attributions of Causality

VPT suggests that causal attributions by stakehold-
ers are less prone to bias. VPT proposes to use statements 
by stakeholders about why something happened, drawn 
from interviews or archival documents they have pro-
duced, supplemented with (ideally randomly selected!) 
attributions found in the secondary literature. The au-
thors write that as the “source agent does not know the 
theory under investigation, it is hard for her to have any 
significant bias” (this issue).

But there is a very simple reason we use the term 
stakeholder—the person has a STAKE in the issue being 
discussed. These statements can act as evidence of  what 
a given stakeholder wants to be heard saying for the sake 
of  posterity. And even if  they could be trusted, there can 
be a myriad of  reasons detailed by cognitive psycholo-
gists for why their perceptions might not match the per-
ceptions of  an outside observer. This is why historians 
typically do not use stakeholder interviews, or trust stake-
holder confessionals in archival documents. Instead, 
they want to gain access to archival documents that can 
enable them to reconstruct a historical process. Political 
scientists often do not have this luxury, and therefore 
have to subject these types of  confessionals with robust 
source criticism—which raises the next point.

Inexperienced RAs Cannot Engage  
in Source Criticism

The suggestion of  using inexperienced RAs to collect 
and code empirical material is problematic. The authors 
write that the RA “need not even be familiar with the 
empirical field in question except to the extent absolutely 
necessary” (this issue). However, this inexperienced RA 
would lack the case-related knowledge to be able to do 
a good interview (e.g., follow-up questions), and more 
critically, would not be able to engage in proper source 
criticism of  interviews, archival documents, or second-
ary sources—all of  which would contain implicit or ex-
plicit bias that requires significant theoretical and empiri-
cal knowledge to evaluate (see Beach and Pedersen 2019, 
195-222; Møller and Skaaning 2018). Evaluating what 
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statements of  stakeholders mean in a particular case, and 
whether we can trust them, requires significant case-spe-
cific knowledge and experience. Often evidence of  parts 
of  causal mechanisms are not simple “confessions,” but 
instead involve analyzing patterns of  speech, sequenc-
ing of  events, or even just the fact that two social ac-
tors held a meeting. All of  these empirical observations 
would have to be evaluated in relation to a theory before 
they could be evidence of anything. Good theoretical ex-
planations cannot just be extracted by a novice from the 
data! If  this were the case, the most compelling research 
would be found in the first essays done by political sci-
ence students in our bachelor programs.

Therefore, the blinding of  the VPT creates the very 
real risk that the RA regurgitates the causal gold nuggets 
found in statements from a majority of  interviewees, ar-
chival documents, or secondary sources in the report to 
the PR. The PR expert is several steps removed from the 
nitty-gritty of  the sources, preventing them from engag-
ing in real source criticism when evaluating the evidential 
backing for causal gold nuggets. The result is the de facto 
replacement of  a good, experienced researcher with a 
novice. 

And Would I Really Send an Ignorant  
RA to do Interviews?

On a final practical note, deliberately sending an 
inexperienced RA to collect causal gold nuggets from 
interviews with high-level stakeholders would run into 
practical difficulties. In my own substantive research on 
high-level crisis governance in the EU, would I really send 
an RA who knows nothing about how Brussels works or 
the dossiers I am studying to conduct an interview on 
my behalf ? One of  the first things that happens in elite 
interviewing is that high-level civil servants test you to 

see whether you have done your homework (e.g., having 
read all of  the proposals and public accounts of  the ne-
gotiations). If  they find you wanting, the interview will 
very quickly end because you are wasting their time. On 
the upside, once you have passed this “test,” they can be 
very useful informants, often offering further non-pub-
lic documents and drafts, along with helping you under-
stand the signals embedded in the often-arcane language 
they use in legislative proposals and communications. All 
of  this empirical material that I can use to understand 
how things work in Brussels would be completely out of  
reach for an inexperienced RA. 

Conclusion
This review might seem excessively harsh. It was not 

intended to be, but the VPT proposal has a fractal char-
acter in which the more you dig into it, the more con-
fused and problematic the suggestions become. The arti-
cle tries to validate the method by claiming that “the idea 
has been field tested” in many evaluations (this issue). 
However, just because something has been done does 
not make it right, and it cannot mask the fundamental 
flaws in the theoretical and empirical logic inherent in the 
naïve empiricism of  VPT, coupled with the problematic 
idea of  blinding. 

Fortunately, the state-of-the-art regarding PT meth-
ods is sufficiently developed, such that there exist robust 
methodological alternatives that are being widely used by 
researchers to produce important, evidence-based find-
ings about causal mechanisms at play in the real world 
(see Beach 2020 for a review of  recent uses and meth-
odological developments). VPT is a bad idea whose time 
does not need to come. 
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A Bayesian Perspective on Theory-Blind Data 
Collection 
Tasha Fairfield
London School of Economics

1  As CGH (this issue) write: “The reference to ‘veils of  ignorance’ arises from a division of  labor that allows a research assistant to carry 
out key data selection and coding tasks without knowledge of  the theories, hypotheses, and mechanisms being tested by the principal.” 

Copestake, Goertz, and Haggard’s (CGH) “Veil 
of  ignorance Process Tracing” (VPT)—which 
in essence entails placing a firewall between data 

collection and hypothesis testing1—is an interesting 
addition to a growing list of  proposals made in recent 
years that aim to address potential sources of  bias in 
qualitative social science. Many of  these proposals (e.g., 
pre-registration, time-logging whether evidence was dis-
covered before or after a hypothesis was devised) im-
port prescriptions from large-N, frequentist, statistical 
research that, from a Bayesian perspective, are not appli-
cable to qualitative research. Bayesian reasoning provides 
its own safeguards against the problems of  confirmation 
bias and ad hoc hypothesizing, without imposing proce-
dural constraints that would interfere with the inherently 
iterative, dynamic, and interactive nature of  case-study 
research—where we go back and forth between hypoth-
esizing, data collection, and analysis (Fairfield and Char-
man 2019).    

My comments begin by outlining the costs (which 
seem significant) and gains (limited, in my analysis) of  
firewalled data collection in qualitative research. I then 
discuss what I interpret as a fundamental shortcoming 

with the authors’ approach that seems to undermine its 
core aim of  separating data collection from hypothesis 
testing—namely, conflating evidence, evidentiary sourc-
es, and causal claims. Finally, I briefly outline my pre-
ferred approach for managing the problems of  confir-
mation bias, ad hoc hypothesizing, and cherry-picking.            

Scrutinizing the Costs and Benefits of 
Firewalled Data Collection

As with suggestions for pre-registration or time-log-
ging evidence relative to hypothesis generation, firewalled 
data collection runs counter to the way that qualitative 
research is generally conducted. Instead of  proceeding 
linearly from theory generation to data collection to the-
ory testing, we naturally engage in a “dialogue with the 
data,” (Bayesian astrophysicist Stephen Gull, quoted in 
Sivia (2006)) where we go back and forth between theory 
and evidence. We revise and refine theory in light of  the 
data, and we revisit the evidence in light of  new ideas 
and new theory, analyzing the information differently or 
more deeply, asking new questions, and deciding what 
kinds of  additional data to collect.  

Firewalled data collection would come at a signifi-
cant cost of  precluding an effective dialogue with the 
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data, where scholars can adjust the research strategy 
along the way when the evidence uncovered suggests 
new hypotheses to investigate and new sources of  in-
formation to pursue. If  the research assistants (RAs) in 
charge of  gathering evidence are completely blind to the 
initial theories under consideration, and potentially (as 
CGH suggest) even blind to the details of  the research 
question itself, they can hardly make the informed ana-
lytical decisions that are needed while in the field, or visit 
the archives or scrutinize secondary literature, to be able 
to collect evidence that will bear substantial inferential 
weight when it comes time for theory evaluation. From 
a Bayesian perspective, strong evidence is information 
that discriminates between competing theories—in col-
loquial terms, we seek clues that fit much better with one 
hypothesis compared to a rival. If  we keep alternative 
explanations in mind while we gather our evidence, we 
are able to look for the kinds of  clues that we expect to 
be most informative, whereas if  we deliberately ignore 
theory throughout the process, we may well end up with 
a sub-optimal dataset filled with weak or irrelevant infor-
mation that does not effectively allow us to adjudicate 
between alternative explanations. It also bears emphasis 
that “selecting sources,” which is one of  CGH’s central 
concerns, is only one component of  searching for evi-
dence. We must also work hard to extract useful infor-
mation from the sources we consult, which entails asking 
informants the right questions, or knowing how to spot 
salient exchanges in congressional records or relevant 
details in news accounts. Again, the decisions we make 
while collecting or generating evidence should be guided 
by our evolving ideas about the plausible alternative ex-
planations to be assessed.

Yet, while imposing potentially substantial costs in 
terms of  the quality of  evidence obtained, firewalled 
data collection does not go very far toward solving the 
potential problems that the authors aim to address. This 
approach does preclude confirmation bias at the data col-
lection stage—RAs cannot seek out only evidence that sup-
ports a pet theory if  they have no knowledge whatsoever 
regarding the theories that are to be evaluated. But con-
firmation bias can just as easily occur after data has been 
collected, when it comes time for data analysis and theory 
testing. In fact, a commonly discussed form of  confir-
mation bias entails overestimating the extent to which a 
given piece of  evidence supports a favored hypothesis, 
often by forgetting to ask whether that evidence might 

2  I thank Stephan Haggard for a useful email exchange related to these points.
3  Accordingly, many transparency advocates have focused on making interview transcripts (i.e., the content of  what the sources have said) 
publicly available—which poses a distinct set of  tradeoffs.  

be equally or even more consistent with a rival hypoth-
esis. Likewise, ad hoc hypothesizing entails over-fitting 
an explanation to the particular details of  the evidence 
at hand; as such this problem usually arises after the data 
have been collected.  

Furthermore, firewalled data collection in and of  it-
self  does not preclude “cherry-picking”—which I under-
stand to mean deliberately ignoring evidence that does 
not support a favored hypothesis. Dishonest scholars 
can always find ways to be dishonest, regardless of  what-
ever constraints are imposed by the discipline. As Ansell 
and Samuels observe regarding the related suggestion 
of  results-blind review, it is always possible to “sweep 
dirt an author wants no one to see under a different cor-
ner of  the publishing carpet” (Ansell and Samuels 2016, 
1810). In the instance at hand, one could easily imagine 
scenarios where a research team purports to follow Veil 
of  ignorance Process Tracing but finds ways to “cheat” 
that would be difficult for reviewers to uncover. For ex-
ample, the principal researcher (PR) manages to subtly 
communicate a pet theory to the RAs or the PR “acci-
dentally” deletes unfavorable evidence from the dataset 
after the fact while ensuring that the RAs are unaware or 
have incentives to stay quiet. 

Moreover, ensuring that the PR consults a wide range 
of  sources that have been selected without bias by theo-
ry-blind RAs does nothing to address what I view as the 
more serious problem of  cherry-picking from those sources 
only those pieces of  information that support the PR’s 
pet theory.2 Indeed, biased extraction of  evidence from 
the sources consulted seems to be a more common prob-
lem than biased selection of  the sources themselves.3 It is 
often the case that a document or an informant provides 
some information that supports one hypothesis, but also 
other pieces of  information that favor a rival hypothesis, 
so there is ample opportunity for dishonest or sloppy 
scholars to include the former while omitting the latter. 
Meanwhile, identifying bias in the sources consulted is a 
relatively straightforward matter—conscientious review-
ers scrutinize bibliographies to check if  important sourc-
es have been ignored or overlooked. If, for example, I 
had interviewed only informants from Chile’s center-left 
government in my research on taxation, without talking 
to anyone from the right-wing opposition or the busi-
ness sector, I expect that other scholars would have no-
ticed these omissions and that my work would have been 
much less favorably received.   
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Conflating Evidence and Causal Claims 
  Setting aside the above critique regarding the 

substantial costs and limited benefits of  VPT, the central 
point of  this approach as I understand it is to separate 
data collection from hypothesis testing. Yet in my read-
ing, the authors’ discussion seems to conflate evidence 
with causal claims, data collection with data analysis, and 
theory building with theory testing—which in turn ren-
ders their approach problematic.  

I first define my usage of  some basic concepts. A 
hypothesis is a proposition that makes a causal claim about 
the way the world works. Well-stated hypotheses gener-
ally include some causal mechanism(s) that explain how 
and why the outcome of  interest occurs. Evidence is any 
concrete information we learn that can be used to test 
our hypotheses. A causal inference is a conclusion that we 
draw about the truth of  our hypotheses after analyzing 
them in light of  this evidence.   

The crux of  the problem in CGH’s discussion is 
the notion that data collection entails “extracting causal 
claims” from sources. Data collection in qualitative re-
search entails gathering evidence, which in and of  itself  
does not make “causal claims”—hypotheses articulate 
causal claims. As I will explain below, evidence can some-
times entail a particular source asserting a causal claim, but this 
is not at all the same as the causal claim itself, and more-
over, many kinds of  evidence do not fit this mold at all.4    

My best effort to make sense of  what it means for 
theory-blind RAs to “extract” and “code” various “caus-
al claims” from sources is to re-interpret this task in 
terms of  crowdsourcing hypotheses—the RAs talk to 
informants or examine written materials for possible 
explanations of  whatever the PR is investigating. This 
would of  course seem problematic considering that the 
RAs are supposed to have minimal (if  any) knowledge 
of  the research topic, but let us set that difficulty aside 
for now. The crowdsourcing interpretation seems to be 
substantiated by CGH’s (this issue) instructions that the 
RAs should code, for example, whether a variable in a 
“causal claim” is necessary or sufficient, whether there 
4  One might ask whether the authors have causal inferences in mind rather than evidence when they speak of  “causal claims,” but then VPT 
would delegate not just data collection but also data analysis to RAs, who by design are not equipped to complete that task, for lack of  any 
knowledge about theory or even the research question—so I set that possible interpretation aside. 
5   This interpretation is further substantiated by CGH’s discussion of  Bennett and Checkel’s (2015) best practices (which are in large 
measure Bayesian inspired). Bennett and Checkel call for scholars to cast the net widely for alternative explanations (e.g., causal hypotheses); 
CGH respond by discussing selection of  sources—which then presumably supply the hypotheses. And in addressing Bennett and Checkel’s 
call for inductive insights, CGH again seem to confirm my interpretation that their “causal claims” are indeed new hypotheses (i.e., features 
of  causal mechanisms that were not thought of  before)—not evidence with which to test hypotheses.
6  Alternatively, if  VPT allows the PR to freely engage in a second round of  data collection after a new theory has come to mind, without 
delegating once again to theory-blind RAs, then there would be little point in imposing a veil of  ignorance during the first round of  data 
collection. Any supposed benefits from an initial round of  fire-walled data collection in terms of  reducing bias would be easily undermined 
if  the firewall is lifted during subsequent rounds of  data collection.  

are interaction terms or mediators, what is the strength 
of  the proposed causal relationship, and so forth—these 
tasks all fall squarely in the realm of  hypothesis generation.5  

 But what does the PR do with these crowd-sourced 
hypotheses (or using different language, the theories or 
causal mechanisms that emerge inductively from the 
sources)? Would the PR place these new hypotheses into 
the vault, and then proceed through another round of  
firewalled data collection?6 This second round would 
have to involve something other than extracting “causal 
claims”—we need evidence with which to test the causal 
claims. The authors instead assert that “the end prod-
uct...is a causal mechanism figure that synthesizes and 
makes sense of  the causal claim data” (this issue). But 
I would emphasize that articulating a causal mechanism 
(whether verbally, graphically, or in combination) is an 
exercise in theory generation, not theory testing. Even with-
in a Bayesian framework, which precludes any need for 
firewalls between theory building and theory testing, 
these are conceptually distinct stages of  analysis, and in-
ference does not entail simply proposing a theory that 
“makes sense” of  the data—rival theories must be pitted 
against each other in light of  all available evidence that 
speaks to their plausibility.   

 The authors nevertheless claim that they are simulta-
neously “evaluating” theory, but in my view, they do not 
articulate a sound methodology for that purpose. They 
suggest that theory evaluation proceeds by somehow ex-
amining the “incidence of  causal claims” coded by the 
RAs (this issue)—perhaps thinking that the PR’s hypoth-
esis gains support commensurate with the proportion 
of  “causal claims” that match the hypothesis. But this 
notion of  inference violates a core principle of  Bayes-
ian reasoning—evidence is to be weighed, not counted. 
Weighing the evidence requires asking which of  one or 
more rival hypotheses makes the evidence more expect-
ed. Evidence that is consistent with a given hypothesis 
does not necessarily support that hypothesis, because the 
evidence could be even more compatible with a rival hypoth-
esis. Accordingly, it is not enough to simply “trace out” 
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a causal process—we must also ask whether any “causal 
process evidence” is more or less expected under an al-
ternative hypothesis.  

 In sum, we are left with a procedure that at its core 
seems perplexing. Rather than collecting evidence, RAs 
appear to be crowd-sourcing hypotheses, which simply 
generate more theory that needs to be evaluated in light 
of  actual evidence. Within a Bayesian framework, it is 
perfectly possible to devise new hypotheses inspired by 
the evidence and then use that same evidence to evaluate 
the hypotheses, as CGH seem to want to do, but my co-
author and I advance the strong claim that Bayesianism 
is the only self-consistent inferential framework that can 
justify this practice (Fairfield and Charman 2019). The 
notions of  theory evaluation that CGH seem to espouse 
depart sharply from Bayesianism in some critical regards.   

 Within a Bayesian framework, the key to resolving 
the underlying confusion about data and “causal claims” 
is to carefully handle testimonial evidence—information we 
receive from fallible human sources, who may have in-
complete knowledge of  the topic at hand as well as in-
strumental motives to exaggerate, obfuscate, or dissem-
ble. When we interview an informant or read an account 
in a newspaper archive, the surface content (X) of  what 
that particular source has said—which may well be a par-
ticular causal story—does not constitute the evidence (E) 
that we use to evaluate our hypotheses. Instead, the ev-
idence must take the following form: E = source S made 
statement X in context C. In the example from Fairfield’s 
research on tax reform that CGH quote, we have E = 
“Governing-coalition informants (i.e., source S) told Fair-
field in an interview (i.e., context C) that ‘... the measure 
was ruled out as infeasible on every occasion due to re-
sistance from the right-wing coalition’ (i.e., statement X)” 
(Fairfield 2015, 122).   

 Formulating testimonial evidence in this manner 
is critical for assessing its inferential import, which in 
Bayesian terms comes from evaluating its likelihood un-
der alternative hypotheses. In the tax reform example, 
we must ask whether it would be more expected for the 
government informants (S) to tell Fairfield this partic-
ular story (X) about the tax reform in question if  Fair-
field’s “equity-appeal hypothesis” is correct, or whether 
it would be more expected to hear the informants tell 
Fairfield this story if  the rival median-voter hypothesis 
is correct. As part of  this reasoning process, we must 
assess the distinct incentives that the informants could 

7   Note also that our assessment of  the truthfulness of  the testimony may vary across the different hypothesized worlds. A statement 
made by a particular source may be truthful conditional on one hypothesis but may necessarily be mistaken or mendacious under a differ-
ent hypothesis, so this is not something that could be coded by an RA who is ignorant of  the hypotheses in question.

have to reveal or distort the truth in the world of  each 
respective hypothesis (see Fairfield and Charman 2017 
for details). Critically, the inferential weight of  this ev-
idence does not come from treating a causal story that 
the informant has articulated (X) as an “instance” of  the 
equity-appeal hypothesis, to be tallied up against distinct 
“causal claims” made by other informants.7    

 It is also important to emphasize that evidence does 
not consist exclusively of  sources articulating their un-
derstandings of  a causal process, nor need it fall into 
the more general testimonial category explained above 
(where a source S may make some other kind of  state-
ment X). Evidence also includes well-established facts 
that on their own do not express any kind of  “causal 
claim” (e.g., the reform did not pass until 2005, or suspect A 
was out of  town when the murder was committed). Nor does ev-
idence necessarily constitute or suggest a “link” or com-
ponent in some theorized causal mechanism or graph. 
The inferential import of  these facts or observations 
emerges once again by asking whether they are more 
likely in the world of  one hypothesis compared to a rival. 
For instance, if  HA = suspect A acting alone killed the victim 
with an ice pick, and HB = suspect B acting alone killed the victim 
with an ice pick, then information that A was out of  town 
at the time weighs very strongly in favor of  HB vs. HA, 
without speaking at all to the manner in which suspect B 
committed the murder 

Understanding these distinctions between evidence, 
sources, causal claims, and hypotheses should help clarify 
the importance of  having well-informed scholars con-
duct data collection. Data collection is not simply a mat-
ter of  selecting sources, nor does it entail simply coding 
“causal claims” that emerge from those sources. Soaking 
and poking is valuable—we do not need to have our the-
ories completely formulated and engraved in stone be-
forehand. But whoever is in charge of  data collection 
should be closely acquainted with the goals of  the re-
search, and they should be familiar with existing hunches 
about competing hypotheses so that they can recognize 
and search for strongly discriminating evidence during 
a dynamic data-gathering process, and thereby be in a 
position to effectively pursue new leads when new hy-
potheses or new sources of  information come to mind.
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An Alternative Suggestion: Promote 
Bayesian Reasoning and  

Standards of Integrity
 Given that firewalled data collection seems to entail 

significant costs with limited benefits, even if  the prob-
lems with CGH’s particular approach were redressed, 
how should we best seek to curtail the potential prob-
lems of  confirmation bias, ad hoc hypothesizing, and 
cherry-picking in qualitative research? Following Fair-
field and Charman (2019), my prescription is to apply 
the principles of  Bayesian reasoning to address the first 
two problems and to emphasize standards of  integrity 
and truth-seeking with respect to the third concern. 

 As noted previously, a prevalent form of  confirma-
tion bias arises from overestimating how strongly the ev-
idence in hand supports the hypothesis we hope is true, 
by forgetting to ask whether the evidence would fit equal-
ly well or even better with a rival explanation. Correctly 
applying Bayesian reasoning automatically precludes this 
cognitive pitfall, because the key inferential step involves 
evaluating likelihood ratios—instead of  asking how expect-
ed the evidence would be if  the working hypothesis is 
true, we must ask whether the evidence would be more 
or less expected under that hypothesis as compared to a 
rival hypothesis. Bayesian inference simply cannot pro-
ceed without reference to a rival hypothesis, so there is 
no room to over-focus on a single hypothesis. It is of  
course possible that our hopes and desires might psycho-
logically influence our reasoning about which hypothesis 
makes the evidence more expected. But we emphasize 
that research is not just a dialogue with the data. It is also 
a dialogue with a larger community of  scholars seeking 
to identify and resolve disagreements about inferences 
and thereby accumulate knowledge. Any well-written 
scholarship should articulate the hypotheses under con-
sideration, present the evidence, and explain the reason-
ing behind the analytical conclusions. Readers and re-
viewers can and should scrutinize the author’s work for 
signs of  sloppy thinking or motivated reasoning when 
assessing the evidence. Using the Bayesian framework 
we advocate, they can evaluate the author’s hypotheses 
and evidence with their own independent brainpower 
and request revisions or clarifications as needed.    

Ad hoc hypothesizing—or constructing “just-so 
stories” that are over-tailored to the details of  the evi-
dence in hand—is a distinct problem that is also readily 
addressed within a Bayesian framework. Whereas Bayes-
ian likelihood ratios help to protect against confirmation 
bias, prior probabilities in Bayesian analysis help to pro-
tect against ad hoc hypothesizing. Bayes’ rule in essence 

contains a built-in “Occam’s razor” that mediates the 
tradeoff  between parsimony and complexity (Fairfield 
and Charman forthcoming).  Compared to simpler rivals, 
a more complex hypothesis incurs an Occam penalty via 
its prior probability. If  the more complex hypothesis is in 
fact the best explanation, its posterior probability should 
win out thanks to the improved inferential leverage it 
provides compared to the simpler rivals. More precisely, 
the accumulated weight of  evidence will overwhelm the 
initial Occam penalty. Bayesianism thus penalizes com-
plex explanations if  they do not provide enough addi-
tional explanatory power relative to simpler rivals, in line 
with Einstein’s dictum that things should be as simple as 
possible, but no simpler.  

 To convey a sense of  how the Bayesian “Occam ef-
fect” works, suppose a stranger at a party shuffles a deck 
of  cards, and you draw the six of  spades (Fairfield and 
Charman 2019, drawing on Jefferys 2003). One hypoth-
esis holds that you arbitrarily selected that card from a 
randomly shuffled deck (HR); a rival proposes that the 
stranger is a magician with a trick deck that forced you 
to draw the 6 of  spades (H6♠). Intuition suggests that 
H6♠ is ad hoc. The reason it is indeed ad hoc is that we 
should treat H6♠ as one member of  a family of  52 relat-
ed hypotheses, each of  which proposes that the magic 
trick favors a different card in the deck. Without look-
ing at the card you picked, each of  these 52 hypotheses 
would be equally plausible, so however likely it is that the 
stranger has a trick deck, that probability must be spread 
out equally among the 52 different hypotheses in the 
magic-trick family, thereby reducing the prior probabil-
ity of  the particular possibility H6♠  by a factor of  1/52. 
In essence, H6♠ derives from a model with an adjustable 
parameter (the trick card) that has been fit to the data at 
hand, whereas HR is a simpler explanation with no ad-
justable parameters.

 Occam factors arise automatically in quantitative 
Bayesian model comparison. In qualitative research, 
there are no universal prescriptions for assessing wheth-
er a hypothesis is too complex or ad hoc. Our heuristic 
Bayesian recommendations are to (a) treat inductively-in-
spired hypotheses with healthy skepticism, (b) start with 
reasonably simple theories and add complexity incre-
mentally as justified by the data, (c) scrutinize whether 
all of  the causal factors in a hypothesis actually improve 
explanatory leverage compared to simpler rivals, and (d) 
ask if  the hypothesis might apply more broadly. If  a giv-
en hypothesis invokes many more causal factors or very 
specific or elaborate conjunctions of  causal factors, good 
practice would entail penalizing its prior relative to the ri-
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vals. If  an author fails to treat an inductively inspired or 
especially complex or finely-tuned hypothesis with ade-
quate prior skepticism, readers and reviewers should take 
notice and call attention to the problem.

 Finally, we advocate a focus on disciplinary norms 
as the most sensible way to discourage dishonest practic-
es such as deliberately cherry-picking evidence. First, we 
need to bolster academic commitments to truth-seeking 
and scientific integrity—quoting Van Evera’s still sage 
advice: “Infusing social science professionals with high 
standards of  honesty is the best solution” (Van Evera 
1997, 46). Second, adjusting publication norms regarding 
requisite levels of  confidence in findings would mitigate 
incentives for falsely bolstering results. For qualitative re-
search, we should embrace Bennett and Checkel’s (2015, 
13) Bayesian-inspired dictum that “conclusive process 
tracing is good, but not all good process tracing is con-
clusive,” and focus on providing an honest assessment 

8  Note that preregistration did nothing to prevent the most prominent recent example of  scientific misconduct in political science—the 
LaCour-Green affair.  

of  the uncertainty surrounding our inferences, rather 
than attempting to prove that a hypothesis is correct. An 
associated best practice entails explicitly addressing those 
pieces of  evidence that on their own run most counter to 
the overall inference; we think that this kind of  transpar-
ency could encourage critical thinking and signal integ-
rity in a more meaningful way than either VPT or other 
alternatives like pre-registration.8 

 These suggestions are neither silver bullets nor quick 
fixes, but in the long term, promoting Bayesian reasoning 
and rethinking academic norms and practices could help 
us to do a better job of  avoiding cognitive biases, recog-
nizing and characterizing the uncertainty that surrounds 
our conclusions, and accumulating knowledge, without 
imposing burdensome straightjackets on qualitative re-
search that would ultimately undermine the quality of  its 
contributions. 
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The Veils of Inequity, Impracticality,  
and Inaccessibility
Amy H. Liu
University of Texas at Austin

Two polarizing biases simultaneously plague  
process tracing—specifically, theory-testing 
process tracing—as a method. One is selec-

tion: We gravitate towards and choose certain pieces 
of  evidence precisely because they corroborate our ar-

gument. The other bias is omission: We overlook—if  
not outright ignore, even if  unintentionally—data that 
run counter to our theoretical priors. Without consid-
ering how these two biases affect the data we collect, 
the inferences we draw may be subject to doubt. To 
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this end, Copestake, Goertz, and Haggard offer an ap-
proach for addressing this challenge. The foundation 
of  what they call Veil of  ignorance Process Tracing 
(VPT) is a division of  labor. The principal researcher 
does the theoretical work but has little—if  any—role in 
the data collection; in contrast, the research assistants 
do the data collection and the subsequent coding but in 
the absence of  any theoretical priors; then after the col-
lection and coding is complete, the principal researcher 
uses the data to test their argument. The intuition is that 
divorcing the theoretical priors from the data collection 
efforts ensures less risk of  bias. Certainly, this approach 
is unorthodox and the efforts should be applauded. But 
in its current form, VPT hides behind at least three oth-
er veils of  ignorance that make the method problematic 
and also introduce new hazards. 

 First, there is the veil of  inequity. The division of  
labor is one thing: We see this increasingly in the profes-
sion with coauthored work. However, the designation of  
a singular person doing the theoretical work as the “prin-
cipal researcher” and everyone else harvesting the data 
as “ignorant” is a troubling hierarchical framework. With 
VPT, we risk the principal researcher—without ever put-
ting boots on the ground—taking advantage of  their 
research assistants, who speak the language, understand 
the culture, and have the requisite networks to get the 
data collected. The data collection required for process 
tracing—whether it is doing interviews or conducting fo-
cus groups, going through archives, or digitalizing print 
media—is laborious and time-consuming. With VPT, we 
also risk the principal researcher—while staying safe in 
their home institution—overlooking the physical dan-
gers of  data collection. Fieldwork can be challenging not 
just because of  the field site (e.g., Donbass, Ukraine) or 
the topic (e.g., prison gangs) but because of  the research 
assistant’s gender, ethnicity, religion, sexual orientation, 
or disabilities. Even when the topic is seemingly innocu-
ous, the risks can be immense. Consider female research 
assistants conducting focus groups in a place where their 
interactions with non-familial men are supposed to be 
limited. Consider ethnic Chinese (or even “Asian” more 
broadly) research assistants doing interviews in the after-
math of  the Covid-19 pandemic. Consider research as-
sistants with physical disabilities doing archival research 
in places with many steps and heavy doors but no ramps 
or elevators. 

 Second, there is the veil of  impracticality. Unless 
there is a waiver, Institutional Review Board (IRB) proto-
cols require informed consent—by the research subjects. 
It is hard to imagine an IRB approving a study involving 

human subjects where the research personnel and the 
research subjects are both blind behind a theoretical veil. 
There is no way to guarantee the research assistants are 
collecting data within the guidelines; there is no way for 
anyone to ensure minimal risk and harm; and there is no 
way for debriefings to take place. Additionally, without 
any theoretical guidance, we risk one of  two extremes. 
The first is that it puts a lot of  undue pressure on the 
research assistants to ask the “right” questions or to find 
the “smoking gun” document without knowing the ter-
rain. If  the research assistant is a graduate student, there 
will be fears that “failure” on their part could result in 
funding cuts in the future or bad letters for the job mar-
ket. The other extreme is that the research assistant feels 
unburdened in what type of  data they collect: As long 
as the document pertains in any way to the dependent 
variable of  interest, it is worth gathering. As a result, they 
end up collecting too much data, of  which most—if  not 
all—are irrelevant. In this case, the resources spent—
money by the principal researcher and time by the re-
search assistant—are wasted. 

 Third, there is the veil of  inaccessibility. The costs 
associated with paying other people to do the data col-
lection can be insurmountable. And as such, the ap-
proach is truly available only to those with the requisite 
resources (i.e., faculty members at elite institutions with 
large research budgets). It is hard to imagine a graduate 
student securing an APSA doctoral dissertation research 
improvement grant or an SSRC international dissertation 
research fellowship proposing such strategies: I have a 
theory about how X affects Y; give me the money to 
go to country A, where I will hire local research assis-
tants to collect the data for me. Likewise, it is hard to 
imagine a cooperative project (e.g., Cooperative Con-
gressional Election Study or Time-Sharing Experiments 
for Social Sciences), a survey center (e.g., any of  the re-
gional barometers), or a research institute (e.g., Minori-
ties at Risk or Varieties of  Democracy) built on the VPT 
principle. These aforementioned examples require sub-
stantial funds—but the generated data benefits multiple 
researchers. In effect, there is a public goods provision. 
In contrast, VPT—by virtue of  focusing only on causal 
mechanisms—is strictly a private good that benefits just 
one principal researcher. 

 In short, VPT’s biggest contribution is calling 
much-needed attention to the biases with process trac-
ing. However, by focusing on reducing these biases, VPT 
forfeits validity—or at a minimum, the ability to validate. 
The separation of  the principal researcher doing the the-
orizing from the research assistants doing the data col-
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lection means we cannot gauge the validity of  the data. 
If  there is a piece of  evidence that is still missing—or 
turns out to be the only snapshot of  a smoking gun—
the principal researcher cannot differentiate whether the 
research assistant fabricated the data, did not look in the 
right place, or got the resulting data because of  their 
identity (e.g., positively because they had inside access or 
negatively because they were shunned by the subjects). 

 One way to help with validation—and possibly ad-
dress some of  the inequity, impracticality, and inaccessi-
bility concerns—is a hybrid arrangement that marries the 
traditional process tracing model with VPT. The princi-
pal researcher is still required to put their boots on the 
ground (i.e., to do their own data collection and coding). 
They can then employ a scaled-back version of  VPT 
with research assistants on a random selection—not 
all—of  the causal mechanisms. With the data collected 
through VPT, the principal researcher can then demon-
strate where the data collection efforts were congruent, 
and where there were possibly omitted data sources. As 
a parallel, when Ted Gurr started the Polity dataset, and 
when Jennifer Gandhi created the dictatorship dataset, 
both did the first iteration of  data collection and data 
coding. They both then subsequently expanded to have 
research assistants to help validate the measures. Because 
both had done the first iteration and there was a “base-
line,” the research assistants did not have the undue fear 
of  “failing” at or “ruining” the data collection efforts. 

 Alternatively, we can identify best practices from 
other methods and consider whether they can be ad-
opted for process tracing—allowing us to minimize the 
two-headed bias concerns while maintaining validity. 
Two best practices show promise. The first comes from 
game theory. When solving for equilibria, game theorists 
have to consider off-path behavior. In non-formal par-
lance, this is the counterfactual. Given that VPT is fo-
cused on causal mechanisms, the implications for data 
collection are that the principal researcher should not 
just find evidence of  X causing Y, but also why ~Y did 
not happen. For example, in the prisoner’s dilemma, the 
prisoner defecting is only half  the story; the other half  is 
why they did not cooperate. By focusing on this non-out-
come, the principal researcher adds an additional obser-
vation—forcing them to think through alternative causal 

outcomes. Methodologically, ruling out alternatives lends 
more credibility to the inferences than simply proving 
X causes Y. When researchers think through alternative 
causal outcomes, this serves as a “checklist” of  all the 
different pieces of  evidence needed to support their ar-
gument. And in doing so, the principal researcher can 
avoid unintentional omissions in data collection. Note 
that this is one of  the steps in the Ricks and Liu (2018) 
guide for process tracing.

 The other best practice is from experiments. There is 
a norm among experimentalists to submit pre-registered 
reports. These reports lay out their theoretical arguments 
and the research designs—inclusive of  predictions, data 
sources, and plans for analyses. Registration happens 
through a third-party site (e.g., Evidence in Governance 
and Politics, Open Science Framework). This ensures 
minimal fishing by the researcher. Of  course, there will 
be some slight deviations and possibly unexpected find-
ings. However, with their hands tied through the pre-reg-
istered reports, the researcher can ensure transparency. 
Even if  the researcher needs to update their argument 
given the data collected, there is a paper trail. Note that 
there are ongoing efforts to adopt such practices beyond 
experimental methods. The debates surrounding Data 
Access and Research Transparency (DA-RT) are a testa-
ment to scholars making qualitative methods, fieldwork, 
and process tracing transparent. And with transparency, 
we can identify our sources of  bias. 

 The authors of  VPT deserve credit for raising the 
issue of  biases when doing process tracing. This is cer-
tainly a legitimate problem for future scholarship to 
address. However, in its current form, VPT is unequal, 
impractical, and inaccessible. It perpetuates a hierarchy. 
The research assistants who do the hard work—argu-
ably the brunt of  the work—are considered merely as 
assistants and coders and never as equals (i.e., researcher 
#2 or co-researcher). The inaccessibility of  the method 
to those outside of  elite institutions with large resourc-
es exacerbates another hierarchy. And it introduces new 
problems just as compelling as the selection and omis-
sion biases for which they seek to correct. All these built-
in hierarchies—whether intentional or not—make the 
method one full of  veils of  ignorance. 
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Unpacking the Assumptions of the Veil of 
Ignorance to Highlight the Politics of Knowledge 
Production
Lauren M. MacLean
Indiana University-Bloomington

1  See also https://www.maxwell.syr.edu/moynihan/cqrm/CQMI_at_Syracuse/

The space for qualitative research has unques-
tionably narrowed in political science since the 
2000s, when the Perestroika movement demand-

ed greater inclusion in the discipline, and qualitative and 
interpretive methods were institutionalized within APSA 
and CQMI (Monroe 2005).1 Skeptics now question 
the basis for causal identification, frequently doubting 
whether qualitative and interpretive scholars have ana-
lyzed the evidence fairly and not simply “cherry-picked” 
what they were already inclined to believe. These critics 
even suggest that “bias” has led qualitative and interpre-
tive researchers to omit the key causal factors altogether. 

 I share the overarching goal of  Copestake, Goertz, 
and Haggard to enhance the credibility of  qualitative 
methods. It is vital to establish the foundation for causal 
inference in qualitative and interpretive research. And, 
yet, I disagree with many of  the basic assumptions and 
implications of  their approach. The Veil of  ignorance 
Process Tracing methodology (VPT) will not solve old 
problems but instead create new ones. The approach 
is based on several key assumptions that do not hold. 
Moreover, the method amplifies existing power dynam-
ics and increases inequalities involved in the production 
of  knowledge.

To begin, VPT is predicated on several unfounded 
and unreasonable assumptions. First, the whole notion 
of  a “veil of  ignorance” depends critically on the Princi-
pal Researcher (PR) delegating the process of  selecting 
data for analysis and conducting the preliminary coding 
to a Research Assistant (RA), who has no knowledge of  
the theoretical framework, hypotheses, or causal mecha-
nisms. Still, the PR must develop some kind of  criteria 
for the RA to select data and identify potential causal 
factors even in this first stage of  the workflow. The au-
thors suggest that the criteria might include: “the pres-
tige of  journals or book publishers, institutional affilia-
tion, strength of  personal connections with the event, 
the status of  relevant archives, and so on” (this issue). 

 The problem is that the above types of  criteria are 
essentially focused on the credibility of  the sources rath-
er than any substantive aspect of  the source materials. 
Since this does not provide any systematic mechanism 
for filtering data sources, the search for data would likely 
be very labor-intensive and inefficient. The RA would 
be led to include a near-census rather than a selection or 
sample of  materials from certain “more credible” sourc-
es. This effort would become very costly in terms of  time 
and wages, which would be prohibitive for junior faculty 
or graduate students, who experience growing pressure 
to publish quickly but with limited research funds.  

Furthermore, limiting the dataset to certain journals, 
book publishers, or institutional affiliations may intro-
duce particular analytic biases, which could result in the 
exclusion of  whole categories of  causal factors. Certain 
publishing outlets or academic institutions might be 
more inclined to recognize some kinds of  explanations 
as more “scientific” than others. For example, structur-
alist factors or constructivist explanations might not be 
emphasized in certain journals or by scholars working in 
some institutions. 

 Or, if  the RA only consulted sources who had strong 
personal ties to the events, another sort of  “bias” might 
creep into the dataset and subsequent coding. Working 
behind the veil of  ignorance, the RA would be relying 
on the causal factors suggested by the sources them-
selves (this issue). And yet, the actors that produced 
these sources would have had the most to gain or lose 
from the telling of  their story. As a result, these source 
materials may include strategic manipulation and obfus-
cation by the principals most directly involved in the set 
of  events. In the archival documents or interviews, these 
actors may subconsciously marginalize or intentionally 
hide other causal factors that would disadvantage their 
own personal interests and self-representation. 

 Second, this approach assumes that the RA’s brain is 
a tabula rasa and that this person does not have any prior 
knowledge of  theories, hypotheses, or potential causal 
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mechanisms that might influence their data collection 
and preliminary analysis of  potential causal factors. Us-
ing absolute terms, the authors suggest: “To do this they 
need no knowledge of  the project being evaluated; indeed 
ignorance enhances the credibility of  the coding as a test 
of  the project’s influence,” (my emphasis; this issue).  

 But it is impossible to come to any data collection 
without any priors. To the contrary, most RAs would 
likely be graduate students who were immersed in digest-
ing the canon of  social science theories, prone to gener-
ating hypotheses for even everyday dilemmas. To carry 
the authors’ example forward, how would such an RA be 
able to analyze the causal factors that contributed to the 
development of  democracy in Slovakia without any prior 
knowledge of  theory or a range of  hypotheses? Or with-
out any prior contextual knowledge of  the history of  
regime types in Slovakia, Eastern Europe, and the world 
during this particular time period?

Copestake, Goertz, and Haggard explain that the RA 
would probably be coding for Levitsky and Way’s (2010) 
variables, but it is unclear why this would be the case. Is 
there something inherently “logical” about a particular 
set of  variables? This might suggest that the Veil of  ig-
norance method would only produce causal factors that 
were patently obvious and might somehow be more cen-
trist or middle of  the road.

 An RA might not think of  and then code for hy-
potheses or causal mechanisms that were more radical 
or revolutionary, different, or unique somehow to this 
particular time period or set of  events. These data and 
variables might be perfectly legitimate to consider, but 
they might not occur to the RA because of  the admoni-
tion to stay behind the “veil of  ignorance.” In contrast, 
I would contend that multidisciplinary knowledge of  the 
area and historical period is critical to rigorous data col-
lection and analysis.

 Third, this approach assumes that what emerges 
from this process of  data collection is “raw data” or what 
the authors term “causal claim Lego blocks” (this issue). 
Not being guided by any particular theoretical framework 
does not make these causal claims more “raw,” pure, or 
unbiased. As shown above, the resultant data are likely to 
contain a different set of  biases. The conceptualization 
of  causal claims as “Lego blocks,” which are relatively 
small, machine-made cubes of  plastic, implies that causal 
factors are neatly linear and [click] fit perfectly togeth-
er. This does not seem to capture the complex fluidity 
of  the political world, with its nuance, blurred liminality, 
and subsequent need for contingent explanations. 

 Fourth, this approach assumes that the PR is then 

capable of  aggregating these Lego blocks in a way that 
is not biased or fulfilling their favored hypothesis. But, 
precisely because the dataset now claims the illusion of  
being raw and unbiased, the PR may be even less able 
to systematically evaluate or identify biases. This is par-
ticularly the case since the PR was kept separated from 
and was not involved in the collection and coding of  the 
dataset. In both observational and experimental analysis, 
PRs are expected to be intensely knowledgeable about 
the creation and coding of  the datasets they employ. In 
interpretive methodology, scholars do not seek the Truth 
through objectivity but rather conceptualize knowledge 
production as inherently subjective and thus think re-
flexively about their own and others’ positionality in that 
process (Yanow 2006). This arbitrary separation between 
RA and PR is neither required nor encouraged by other 
methodologies to be deemed systematic and rigorous. 

 In addition to being premised on several unreason-
able assumptions, Copestake, Goertz, and Haggard are 
advocating for an approach that depends on the per-
sistence of  inequalities in the production of  knowledge. 
John Rawls (1971) also draws on the notion of  a “veil of  
ignorance” in the development of  his theory of  justice. 
For Rawls, individuals will make just decisions for the 
society as a whole, when they make their evaluation from 
the “original position” where they imagine themselves to 
enjoy the same equality as every other individual. Rawls 
is often critiqued that it is actually impossible to posi-
tion oneself  “behind the veil.” Others go even further 
by contending that the Rawlsian fantasy of  liberal egali-
tarianism and social justice ignores the persistent reality 
of  inequalities based on gender, sex, race, income, etc. 
Below, I highlight how several dimensions of  power and 
inequality in the production of  knowledge are magnified 
by VPT. 

 First, on a very basic level, the methodology requires 
the PR to have the financial resources and authority to 
hire at least one RA. This may not be feasible for grad-
uate students, junior faculty, faculty at under-resourced 
institutions, or non-tenure track faculty without research 
funds. The veil of  ignorance is founded on the separation 
of  the project workflow among different roles; this may 
not be possible for many less senior scholars in weakly 
endowed research settings. 

 Second, the approach constructs a strict partition 
between the basic and concrete tasks of   “extraction of  
data” or “data collection” by the RA and the more com-
plex, abstract and theoretical “analysis” carried out by 
the PR. Importantly, not only are these tasks separated, 
but there is a clear hierarchy of  value, with the PR con-
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ducting, alone, what is deemed most difficult and im-
portant. Notably, this division of  labor seems to provide 
little opportunity for mentoring and learning between 
the RA and PR. To be an RA is often considered to be 
an opportunity for a research apprenticeship, to learn 
from a more experienced PR about the art and craft of  
research, from beginning to end. Yet, this Veil of  igno-
rance methodology severs the ongoing communication 
and collaboration between the RA and PR. 

 Third, the approach eliminates the power and agen-
cy of  the human participants in the research process 
and magnifies the possibility for exploitation of  these 
participants by the PR. The participants are not able to 
inform the development of  the working theory, hypoth-
eses, or causal mechanisms either. Instead, the human 
participants are portrayed as vessels from which the RA 
extracts data. The authors advocate that: 

“Where possible, QuIP data collection en-
tails “blindfolding” both field interviewers 
and interviewees from knowledge of  this 
prior theory and empirical work. In par-
ticular, interviewers are not briefed about 
the theory, hypothesis, or precise causal 
mechanism being tested, and are informed 
only about the outcomes of  interest” (this 
issue).

The “blindfolding” of  field interviewers and human 
participants in these studies raises significant ethical 
questions about the level of  deception that is acceptable 
within this approach. Do interviewers and study par-
ticipants know enough to qualify as having “informed 
consent”? Recent deliberation through the QTD and the 
APSA Task Force on Human Subjects Research has con-
cluded that our ethical commitments should always su-
persede other methodological considerations and goals.2  

To conclude, our collective answer to questions 
about the credibility of  qualitative research should not 
be to stick our heads in the sand and pretend that we 

2  See Jacobs and Büthe (forthcoming) for a summary of  the Qualitative Transparency Deliberation that highlights the primacy of  ethical 
obligations to human participants. See also APSA’s Principles and Guidance from the APSA Ad Hoc Committee on Human Subjects Re-
search: https://connect.apsanet.org/hsr/principles-and-guidance/.

are ignorant of  theory when we are assembling and in-
terpreting our data. Neither quantitative nor experimen-
tal scholars take this tact. Quantitative scholars draw on 
extensive knowledge of  theories, hypotheses, and causal 
mechanisms to identify which array of  controls should 
be included in the model and which indicator best opera-
tionalizes these concepts. Likewise, experimentalists base 
the randomization of  the treatment on deep knowledge 
of  theory as well as the politics in a particular context.   

 Researchers should be systematic and open about 
the process used for the selection of  cases and the col-
lection of  data. Reflexive openness throughout every 
stage of  research can enhance the possibility of  rigor as 
well as the ability to maintain our ethical commitments 
to our study participants and field sites (MacLean et al., 
forthcoming).  

 Researchers should not aim to hide behind a “veil 
of  ignorance” in order to evaluate their evidence and 
interpret causal processes fairly. In contrast, we should 
read more widely—well beyond our subfields and dis-
ciplines—to gain a profound understanding of  how 
politics, history, economics, cultures, and geographies 
intersect. We should also acknowledge explicitly and 
document openly how theory, research design, field re-
search, and analysis inform each other in an iterative 
process throughout our research projects (Kapiszewski, 
MacLean, and Read, n.d.; 2015).

 And instead of  trying to “blindfold” our RAs and 
participants, we should be consulting with and learning 
from their lived experiences and knowledge (Fujii 2017). 
A less authoritarian and more collaborative methodolo-
gy that decenters the sacred role of  the PR, and instead 
legitimizes the knowledge of  RAs and study participants, 
would make a greater contribution to new theoretical 
innovations and insights (Asiamah, Awal and MacLean, 
forthcoming).
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Veil of ignorance Process Tracing and Contested 
Critical Observations
James Mahoney
Northwestern University

The problem of  bias in the sources and evidence 
used to evaluate explanations in qualitative re-
search is a longstanding topic (Goldthorpe 1991; 

Lustick 1996; Isacoff  2005; see also Thies 2002). The 
specific problem addressed by Copestake, Goertz, and 
Haggard’s Veil of  ignorance Process Tracing (VPT) does 
not concern biases built into the available evidence it-
self  (e.g., systematic error across all sources). Rather, 
Copestake, Goertz, and Haggard are concerned with 
investigator-induced biases in the selection of  sources and 
the selection of  specific pieces of  evidence from within a given 
source. As a solution to these selection problems, the 
authors propose a new method—Veil of  ignorance Pro-
cess Tracing—in which a “veiled” research assistant is 
used to help neutrally select sources and evidence as well 
as code and interpret that evidence.

How serious of  a problem is “cherry picking” sourc-
es and evidence in case study and small-N research? I 
think the extent of  this problem should not be exag-
gerated. Scholars often explicitly acknowledge that the 
existing literature presents competing interpretations of  
events. In the course of  their case narratives, research-
ers frequently acknowledge differences among historians 
and historical experts in the interpretation of  particular 
events or processes. Mahoney and Villegas (2006) ar-
gue that comparative-historical researchers routinely call 

attention to major differences in the historiography if  
these differences are important for their arguments. The 
professional penalty of  ignoring or downplaying obvious 
contrary evidence is to have one’s scholarship regarded 
as misleading, poorly informed, and not worthy of  pub-
lication in peer-reviewed outlets.  

Researchers often discuss how they work to resolve 
differences among sources. They may follow the con-
temporary consensus position in the literature, drawing 
on more recent studies that highlight flaws in earlier in-
terpretations. They may side with the interpretation that 
is grounded in the more careful and thorough research. 
They also often explore the implications of  a particular 
contradiction in the evidence for the specific argument 
being advanced. Researchers often try to build their argu-
ments by using “basic information” —information about 
well-known events that is relatively free of  interpretation 
and not subject to a high level of  contestation (Thies 
2002, 353-354). Quite frequently, they discover that divi-
sions within the literature do not have a bearing on their 
arguments. To provide an example from my work on co-
lonialism in Spanish America (Mahoney 2010), historical 
demographers disagree quite a lot about the size of  the 
indigenous population immediately prior to colonialism 
(e.g., did 5 million or 20 million people live in Central 
Mexico in 1492?). Given my argument, however, I was 
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able to note these differences without having to stake out 
a specific position one way or the other. 

My view is that “cherry picking” is a major threat 
to validity for only select inferences in case study and 
small-N research. As such, I do not believe that Veil of  
ignorance Process Tracing is needed for all aspects of  
process tracing. However, I do see Veil of  ignorance Pro-
cess Tracing as offering an interesting solution to a par-
ticular and serious problem that often arises in case study 
and small-N research. This problem is the use of  contested 
critical observations as the basis for reaching conclusions 
about the validity of  a theory or proposition. VPT is a 
potentially powerful tool for dealing with contested criti-
cal observations in case study and small-N research.

Contested critical observations (CCOs) are at the 
intersection of  critical observations and contested ob-
servations. A critical observation is evidence or data that is 
highly consequential in the evaluation of  a proposition 
or theory. In the context of  process tracing, a critical ob-
servation is a piece of  evidence or a set of  evidence that 
substantially alters prior beliefs about the validity of  a 
proposition or theory (Barrenechea and Mahoney 2019; 
Fairfield and Charman 2019). A contested observation is a 
piece of  evidence or a set of  evidence (including perhaps 
an entire source) whose validity is disputed. The nature 
of  this dispute may involve either descriptive or causal 
inference, and the dispute may or may not be a highly 
politicized and normatively charged.  

The methodology developed by Copestake, Go-
ertz, and Haggard offers a useful strategy for tackling 
the problem of  contested critical observations. At an 
early stage of  research, a veiled assistant could help the 
principal investigator (PI) determine whether specific 
observations are in fact CCOs that need to be carefully 
handled. Under this approach, the PI would direct the 
veiled assistant to various observations that could be im-
portant and contested. The advantage of  having a veiled 
assistant at this stage is that she or he can remain neutral 
with respect to the question of  whether these observa-
tions are critical and whether they are highly disputed. 
For qualitative researchers, it can be quite helpful to have 
a neutral viewpoint regarding the extent to which a criti-
cal observation is contested in the literature. The PI may 
be more apt to view a helpful CCO as less contested 
than it really is. Likewise, the PI may be more apt to view 
an unhelpful CCO as more contested than it really is. 
The use of  a veiled assistant could help assure both the 
PI and the broader scholarly community that key obser-
vations have been correctly weighted and appropriately 
discussed when contested.

Figure 1 presents a two-by-two table in which ob-
servations are situated along two dimensions: criticalness 
and contestation. My argument is that Veil of  ignorance 
Process Tracing is mainly useful for inferences that de-
pend on observations from cell 2, where both criticalness 
and contestation are high. If  critical observations are not 
highly contested (cell 4), VPT is not needed to ensure 
unbiased interpretation. If  contested observations are 
not critical (cell 1), the payoff  of  VPT is probably not 
worth the effort, time, and resources. I am arguing that 
VPT is a methodology for dealing with inferences that 
depend on observations that are both very influential 
and highly contested—that is, CCOs.
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Allow me to discuss the example of  late-colonial 
Chile from my own work on colonialism and develop-
ment in Spanish America (Mahoney 2010, 174-76). One 
part of  the argument about Chile turned on the question 
of  whether this region was a marginal colonial territory 
during the late Bourbon period of  Spanish colonialism 
(from about 1770 to 1820). I worked to gather all the 
secondary sources I could find relevant to this issue, 
and I concluded that the bulk of  the evidence suggest-
ed that Chile was a colonial periphery. However, a few 
pieces of  evidence and one particular source suggested 
that it was actually a vibrant colonial region. I noted in 
the text that some evidence was consistent with an al-
ternative view, and I briefly discussed the contradicting 
source in a footnote (331). However, for this specific set 
of  observations, I believe that VPT would have been an 
attractive approach. It would have helped resolve what I 
still consider to be an important question regarding my 
argument: Would a neutral (though knowledgeable) read-
er looking at this set of  evidence arrive at the conclusion 
that Chile was a late-colonial periphery?

Another example is Jack Levy’s (1990-91; 2007) work 
on the origins of  the continental war in Europe that led 
to World War I (see the summary in Copestake, Goertz, 
and Haggard’s Figure 2, this issue). How might VPT 
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have been useful to Levy in developing and assessing ex-
planations of  the continental war? It seems doubtful that 
a veiled assistant would have been helpful with the basic 
theoretical framing of  Levy’s explanation, which views 
the war as a product of  Russian and German mobiliza-
tion into the local war between Austria and Serbia. Nor 
would a veiled assistant have been helpful for informing 
Levy about the kinds of  factors that are normally em-
phasized in explanations of  wars in general and the con-
tinental war in particular. Levy knows as much as anyone 
about these topics.  

Instead, the assistant could help in two other ways. 
First, the assistant could help decide whether any obser-
vations used by Levy are contested critical observations. 
For instance, consider the causal chain (circles 1-6 in the 
summary figure) leading to the local war between Austria 
and Serbia. A veiled assistant could examine these indi-
vidual linkages and identify which ones are clearly sup-
ported by the literature and which ones seem more con-
testable. This information can be shared with Levy, who 
could then report the disputes in an appendix or even 
better using an active citation system (Moravcsik 2014). 
Second, for these contested linkages, the assistant can 
help identify the alternative factors and explanations that 
Levy may want to consider. For instance, what other fac-
tors besides those listed (circles 1-4) tipped the balance 
in favor of  the Austrians initiating war with Serbia (circle 
5)? Are any of  these additional factors more important 
than those listed by Levy? At the end of  the day, Levy’s 
original explanation may not change. Nevertheless, Levy 
could report that a veiled assistant reviewed the individu-
al linkages in the chain, looking for any obvious discrep-
ancies in the sources and evidence.

What about selecting the sources to use when con-
ducting research on a given topic? Is VPT useful for 
avoiding biases with that task? With case study and 
small-N research, my view is that a veiled assistant would 
generally offer only modest value-added in the selection 
of  sources. The main reason why is that excellent case 
study and small-N research requires that the investigator 
her or himself  become an expert in the literature for every 
one of  the cases under analysis. Developing this expertise 
often requires years of  reading and studying the literature 
and sources related to the cases under study. I think it 
would signal serious problems if  a novice research assis-
tant could come along and point out important additional 
sources of  which the principal investigator was unaware.  

The place where the veiled assistant could be helpful 
is identifying sources for secondary cases in small-N re-
search. These cases receive only brief  treatment because 

they are used for strategic purposes in comparative re-
search, such as introducing a control case when evaluat-
ing a particular causal factor. Again I see the role of  the 
assistant as targeted: The assistant would gather sources 
relevant to the strategic way in which the researcher is 
using the case. This kind of  research assistance is already 
often used by scholars. Professors often hire RAs to help 
with gathering literature and evidence for secondary cas-
es. The difference with VPT is that the assistant must 
not know in advance what kinds of  evidence will and will 
not support the PI’s hypotheses. Hence, the assistant has 
every incentive to be as neutral as possible when identi-
fying sources.

Perhaps the main context in which VPT can be use-
ful for selecting sources is medium-N studies (e.g., 20 to 
100 cases). With these studies, the principal investigator 
usually cannot be an expert on every single case under 
analysis. Moreover, the goal of  the PI is not to develop a 
rich sequential narrative for each case. Instead, the PI is 
interested in specific propositions (e.g., a specific causal 
linkage) and the observations that do and not support 
their validity. For instance, Haggard and Kaufman (2012) 
test theories proposing that inequality shapes democrati-
zation via the mechanism of  distributional conflict. They 
code a medium number of  cases across a small number 
of  variables, including especially the variable of  distri-
butional conflict. Would an unbiased researcher arrive at 
the same codes for all cases? Certainly, asking and an-
swering this question is good social science. I think the 
veiled coding of  particular variables often makes sense 
when conducting medium-N research. With high-qual-
ity qualitative research, such as Haggard and Kaufman 
(2012), the investigators have worked hard to put the veil 
over themselves throughout the research process. Well-
trained qualitative researchers repeatedly ask themselves 
how an objective critic might find and use evidence to 
show that their argument is wrong. That said, good sci-
entific practice suggests that actually putting the veil on 
from the start is far better than trying to imagine wearing 
a veil after you have already seen much evidence.  

Practical issues of  implementation would doubtless 
stand as obstacles to using even the focused kind of  VPT 
that I have discussed. Perhaps most important, the new 
central actor in this methodology—the veiled research 
assistant—would need to have appropriate characteristics 
to help carry out high-quality VPT. For instance, let us 
pretend that we seek to reanalyze Haggard and Kaufman 
(2012) using a veiled assistant. What kind of  assistant 
would be most appropriate?  To begin, we would need 
an assistant who either does not know this Haggard and 
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Kaufman article or who does not know we are reconsid-
ering its findings. The assistant probably would need to 
have a background in comparative politics and excellent 
overall research skills. The assistant would also need a 
great deal of  time and energy to go through every single 
one of  Haggard and Kaurman’s cases! It seems unreal-
istic to imagine that a single research assistant could do 
a good job carefully coding every single case using an 
unbiased sample of  sources.

Instead, what I have argued in this paper is that one 
might use VPT to deal with the contested critical obser-
vations (CCOs) in Haggard and Kaufman’s (2012) arti-
cle. In this particular article, the CCOs would be particu-
lar codes of  distributional conflict that are influential but 
potentially wrong, given all of  the evidence. The chal-
lenge would be identifying which specific codes fall into 
the CCO category. Haggard and Kaufman themselves 
explicitly note some borderline cases, indicating that they 
coded them conservatively to work in favor of  the the-
ories they critically assess. Nevertheless, one might still 
want to direct a neutral veiled assistant to explore these 
cases more carefully.

Methodologists could also develop general rules and 
heuristics for veiled assistants to use when locating po-
tential CCOs. When deciding if  an observation is a CCO, 
one can start by asking about the extent to which sourc-
es agree and how many sources agree or disagree con-
cerning the truth of  the observation. What is the nature 

of  the disagreement? One could then follow guidelines 
for weighting different sources and their interpretations. 
Some of  the factors considered might include the year 
of  publication of  the source; the quality of  the press, 
journal, or outlet that published the source; the extent 
to which the authors of  the source have potential bias-
es; other author characteristics, such as reputation, job 
rank, and employer; the extent to which the source’s ev-
idence is directly on topic; and the kind and quality of  
the primary sources that are used to derive conclusions. 
In developing rules, researchers could certainly draw on 
insights from historians, who have thought a lot about 
how to deal with conflicting sources and interpretations. 
Through the development of  more objective rules for 
identifying contested critical observations, scholars could 
make the most of  a veiled assistant’s time and skills.  

I want to end on a note of  thanks to the authors for 
helping us think through the ways in which qualitative 
research might be enhanced by introducing neutral assis-
tants who do not have a stake in the results. Whether or 
not Veil of  ignorance Process Tracing becomes a signifi-
cant new instrument in the qualitative toolkit, Copestake, 
Goertz, and Haggard have done a service by stimulating 
this discussion about the role of  researcher biases in pro-
cess tracing and qualitative analysis. Their work encour-
ages us to repeatedly ask and seek answers to the follow-
ing question: What would an objective investigator find?
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The Veil of ignorance Process Tracing (VPT) Meth-
odology: Some Practical Considerations and Lim-
itations (to Decoupling) 
Sandrino Smeets 
Radboud University

With the introduction of  their new approach to 
process tracing (PT), Copestake, Goertz, and 
Haggard seek to tackle what is arguably the 

most prevalent and most serious shortcoming in quali-
tative case study research: the “cherry-picking” of  cases, 
data sources, or evidence to fit the claim or theory that the 
researcher is trying to substantiate. The authors should 
also be complimented for their attempt to make process 
tracing analyses “more rigorous and transparent” (this 
issue). By now, we have a variety of  handbooks that offer 
high quality, hands-on advice on how to set up and con-
duct a process tracing analysis (see e.g., Beach and Peder-
sen 2019; Bennett and Checkel 2014). However, the term 
“process tracing” is still being stretched by scholars, who 
essentially provide us with a narrative reconstruction of  
a (causal) process. The question “how valid are my causal 
inferences compared to the inferences of  others?” re-
mains central to process tracing analyses. And we should 
welcome attempts to further develop the methodology 
of  causal attribution, specifically for within-case analyses, 
in which we deal with one or a few instances of  a cause-
and-effect relationship. 

The proof  of  the pudding, however, is in the eating. 
So, the relevant question is: Would I be able to apply the 
VPT methodology in my own research and, more im-
portantly, would it lead to better causal process analyses? 
One central causal claim in my research concerns the im-
portant role and influence of  institutional actors—with-
in the context of  the European Union (EU) —vis-à-vis 
national actors in determining the course and outcome 
of  international negotiations (see e.g., Smeets and Beach 
2020). Within the field of  EU studies, the most influen-
tial actors are generally considered to be Germany and, 
to a lesser extent, France (see e.g., Moravcsik 1998). If  I 
were to go against the dominant interpretations that it is 
“all about Germany,” and seek to show that institution-

al actors, like the European Commission and European 
Council President, play a prominent role, would VPT 
help me do a better job?

The solution that Copestake, Goertz, and Haggard 
offer to the problem of  cherry-picking is straightfor-
ward: to decouple the process of  collecting and recording/
coding the raw data (exploratory phase) from the pro-
cess of  interpreting/evaluating that data in relation to 
theorized causal mechanism (confirmatory phase). The 
exploratory work is to be done by a competent, but not 
too informed or involved, research assistant (RA), while 
the confirmatory work is left for the principal researcher 
(PR). To be able to conduct the fieldwork, the RA should 
be somewhat familiar with the field but not too informed 
about the PR’s theoretical predispositions. This would 
allow the RA to collect “pure,” “untainted” empirical 
material regarding the role and influence of  particular 
actors—what Copestake, Goertz, and Haggard refer to 
as “causal claim Lego blocks” (this issue). The PR would 
subsequently receive this complete set of  blocks of  
causal process observations (CPO), and therefore not be 
able—or less inclined—to focus only on the blocks that 
support her theoretical point of  view. 

There is some merit to the idea of  “blindfolding” the 
data gatherer. Confirmation bias is a persistent problem, 
specifically (but not only) in the social sciences, in which 
definitive proof  in favor or against a particular theorized 
hypothesis is often hard to come by. In the field of  EU 
studies, any scholar will be able to find supporting evi-
dence for the claim that either Germany or the Europe-
an Commission was very influential in the negotiations, 
particularly when interviewing stakeholders from one of  
these two sides. In fact, even a view that Malta has been 
very influential in EU negotiations can be grounded in 
some empirical observations. The question is whether this 
evidence, and the interpretation of  this evidence, holds 
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up in the eyes of  well-informed peers.
I am not sure that VPT is on the right track by trying 

to “objectify” the process of  data gathering and primary 
analyses. The core of  the problem is not that researchers 
generally seek supporting evidence for their theoretical 
claims and larger research programs. This is very much 
the “normal” or “positivist” approach to scientific re-
search, along the lines of  Karl Popper, Thomas Kuhn, 
and Imre Lakatos. The core of  the problem is that the 
way in which case study researchers evaluate or weigh dif-
ferent pieces of  evidence is often obscured. 

We need not concern ourselves with such meta-the-
oretical discussions about what constitutes facts and ev-
idence but rather focus on a more practical limitation: 
Once the RA has collected and recorded all the raw 
CPOs, it is still unclear how the PR should go about the 
job of  evaluating this extensive collection of  raw data. 
Provided that she cannot simply present or include the 
entire “set of  blocks” in the textual analysis, which pieces 
of  evidence make it into the theoretical synthesis, and 
on what grounds? The core problem with “cherry-pick-
ing,” in my view, is not that researchers pick and choose 
amongst pieces of  evidence.  One of  the major advan-
tages of  working with CPOs instead of  data set observa-
tions (DSOs) is that different weight can, and should, be 
attached to individual pieces of  evidence. To go back to 
my example, if  out of  the ten people I interviewed, eight 
indicated that the German Chancellor played a promi-
nent role in the negotiations, that number as such would 
not constitute meaningful evidence in a process tracing 
analysis. Process tracing is not about stockpiling pieces 
of  evidence but about identifying the weakest link in a 
causal argument. 

The bigger problem with “cherry-picking” is that the 
researcher attaches far too much weight to some of  these 
observations—for example, if  the researcher finds a few 
circumstantial pieces of  evidence (e.g., through inter-
views, archival research, or secondary data such as press 
reports) that indicate that the European Commission 
played a notable role and then uses these as leverage to 
support a comprehensive theory of  Commission leader-
ship. This weighing/evaluating problem is not overcome 
by using VPT. In fact, the use of  “blindfolded RAs” for 
data gathering and primary analysis (recording/coding) 
might aggravate the problem. This is because the pro-
cess of  weighing and evaluating pieces of  evidence starts 
during the data gathering. In elite interviewing, the goal 
is not to harvest as many individual pieces of  evidence 
as possible. The purpose is to get at real, in-depth, and 

meaningful evidence in light of  the claims that the re-
searcher is trying to investigate. 

This means that the interviewer needs to be embedded 
in the field and topic, so that she is able to judge and 
evaluate the statements of  the interviewee and ask fol-
low-up questions on the evidence to back up a specific 
(causal) claim. For instance, a claim by the interviewee 
that the Commission was very influential in a particular 
phase of  the negotiations is substantiated by a compari-
son of  the final Treaty text with the initial (“untainted”) 
draft text presented by the Commission. The interviewer 
needs to be able to pick up subtle signals that are being 
sent and respond to them accordingly. 

This is why such interviews can rarely be done 
through standardized or even semi-structured inter-
views. It also means that interviews should be conducted 
by deeply informed and involved researchers. The inter-
viewees, whether they are government representatives or 
high-level civil servants, already have an informational 
advantage over the interviewer. This means that the latter 
can either be “taken for a ride” or that she is sent home 
with very general data (e.g., that the German Chancellor, 
Angela Merkel, was very influential at an EU Summit). 
Even more problematic, interviews done by “outsid-
er-interviewers” tend to replicate the conventional wis-
dom and prevalent views on a matter, instead of  allowing 
the researcher to look beyond these. The PR would thus 
very likely be presented with a lot of  transcripts that are 
either biased or of  little added value. 

Finally, how to proceed with VPT (and other types 
of  PT for that matter)? VPT highlights an important 
problem/limitation with many existing PT analyses, 
which are still characterized by confirmation biases and 
limited source criticism. The distinction that VPT makes 
between an exploratory and a confirmatory phase in data 
processing is very interesting from an analytical point of  
view. In qualitative, case study analysis, many scholars still 
tend to seek and therefore find the evidence that they 
were looking for to substantiate pre-held claims. I sup-
port the call for more openness, perhaps even a “whiff  
of  inductivism” when gathering and analyzing data. 
However, I am not sure whether the two phases—ex-
ploratory and confirmatory—can be neatly separated on 
an empirical level. A significant amount of  (often implicit) 
selecting already takes place in the very first, exploratory 
stage of  data gathering, irrespective of  whether an RA or 
PR is doing the fieldwork. 

The solution to this problem lies not in ex-ante “neu-
tral” data gathering. The solution lies more in the ex-post 
critical evaluation of  the pieces of  evidence that the PR 
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decides to put forward in support of  her theoretical 
claim(s). “Cherry-picking” by individual researchers is 
not something we can weed out entirely by means of  a 
rigorous, transparent methodology. We will always need 
critical evaluation, by means of  informed peer review, 
of  the causal weight/leverage that is attached to certain 

1  The order of  the authors is alphabetical. Thanks to the QuIP team—Fiona Remnant, Rebekah Avard, Marlies Morsink, and Steve Pow-
ell—for many discussions. Thanks, as well, to Jim Mahoney for comments on an earlier draft. 

pieces of  evidence. In the terminology of  Copestake, 
Goertz, and Haggard, it is not that all the “Lego blocks” 
should converge on the favored causal mechanism, but 
rather about whether the structure that is built with these 
blocks can carry the theoretical weight that is put on it. 
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Lost in Translation: A Reprise on the Veil of  
ignorance Process Tracing Method 
James Copestake Gary Goertz Stephan Haggard1 
University of Bath University of Notre Dame University of California-San Diego

Introduction

To say that our modest proposal for Veil of  igno-
rance Process Tracing (VPT) did not get much 
support amongst this prominent group is an un-

derstatement. Nonetheless, the symposium raises import-
ant questions about the current state of  process-tracing 
methodology that still need to be addressed. Moreover, it 
suggests there are competing proposals for handling the 
issues we have raised, including the Bayesian vision out-
lined with great clarity by Fairfield. We focus on the four 
questions we consider most important: (1) the role of  
causal mechanisms and the causal claims that constitute 
mechanisms in process tracing; (2) the extent to which 
our critics think there is a problem to be addressed in the 
first place; (3) practical issues; and (4) normative ques-
tions. We believe these normative issues arise not simply 
with respect to our proposed method but in the organi-
zation of  research—and particularly large-scale research 
projects—more generally. 

We start, however, with a brief  review of  the QuIP 
methodology that inspired our proposal, because the few 
comments it elicited suggest a limited understanding of  

it. This recap also serves as an introduction to our four 
overarching questions regarding the VPT methodology. 

Understanding the QuIP
 Beach notes that the QuIP methodology “reads as if  

it were originally framed to allay funder concerns about 
evaluation case studies by including a number of  buzz-
words from experimentalist research.” In fact, the QuIP 
is a product of  more than six years of  action research in 
the context of  wider efforts to strengthen the status and 
use of  qualitative methods in the massive field of  evalua-
tion studies (e.g., Stern et al. 2012). Many commissioners 
of  evaluations have been concerned that causal claims 
derived from experimental designs are both atheoretical 
and contain a quite obvious cherry-picking bias by typ-
ically testing the hypothesis that a favored intervention 
(i.e., the treatment) worked. The QuIP is one response to 
these concerns and to the demand for better qualitative 
complements to experimental approaches. It also drew 
explicitly on Copestake’s reading of  the process tracing 
literature (e.g., Copestake, Morsink, and Remnant 2019, 
37–38). 
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The QuIP set out primarily to do one thing as clearly 
and transparently as possible: to find out what selected 
respondents perceive to be the most important causal 
drivers of  change in selected domains of  their lives. As 
in the new generation of  experimental work that also 
seeks to tap more open-ended interviews—most notably 
the work of  Paluck (2010)—these interviews were seen 
as tapping into the vast storehouse of  knowledge held 
by participants on social relationships, feedback mech-
anisms, and individual motives for action. If  qualitative 
process tracing methods are going to add any value to 
choice- or game-theoretic models, it can only come by 
probing these connections. 

A second aim of  the QuIP research has been to im-
prove on the way respondents’ views can be aggregat-
ed in order to generalize to wider populations. To this 
end it has developed methods for systematically coding 
discrete causal claims. It uses diagrams to visualize the 
corresponding causal mechanisms, while recognizing that 
these diagrams typically reflect only the bare skeleton of  
the narratives that underpin them. 

A number of  contributors to the symposium fault the 
QuIP for uncritically accepting that what subjects say is 
causally—or even factually—correct. The QuIP address-
es this problem in some detail. First, it goes to consider-
able lengths to reduce potential bias in subject responses. 
Second, QuIP studies are always integrated with other 
sources of  evidence. Third, it is often useful to know 
what respondents perceive to be true, even if  it is reject-
ed. Lastly, the problem is hardly unique to the QuIP, in-
deed it is almost universal to all research. For example, it 
comes up in the use of  archival material ultimately crafted 
by self-interested actors, in secondary sources in which 
authors have preferences for particular explanations, and 
in structured as well as open-ended interviews. 

Is confirmation bias a major problem? A surpris-
ing outcome of  this symposium for us was the extent 
to which respondents tended to minimize the problem 
the VPT was seeking to address. This contrasts sharply 
with the attention it attracts in other fields, including psy-
chology (Chambers 2017). Evaluators and policy makers 
often cite confirmation bias, along with other response 
biases, as a reason for doubting what people are reported 
to have said rather than what they have revealed through 
observable actions. 

Is blindfolding a practical way of  responding to this 
problem? QuIP experience of  partly blindfolding re-
searchers as a response to this problem is now extensive. 
The approach does limit the scope for more pointed prob-
ing about a particular intervention, and for this reason is 

generally combined in different ways with unblindfolded 
data collection. The pay-off  is that the QuIP empowers 
researchers and respondents to explore drivers of  change 
in specified outcome domains through open-ended con-
versations that avoid steering respondents toward favored 
causal stories. Researchers and respondents can thereby 
also talk on a more equal footing, because neither is privi-
leged with detailed prior knowledge of  what the commis-
sioner of  the research is most interested in. The approach 
also increases the importance of  working collaboratively 
with skilled and well-briefed interviewers—in sharp con-
trast to studies that limit the scope for field researchers to 
exercise their skills and discretion. 

A second practical objection is that data collection 
should not be separated from data analysis and interpre-
tation. This criticism overestimates the nature of  the fire-
walls that the QuIP seeks to create. Falling somewhere 
between the total immersion of  the lone researcher and 
the rigid task demarcation common with quantitative sur-
veys, the QuIP research process hinges on team work and 
iteration: Not a strict formalization of  roles but a struc-
tured process of  deliberation based on the shared goal of  
articulating as accurately as possible the views of  those 
interviewed (Copestake et al. 2018; Copestake, Davies, 
and Remnant, 2019). 

Is blindfolding ethical? QuIP research is motivated by 
the goal of  giving voice to the often-ignored experience 
of  intended beneficiaries of  international development 
activities in a more credible way. The approach reduces 
power imbalances between interviewers and respondents 
arising from an asymmetry in prior knowledge about 
what the study is seeking to establish. Transparently lim-
iting what interviewers and respondents know in advance 
also enhances the credibility that commissioners attach 
to the findings (Copestake, Morsink, and Remnant 2019). 
Of  course, the reasons for blindfolding should be fully 
explained to all involved, as is the case for blinding in 
randomized control trials. Respondents should also con-
sent, be able to withdraw at any time, and be informed 
about who they can consult if  they have further queries 
about the research. These principles apply equally to in-
terviewers; their full understanding and assent to being 
temporarily blindfolded is critical to the whole approach, 
as is their systematic debriefing. QuIP studies have been 
routinely subjected to ethical approval and found consis-
tent with extant research norms. 

Having briefly clarified the QuIP approach, we return 
to the central question of  this symposium: Is there some-
thing about this experience that could be extended to the 
evidence that makes up much of  what qualitative process 
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tracing does more widely; namely, extracting evidence—
including causal claims made by the principles—from pri-
mary and secondary sources? 

Causal Mechanisms and Causal Claims
 It is useful to start from a central goal of  our meth-

odology—and we think of  all process tracing—which is 
the generation of  causal mechanism figures. With the ex-
ception of  the commentary by Derek Beach (this issue), 
none of  the pieces makes significant mention of  causal 
mechanisms at all. The symposium has made it clear to 
us that there remain a variety of  unresolved issues about 
the role of  causal mechanism figures in process tracing, 
including the semantics as well as ontology surrounding 
them. Given that they are a central goal of  the proposed 
approach, it is worth considering these issues in some de-
tail.

As a starting point, consider Robert Axelrod’s 1976 
Structure of  Decision (a book cited nearly 4500 times). Axel-
rod uses a methodology that has many similarities with 
ours. He defines a cognitive map exactly the way we de-
fine a causal mechanism:

 “A cognitive map is designed to capture the structure of  the 
causal assertions of  a  person with respect to a particular policy 
domain… A cognitive map has only two  b a s i c 
types of  elements: concepts and causal beliefs. The con-
cepts are treated as  variables [boxes], and the causal 
beliefs are treated as relationships [arrows] between  
the variables” (Axelrod 1976, 58). 

As his main example, he and his graduate students 
at Berkeley approached an archival source and coded re-
cently declassified transcripts of  elite committee meetings 
regarding the deliberations of  the British Eastern Com-
mittee in 1918. 

Figure 1: Causal Mechanism Figures
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Munitions in 1943 through the 1952 MITI reorganization which was the immediate precursor to 

MITI’s policy dominance, serves as the critical juncture in this story.

Figure 1.2. Causal Graph of the Japanese Developmental State 

Source: Ricks and Liu 2018.

goal of the proposed approach, it is worth considering these issues in some
detail.

As a starting point, consider Robert Axelrod’s 1976 Structure of decision
(a book cited nearly 4500 times). Axelrod uses a methodology that has many
similarities with ours. He defines a cognitive map exactly the way we define
a causal mechanism:

A cognitive map is designed to capture the structure of the causal as-
sertions of a person with respect to a particular policy domain. . . . A
cognitive map has only two basic types of elements: concepts and causal
beliefs. The concepts are treated as variables [boxes] , and the causal
beliefs are treated as relationships [arrows] between the variables. (Ax-
elrod 1976, 58)

As his main example he and his graduate students at Berkeley approached
an archival source and coded recently declassified transcripts of elite commit-
tee meetings regarding the deliberations of the British Eastern Committee
in 1918.

One can find ample examples of causal mechanism figures in the qual-
itative comparative politics space, including exemplary ones generated by
participants in this roundtable. As an example we reproduce a causal mech-
anism figure, as figure 1, from Ricks and Liu’s article on process tracing.

This is quite typical of causal mechanisms that include exactly what Ax-
elrod described above: entities and causal relations between them. If one
breaks up these causal mechanism figures they decompose into a discrete
number of what we called causal claims or causal Lego blocks. So for ex-
ample, in the one reproduced here explaining the Japanese developmental
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One can find ample examples of  causal mechanism 
figures in the qualitative comparative politics space, in-
2  The Ricks and Liu (2018) example also illustrates the need for a much more complex and sophisticated set of  semantics for these figures. 
They use dotted lines to indicate relevant background information that is not causally relevant. In the online appendix they write: “Alterna-
tive information about the points prior to this time period, although interesting, is not essential to this causal story, and thus we link it with 
dotted arrows,” (Ricks and Liu 2018, 5).
3  Goertz co-edited the volume with Levy (2007) containing his World War I analysis.

cluding exemplary ones generated by participants in this 
roundtable. As an example, we reproduce a causal mech-
anism figure, as Figure 1, from Ricks and Liu’s (2018) ar-
ticle on process tracing. 

This is quite typical of  causal mechanisms that in-
clude exactly what Axelrod (1976) described above: en-
tities and causal relations between them. If  one breaks 
up these causal mechanism figures they decompose into 
a discrete number of  what we call causal claims or caus-
al Lego blocks. So, for example, in the one reproduced 
here explaining the Japanese developmental state, there 
are two causal claims that correspond to the two solid 
arrows in the figure.2 

This example from Ricks and Liu (2018) is very sim-
ilar in spirit to how we suggest that the VPT might be 
used to evaluate extant qualitative research, for example, 
the Levitsky and Way (2010) claims made in their out-
standing case studies. If  we were to use this technique to 
assess their causal claims, we would first need to draw the 
causal mechanism figure corresponding to their theory 
and then investigate the validity and veracity of  the causal 
Lego blocks used in it. In effect, these are the steps in the 
theorized and observed causal process that figures such 
as those in Ricks and Liu (2018) and Beach and Pedersen 
(2013) use in outlining the approach. 

Beach (this issue) expresses concern that these causal 
mechanism figures are in fact descriptive (“the VPT ap-
pears to understand mechanisms as a descriptive series of  
events”). This is a serious misreading, although the fault 
may be ours. A causal mechanism—and a related causal 
mechanism figure—consists of  a set of  postulated causal 
relationships. Beach argues that Jack Levy’s work in this 
vein is descriptive, but this is not correct: His claims are 
causal.3 We see the core of  process tracing to reside in the 
articulation of  causal mechanism figures. 

Such causal mechanism figures are generated through 
both deductive and inductive research processes as Beach 
and Pedersen (2013) point out. At no point do we say 
that the generation of  either theory or causal claims can 
be achieved through induction; this is a red herring. For 
example, game theory provides a large class of  deductive 
models that can be mapped as game trees and thus have 
figures embodying causal mechanisms. Contrary to our 
critics, we in fact believe—as we are sure they do—that 
work in the qualitative process tracing tradition is an it-
erative process between theory, an extant literature, and 
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within-case causal inference. 

Causal Claims, Evidence, and Sources
 A great deal of  confusion among the participants 

was caused by some problematic features of  our own 
workflow figure. And those problems go directly to the 
discussion in the symposium about the relationship be-
tween causal claims and evidence but also to our focus 
on sources. Few, if  any, of  the participants picked up on 
a core feature of  our approach, which is to force thinking 
about the dependence of  qualitative research on sources 
who are not only potentially biased but the very selection 
of  whom might also be biased. 

In the column dealing with processing and collect-
ing causal claims there was some quite ambiguous lan-
guage—particularly “data collection and coding” —that 
was not useful in expressing what the methodology is 
about. What exactly is this “data collection and coding”? 
As we will show, the lines between causal claims and evi-
dence are not as sharp as the participants think. 

A concrete example dealing with secondary sources 
might help. Goertz was attracted to the QuIP methodol-
ogy because it was similar to what he did in preparation 
for a 2007 anthology with Jack Levy on the causes of  
World War I. In writing the parts of  the book dealing 
with the war, he downloaded all of  the articles published 
in the journal International Security dealing with the conflict. 
Goertz was in no way an expert on World War I; this is 
important to underscore given the skepticism about re-
search assistants doing this work. But he was interested 
in systematically gathering important causal claims about 
the war. He was in no position to evaluate the substance 
of  the claims but was very concerned about correctly cat-
aloging and describing those claims. That is exactly what 
QuIP does and what the veil of  ignorance asks research 
assistants to do. 

But what exactly is being collected here? Perhaps the 
core theoretical critique of  our approach is that it con-
fuses causal claims or hypotheses with the evidence that 
is used to support them. But these lines are far less clear 
than the participants think. Moreover, the responses do 
not address some of  the defining features of  qualitative 
work, which include reliance on interviews, primary and 
archival materials, and secondary sources. These sources 
do not contain “raw evidence,” but causal claims. In their 
exposition of  Bayesian methods, for example, Fairfield 
and Charman (2017) cite as a piece of  “evidence” what 
is in fact a causal claim: An informant tells Fairfield that 
particular measure was “ruled out as infeasible on every 
such occasion due to resistance from the right coalition” 

(374). The causal claim of  the participants is in effect tak-
en as a piece of  evidence in support of  the hypothesis, 
aka causal mechanism, of  the analysts. 

Fairfield chides us for muddying the relationship be-
tween causal claims (hypotheses) and the evidence col-
lected for them. However, we clearly did not fully recog-
nize this problem at the time and did not adequately think 
through the important distinction between cataloguing 
causal claims, collecting causal claims from sources that 
support causal claims, and collecting other types of  evi-
dence that might support a causal claim. This method is 
addressed to the first of  these two processes, and not to 
the third. 

Fairfield and Charman (forthcoming) provide one 
ideal principle that we completely support regarding in-
formation and process tracing: There should be informa-
tional completeness and all relevant information should 
be taken into account. This is precisely the goal of  the veil 
of  ignorance approach, to provide a set of  causal claims 
regarding the target event that are as complete as possi-
ble. This can only be done based on an unbiased, system-
atic search of  the relevant sources. 

Is There a Problem?
 Scholars should not get credit for solving problems 

that either don’t exist or are of  their own making. One 
of  the things we have learned from the symposium is 
that there is a range of  opinion about the severity of  the 
cherry-picking or researcher bias problem, which the veil 
of  ignorance is designed to address. We were honestly 
surprised by this, because arguably the entire evolution 
of  the field of  qualitative methods has been aimed at in-
creasing the reliability of—and reducing possible biases 
in—qualitative analysis. 

We reiterate that the first step in this process —select-
ing data sources—is nothing more than structured due 
diligence. The process we have identified assures the re-
searcher that she is accessing a full and as unbiased set of  
sources as possible, what one reviewer dismissively calls 
a “census” or catalogue. But particularly in fields where 
issues are contested—including through bias arising from 
power or discrimination—such assurances should not be 
dismissed. We need to not only be aware of  the universe 
of  causal claims, but to satisfy ourselves and others that 
we are drawing them from an appropriately diverse set of  
sources in order to minimize bias. 

Mahoney (this issue) is the one reviewer who sees a 
role for the methodology in what he calls “contested ob-
servations.” We take this to mean some causal links in the 
causal mechanism are noncontroversial while others gen-
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erate much debate. If  one looks at the causal mechanisms 
surrounding virtually any social science outcome of  seri-
ous substantive interest, there are almost certainly going 
to be aspects of  those causal claims that are controversial. 
Minimally, such an assessment requires a reasonably sys-
tematic survey of  competing causal claims and sources, 
precisely the activity that the veil of  ignorance approach 
is designed to strengthen. 

Mahoney is the most straightforward about his priors 
when he says that the extent of  the source bias prob-
lem should not be exaggerated. Beach (this issue) says the 
same thing: “The authors postulate—without evidence—
that confirmation bias is an endemic problem in process 
tracing, insinuating that much existing PT consists of  
“just-so stories” where researchers search for evidence 
that confirms their pet theory. In reality, contrary to what 
these authors write, confirmation bias in non-experimen-
tal science is not avoided by “blinding,” but instead by be-
ing one’s own strongest critic when evaluating empirical 
evidence, achieved in PT through thorough and transpar-
ent assessment of  the uniqueness of  found evidence…” 
These and other contributions effectively appeal—as 
does Fairfield—to virtue. In addition to the role of  peer 
review raised by Beach, the assessment of  any given piece 
of  research would thus rely at least in part on personal 
knowledge of  the ethical standards of  the researcher or 
on a good-will assumption. 

Again, a concrete example underlines that the prob-
lem is an ongoing one. Haggard edits a social science 
journal focused on East and Southeast Asia and recently 
published a roundtable on four new books dealing with 
power transition theories and their applicability to Chi-
na’s rise (Shifrinson and Haggard 2020). All were based 
on high-quality qualitative historical scholarship on oth-
er power transitions, mostly in Europe. All wrote closing 
sections in which they speculated on the Chinese case. 
Yet one of  the critics in the roundtable, David Kang, 
argued that whatever the merits of  their primary work, 
the authors had not spent adequate time surveying either 
competing sources or contrary evidence in seeking to ex-
tend their inferences to the Chinese case. The “thinner” 
the cases used for process tracing purposes, the more risk 
that such biases might in fact arise if  only as a practical 
matter. How much effort can a researcher devote to a 
two- or three-page case study? 

We should note that our approach is in fact compati-
ble with Fairfield’s Bayesian approach and in fact address-
es a particular problem with it. The Bayesian approach 
stresses the need for mutually exclusive and exhaustive hy-
potheses. How are we to know that the hypotheses are 

really exhaustive? One way is to broaden the search by in-
volving other researchers who are unaware of  the leading 
hypothesis—precisely what a systematic veil of  ignorance 
search of  sources does. 

One thing we were not very clear about was the en-
gagement and other activities of  the principal investiga-
tor. Normally this person will be highly engaged in the 
topic under consideration and in field settings will cer-
tainly have extensive field research experience. Smeets 
and MacLean in the symposium both stress the value of  
being deeply embedded in the interview process. For ex-
ample, Smeets (this issue) writes: “This means that the 
interviewer needs to be embedded in the field and topic, 
so that she is able to judge and evaluate the statements 
of  the interviewee and ask follow-up questions on the 
evidence to back up a specific (causal) claim” (emphasis 
in the original). This is similar to Mahoney’s comment 
that the principal investigator will have, ideally, extensive 
knowledge about relevant debates. 

If  we go back to back to the QuIP setting, the com-
missioners of  these studies have started out with a deep 
prior interest in the development activities being evalu-
ated. The role of  the QuIP is to provide an independent 
perspective with sufficient credibility to prompt them to 
amend their prior views. We see the role of  the veil of  
ignorance in process tracing in similar terms, with the 
principal investigator in the position of  the commission-
er. The veiling method generates an independent set of  
causal claim data that can be used to re-evaluate what the 
PI previously thought and is proposing and then can po-
tentially by used by others to replicate the process tracing. 

We note that the field of  psychology has been going 
through a major crisis over the last decade. A great deal 
of  this has to do with issues of  replication and transpar-
ency. If  one reads a critique such as Chambers (2017), 
which traces the crisis, one cannot help but be struck by 
its direct relevance to qualitative methods and process 
tracing. For example, can one replicate a given process 
tracing analysis? Currently we think that this is almost 
impossible. Does the author give all the sources actually 
consulted or just those used? 

Clearly, we think that researcher bias is a significant 
problem in qualitative research, not least because uncer-
tainty over its magnitude undermines perceptions of  re-
liability. In all the sciences, including the natural sciences, 
researchers are psychologically attached to their favored 
theories and ideas and quite naturally seek to defend 
them. We all know of  stories about how prominent au-
thors seek to suppress publication of  highly critical work. 
It is extremely difficult to be objective and evaluate and 
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choose evidence without being subject to bias about your 
own preferred theory. The physicist Niels Bohr went so 
far as to say that physics progresses funeral by funeral. 
There may well be other ways to address the problem of  
bias, but we stand by our claim that it is an issue and we 
should explore systematic ways to address it beyond the 
standard ones advanced by the respondents. 

Practical Issues
 As the Axelrod (1976) example suggests, we think 

“coding” causal claims is doable by research assistants 
who are not experts in the area. The reason is exactly that 
they are not expected to evaluate the quality or validity 
of  the causal claims but to describe them accurately. This 
is exactly what we expect, for example, of  Ricks and Liu 
(2018) in their description of  someone else’s causal mech-
anism explanation of  the Japanese developmental state—
that it is accurately described. 

The evaluation of  causal claims is definitely not the 
job of  the research assistant, but of  the principal investi-
gator who is an expert in the area. Going back to Goertz’s 
example, he was not trying to evaluate the substance of  
various claims about World War I, but to understand how 
they were expressed and explore and evaluate them on 
methodological grounds. 

A number of  the contributors raise important practi-
cal questions. Is it doable? Is it affordable? When consid-
ering research design, it often makes sense to start with 
an optimal design and then make necessary adjustments 
on pragmatic grounds. Our proposal is precisely a call for 
process tracing researchers to explore the practical possi-
bilities of  applying a veil of  ignorance approach. We are 
also emboldened in doing so by the experience of  “blind-
folding” data collection—and of  separating it from the 
task of  coding causal claims in text thereby obtained—in 
more than three dozen impact evaluations using the QuIP, 
as already discussed. The QuIP experience demonstrates 
that there is scope for enhancing procedural transparen-
cy and credibility of  research by thinking more carefully 
both about who does what within process tracing and the 
choreography of  who knows what, and when (Copestake 
et al. 2018). 

A separate question is whether it is affordable. For im-
pact evaluation, dominated by experimental and quasi-ex-
perimental designs often costing hundreds of  thousands 
of  dollars, the QuIP approach is relatively inexpensive. 
What we propose can also be meaningfully compared 
with the effort and expense to develop a quantitative data 
set. It has become commonplace to recruit graduate stu-
dents to help build datasets that typically involve a signif-

icant expenditure not only of  time but of  resources as 
well. 

We contend that this particular objection about prac-
ticality reflects a broader bias. While it is not considered 
out of  the ordinary to spend six or seven figures on large 
scale, data-oriented quantitative projects, it is assumed 
that high-quality qualitative work can, and even should, 
be turned out by lone researchers on shoe-string budgets 
(and self-exploitation). Why? The question of  expense 
should be considered with reference to designs that most 
effectively and transparently get the job done. The bar 
with respect to what constitutes an appropriate expense 
should be the same for both quantitative and qualitative 
work and not subject to implicit or explicit double stan-
dards. 

Normative Issues
 We were particularly surprised, but ultimately en-

gaged by, the normative objections to the approach. 
Those criticisms revolve around questions of  hierarchy, 
power, and fairness that may indeed arise when using the 
veil of  ignorance approach. But we would argue these 
problems are not particular to the VPT but arise equally 
if  not more prominently in large swathes of  how social 
science research is currently structured. 

Liu (this issue) offers a succinct statement: “It perpet-
uates a hierarchy. The research assistants who do the hard 
work— arguably the brunt of  the work—are considered 
merely as assistants and coders and never as equals (i.e., 
researcher #2 or co-researcher). The inaccessibility of  the 
method to those outside of  elite institutions with large re-
sources exacerbates another hierarchy.” MacLean echoes 
similar concerns. 

It is useful to reiterate briefly the well-known logic of  
Rawls’s (1971) use of  the veil of  ignorance and why we 
appropriated the term and corresponding thought exper-
iment. The point of  the veil of  ignorance was to remove 
differences of  status, income, and power from decisions 
about the rules that would guide a justly organized so-
ciety. Similarly, those assessing sources or causal claims 
would not be biased by a favored explanation—in effect 
by self-interest—in seeking our sources or opening the 
door to contending causal claims. MacLean (this issue) is 
critical of  Rawls, and cites the possibility that his liberal 
egalitarianism “ignores the persistent reality of  inequali-
ties based on gender, sex, race, income, etc.” This is a per-
fectly legitimate debate. But we are not invoking Rawls to 
defend liberalism; we are invoking the method of  putting 
potentially self-interested decisions at arm’s length. 

Amy Liu and Lauren MacLean both raise important 
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practical and ethical issues. In particular, they home in on 
the complex collaborative relationships that are becoming 
more and more prevalent as the discipline moves toward 
large-scale data-intensive research. Think, for example, of  
the scale of  the Varieties of  Democracy (V-Dem) effort. 
At stake are issues of  power and hierarchy, how credit 
for research is apportioned, whether research meets IRB 
guidelines, and even—as Liu argues—the distribution of  
risk between those directing projects and those engaged 
in fieldwork. We found the discussion of  these ethical is-
sues quite trenchant. However, we reject the claims that 
they are distinctive to the proposed veil of  ignorance 
methodology. 

Research can be conducted in toto by lone researchers 
and by teams taking fully equal credit. The VPT meth-
odology would clearly not make sense in these contexts 
(although the problems of  bias do not simply go away). 
Yet social science research increasingly takes place in the 
context of  lead researchers contracting for the services 
of  others who operate under the direction of  PIs (and 
who may or may not receive appropriate credit for their 
work). Additional complexities arise in comparative pol-
itics research in which lead researchers are employing 
teams in developing countries where income gaps to the 
PIs are huge. 

Yet it is important to recall that the purpose of  the 
VPT is precisely to tie the hands of  lead researchers—to 
check any tendencies he or she may have to direct re-
search assistants in biased directions. To the extent that 
such checks are not in place, it would appear to com-
pound—rather than alleviate—the ethical issues raised. 
Contra MacLean, we see the RA as effectively empow-
ered by this process. They are potentially the carriers of  
bad news: the researcher who comes back to the principle 
with the information that other causal possibilities need 
attention and that favored causal stories are not, in fact, 
true. Rather than isolating the contracted researcher from 
the PI, the method forces engagement and even confron-
tation. 

MacLean (this issue) raises a still deeper critique of  
Rawls that individuals are—as a general proposition—
unable to place themselves behind a veil of  ignorance. 
However, our method does not rely on individuals plac-
ing themselves behind a veil of  ignorance. The method is 
designed to place a researcher behind a veil of  ignorance 
with respect to one relatively narrow question: the nature 
of  the favored causal claim held by the researcher. 

Whether Liu and MacLean accept our claims, on one 
point we need to be particularly insistent. Liu and Ma-
cLean both suggest that the method we outline raises risks 

of  the violation of  norms of  informed consent. Yet we 
are puzzled why they believe that would be the case. Is-
sues of  human subjects do not arise in the use of  archival 
or secondary material and thus only come up using this 
methodology in the context of  open-ended interviews of  
research subjects. Such studies would need to go through 
IRB protocols and subjects would of  course need to pro-
vide informed consent. It is completely unclear to us why 
such a method would violate current standards. 

It is possible that the brevity of  our explanation of  
the veil of  ignorance idea was misleading in its portray-
al of  the role of  the PI as directing a research assistant 
in ways that appeared hierarchal, non-collaborative, and 
even non-consensual. Yet it is not clear how this partic-
ular method—which is in fact designed to check bias on 
the part of  the principal investigator—would generate a 
relationship that is any more—or less—hierarchical than 
the relationship any PI would have with a research assis-
tant. 

Conclusion
 In closing, it is useful to contrast the causal mecha-

nism approach with the Bayesian one, because they sit to-
gether less comfortably than Fairfield suggests. A Bayes-
ian approach requires a comparison between competing 
causal mechanisms. If  we take the Liu-Ricks (2018) causal 
mechanism figure that we use as an example, one needs 
to contrast that with some alternative(s). As stressed by 
Fairfield—and foundational to the Bayesian approach—
these alternatives must be mutually exclusive and exhaustive. 
Some of  the same factors can appear in these alternatives 
as long as they produce mutually exclusive alternatives to 
compare. 

It is difficult to come up with a causal mechanism 
figure for an individual case or a small-N phenomenon 
typical of  much qualitative work. The Bayesian approach 
requires the researcher to construct not only alternative 
hypotheses, but a complete set of  alternatives that cov-
ers the probability space. Much work has been spent on 
how to simplify this potentially challenging injunction, 
but we just point out here that the task becomes more 
difficult when causal mechanism figures begin to get any-
thing more than slightly complex. From our perspective, 
Bayesians overemphasize the need to compare mutually 
exclusive and exhaustive set of  causal mechanisms. For 
example, it is useful to show that a particular drug does 
not work as a vaccine for COVID; why do I need a con-
tending hypothesis? In a social science setting it is useful 
for Trachtenberg (2012) to say that the Fearon audience 
cost model does not work for the Fashoda crisis without 
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providing an alternative, or for Haggard and Kaufman 
(2016) to note that more than half  of  all democratic tran-
sitions during the Third Wave do not comport with the 
class conflict theory espoused by Acemoglu and Robin-
son (2006). 

We appreciate the care with which our critics raked 
over this proposal. We have taken away several lessons. 
One is that significant differences remain, revealed in part 
by conflicting terminology about what process tracing in 
its different forms (singular, theory generating, and theo-
ry testing) is supposed to produce. In terms of  the veil of  
ignorance, this debate has revealed to us a variety of  opin-
ions about how severe “cherry-picking” and confirmation 

bias problems in process tracing might be. Our focus is in 
the production of  a causal mechanism figure for the case. 
We believe this effort benefits from a full assessment of  
causal claims contained in an appropriately diverse array 
of  sources and a review of  evidence for competing causal 
claims. If  nothing else, we hope this symposium will stim-
ulate more investigation of  these issues. 

Our Veil of  ignorance Process Tracing methodology 
rests on two core principles for good process tracing: 

No process tracing without causal mechanisms (ex-
pressed in figures). 

Process tracing must involve veiled and systematic 
coverage of  sources and their causal claims. 
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Built by researchers for researchers, the Digital 
Fieldwork website (www.digitalfieldwork.org) 
(www.digitalfieldwork.org), which will formally 

launch in mid-February 2021, offers a collaborative fo-
rum where scholars with limited ability to conduct tradi-
tional fieldwork can help each other to identify and cap-
italize on data-gathering opportunities, and to explore 
and address the data-gathering challenges involved in 
conducting digital fieldwork. 

 We invite others to join us in this endeavor. Please 
visit the site and consider contributing material. The site 
offers three types of  content:
• Resources: information about events and webinars, or-

ganizations and websites, trainings and workshops, as 
well as collections of  digital archival and news media 
resources related to digital fieldwork.

• References: citations for books, articles, and guides on 
digital fieldwork.

• Reflections: original, personal, and experiential thought 
pieces developed in a variety of  media (photo essays, 
poems, artistic representation, audio, videos, prose, 
poems, etc.) that discuss how to carry out, manage, or 
address challenges in conducting digital fieldwork or 
offer reactions to the experience of  doing so.   
Traditional field research requires being physical-

ly present. Invaluable insights are gained and complex 
dynamics are understood through the face-to-face in-
terviews, everyday interactions, serendipitous meetings, 
and discovery of  new information sources that fieldwork 
makes possible. 

 The COVID-19 pandemic profoundly disrupted 
how we do fieldwork. Yet it is also the case that fieldwork 
has been, and will continue to be, out of  reach for many 
scholars around the world for reasons that have little to 
do with the global health crisis that emerged in 2020. 
Scholars with limited research budgets often struggle to 
cover the expenses associated with fieldwork. Additional 
responsibilities and commitments such as teaching, ad-
ministrative duties, children, and elder care also restrict 
scholars’ ability to spend time in the field.     

 In the context of  these new and long-standing chal-
lenges, technological advances and increased global en-
gagement with technology encourage and facilitate new 
ways of  thinking about and conducting field research. 
Broadening our conceptualization of  fieldwork to in-
clude digital techniques can democratize field research, 
allowing more scholars to imagine conducting fieldwork. 
Further, accessing digital historical archives, interacting 
with research interlocutors using digital platforms, and 
drawing on digital media can catalyze the development 
of  new techniques for data generation and research in-
teraction. 

 Of  course, as we develop new techniques for gath-
ering data, new intellectual, ethical, and practical chal-
lenges emerge. How can we protect research subjects 
and researchers when new tools are used in the contexts 
and digital spaces in which we work? Whose voices are 
silenced —and whose are amplified—when fieldwork is 
conducted digitally? How does conducting human partic-
ipant research digitally affect the process of  gaining ap-
proval from Institutional Review Boards (IRBs)? Which 
technologies are safest? How can our on-the-ground ex-
perience with data generation inform our use of  digital 
tools and techniques and help us overcome barriers to 
employing them? How can researchers determine when 
it is safe, ethical, and effective to resume on-the-ground 
fieldwork? 

 To date, little training has emerged to help scholars 
wrestle with these questions. We hope this new website 
will encourage dialogue about the nature of  research in a 
digital age, and about how to accomplish our intellectual 
goals as ways of  thinking about and accessing research 
sites, participants, and materials evolve. 

 We invite you to join us. Please visit the website (www.
digitalfieldwork.org) – formally launching in mid-Febru-
ary 2021 – and become a contributor. Please also feel 
free to email Diana Kapiszewski (dk784@georgetown.
edu), Lauren MacLean (macleanl@indiana.edu), or Lahra 
Smith (Lahra.Smith@georgetown.edu) with comments, 
queries, or content. 

Introducing a New Web Resource for 
Digital Fieldwork
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Giovanni Sartori Award for Best Book on 
or Using Qualitative Methods

 This award recognizes the best book, published in 
the calendar year prior to the year in which the award is 
presented, which makes an original contribution to qual-
itative or multi-method methodology per se, synthesizes 
or integrates methodological ideas in a way that is itself  
a methodological contribution, or provides an exemplary 
application of  qualitative methods to a substantive issue. 
The selection committee consisted of  Abigail William-
son (Trinity College), chair; Simeon Nichter (University 
of  California San Diego); and Jim Goldgeier (American 
University).

Winner of  the 2020 Award:  Jennifer Bussell. 2019. 
Clients and Constituents: Political Responsiveness in Patronage 
Democracies. Oxford: Oxford University Press.

Prize Citation: This beautifully written book reveals 
the oft-overlooked significance of  constituency services 
in patronage democracies. By shadowing a range of  pub-
lic officials, coupled with interviews, surveys, field exper-
iments, and secondary data analysis, Bussell reveals that 
constituency service is crucial for redistribution and rep-
resentation in India. Further, she convincingly substanti-
ates a surprising argument: Often constituent services are 
not contingent upon party affiliation, although they are 
related to broader systems of  clientelism. Higher-level 
politicians provide constituency services to secure elec-
toral support from citizens blocked from accessing ben-
efits due to local-level clientelism. The book’s stellar use 
of  shadowing provides deep insights into the logic of  
its argument, revealing how officials cater directly to ev-
eryday citizens without regards to partisanship. This me-
ticulous qualitative work provides tremendous inductive 
leverage, which is then tested using both experimental 
and observational data. Throughout, the book marshals 
impressive quantitative and qualitative analyses to elabo-
rate each part of  its nuanced, compelling argument. The 
book’s closing comparative analyses suggest that its find-
ings have implications for multiple continents.

Honorable Mention: Gwyneth H. McClendon and 
Rachel Beatty Riedl. 2019. From Pews to Politics: Religious 

Sermons and Political Participation in Africa. Cambridge: 
Cambridge University Press.

This methodological tour-de-force examines a rare-
ly-addressed question: Do religious sermons affect po-
litical behavior? As the authors remind us, religious 
sermons are among the most ubiquitous forms of  elite 
communication across the globe. Yet it is challenging to 
sort out whether the content of  messages, as opposed 
to other elements of  religious participation, shape civic 
engagement. By pairing observation of  churches in four 
African cities with focus groups, lab experiments, anal-
yses of  nationally representative surveys, and historical 
case studies, the authors convincingly argue that differing 
sermons in sub-Saharan Africa shape political behavior. 
Specifically, Pentecostal and Mainline churches’ distinct 
messages about the individual or structural source of  the 
world’s problems and the possibility of  making change 
were reflected in the form and intensity of  congregants’ 
political participation. The authors’ mixed-methods ap-
proach serves as a model to all researchers. Following 
meticulous hand-coding of  sermons and congregation-
al observation, lab experiments masterfully tease apart 
causal effects. The underlying mechanisms, as well as the 
duration of  effects, are then insightfully explored using 
focus groups, interviews, and surveys that rely on the 
random incidents of  the day of  data collection to illus-
trate how the effects of  Sunday sermons decay over time. 
The closing historical case studies persuasively argue that 
these innovative findings travel more broadly beyond the 
African context.

Alexander George Award for Best 
Article or Book Chapter on or Using 

Qualitative Methods
This award recognizes the journal article or book 

chapter, published in the calendar year prior to the year 
in which the award is presented, which—on its own—
makes the greatest methodological contribution to qual-
itative research and/or provides the most exemplary ap-
plication of  qualitative research methods. The selection 
committee consisted of Janet Lewis (George Washington 
University), chair; Jessica Rich (Marquette University); 
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and Sean Yom (Temple University).
Winners of  the 2020 Award: Ezequiel 

González-Ocantos, and Jody LaPorte. 2019. “Pro-
cess Tracing and the Problem of  Missing Data” So-
ciological Methods & Research: 1-29. DOI: https://doi.
org/10.1177/0049124119826153

Prize Citation: This article makes explicit a problem 
that is present, if  often not explicit, in the work of  pro-
cess tracers: How to handle missing data—that is, steps 
in a causal process for which evidence is simply not avail-
able? As González-Ocantos and LaPorte point out, this 
is an especially big problem in the study of  non-demo-
cratic regimes and violence, among other contexts. The 
answer that González-Ocantos and LaPorte propose 
is clear yet subtle—and it is simple, yet not simplistic. 
They propose three approaches. First, they propose that 
scholars consider whether the missingness is consistent 
with the theory’s microfoundations, especially the strate-
gic incentives of  key actors. The missingness can, there-
fore, help to confirm or disconfirm the theory. Second, 
they propose scholars consider out-of-sample evidence 
for the mechanisms; to assess the mechanisms in an-
other case for which data on the proposed mechanism 
is available. Their third suggested approach is to specify 
the analytic status of  each link in the causal chain, and to 
consider carefully whether missing data on one link calls 
into question the broader causal process. 

In the committee’s conversations about this article, 
words that came up repeatedly to describe it were “clear,” 
“useful,” and “helpful.” We agreed it would go straight 
to our graduate methods syllabi and would have an en-
during impact on how scholars approach missing data in 
process tracing. Congratulations to the authors on win-
ning the 2020 George Award!

Honorable Mention: Rana B. Khoury. 2020. 
“Hard-to-Survey Populations and Respondent-Driven 
Sampling: Expanding the Political Science Toolbox.” 
Perspectives on Politics 18, no. 2 (June): 509-526. (published 
online December, 2019) https://doi.org/10.1017/
S1537592719003864

This ambitious article takes on a challenging and im-
portant problem: how can researchers access represen-
tative samples of  hard-to-reach populations, from un-
documented migrants, to extremists? These populations’ 
beliefs and behaviors are at the heart of  core theories of  
conflict, clientelism, and authoritarianism, yet as Khoury 
notes, perfectly representative sampling of  them is often 
not an option—not because researchers do not try hard 
enough, but because many people simply do not want to 
be found. 

Khoury proposes that we consider the technique of  

Respondent-Driven Sampling (RDS), which is a tool used 
more commonly in epidemiology to reach populations at 
high risk of  HIV. Khoury demonstrates RDS’s promise 
with a study of  Syrian refugee activists in Jordan. In do-
ing so, she argues persuasively and boldly that political 
scientists should seriously consider adding RDS to their 
methodological toolbox. Congratulations! 

Kendra Koivu Award for Best 2019 APSA 
Paper on or Using Qualitative Methods

Recipients: Megan Becker, Jonathan Markowitz, 
Srividya Dasaraju, Lindsay Lauder, Isabelle Nazha, and 
Sarah Orsborn. “Replicating the Resource Curse: Ross 
(2004) and Prospects for Qualitative Replication.”

Committee: (University of  Arizona), chair; Ben-
jamin Read (University of  California Santa Cruz); and 
Wendy Pearlman (Northwestern University).

Prize Citation: For this year’s Qualitative and Mixed 
Methods Research Group’s Kendra Koivu Best Paper 
Award, the committee unanimously selected Becker et. 
al’s “Replicating the Resource Course: Ross (2004) and 
Prospects for Qualitative Replication” as the winner. 
This paper was a clear standout both for its methodolog-
ical and theoretical ambition. Given its methodological 
rigor and inventiveness, the committee also felt the paper 
was a fitting tribute to Kendra Koivu’s legacy.  

Methodologically, the paper raises terrific questions 
and suggestions regarding what it means to do careful, re-
liable, systematic qualitative evaluation of  evidence. Start-
ing from the understanding that political science faces a 
replication crisis, this paper is a potentially groundbreak-
ing effort to address these concerns in the field of  qual-
itative methods. In replicating Michael Ross’s influential 
qualitative examination of  the resource curse arguments, 
the paper demonstrates how use of  an explicit codebook 
and multiple coders enable researchers to transparently 
replicate existing qualitative studies. Far from nit-picking, 
their efforts get to the heart of  the important problem 
of  using written source material to identify causal mech-
anisms and evaluate hypotheses concerning those mech-
anisms—that is, the very essence of  answering research 
questions using qualitative data. 

Theoretically, the reexamination of  the data also po-
tentially leads to some important correctives to the ex-
isting theoretical account. It finds that contrary to Ross, 
greed and grievance play some role in non-separatist civ-
il war onset and duration. They also find that resources 
do not shorten conflict in any cases, which differs from 
Ross’s finding that resources can shorten conflict in some 
cases. Given the centrality of  resource curse arguments 
to international relations and comparative politics, these 
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will surely be important findings that scholars in both 
fields will have to reckon with. 

We want to congratulate the authors of  this year’s 
winning paper and strongly encourage all members of  
the group to read it. We wish them all the best in their 
efforts to publish this fine work of  social science!

David Collier Mid-Career  
Achievement Award 

This award honors the important contributions of  
David Collier to the discipline through his research, grad-
uate teaching, and institution-building and, more gen-
erally, as a founder of  the qualitative and multimethod 
research movement in contemporary political science. 
The award is presented annually to a mid-career politi-
cal scientist to recognize distinction in methodological 
publications, innovative application of  qualitative and 
multi-method approaches in substantive research, and/
or institutional contributions to this area of  methodol-
ogy. The selection committee consisted of  Jason Seaw-
right (Northwestern University), chair; Andrew Bennett 
(Georgetown University); Diana Kapiszewski (George-
town University); and Colin Elman (Syracuse University).

Winner of  the 2020 Award: Jennifer Cyr, University 
of  Arizona

Prize Citation: Jennifer Cyr has made substantial and 
distinctive contributions to the field of  qualitative and 
multimethod research in political science, with two areas 
of  special emphasis. She has been an institution-build-
er and a leader within the QMMR community, broadly 
construed, and she has developed a substantial research 
trajectory that has reinvigorated discussion and applica-
tion of  focus groups as a qualitative method in political 
science. These contributions have already opened new 
professional opportunities and research avenues for a 
wide range of  political scientists, and they give every im-
pression that Jennifer is just getting started.

First, let us consider Jennifer’s impact with respect to 
focus groups in qualitative political science. Before her 
research in this area began, focus groups had a healthy 
methodological life in sociology, market research, and 
some other disciplines. Within political science, however, 
the method had taken on a seemingly stable niche role as 
a largely unreported and under-analyzed tool for survey 
and experimental pretests. Jennifer’s work has changed 
this landscape substantially, starting with her 2016 article, 
“The Pitfalls and Promise of  Focus Groups as a Data 
Collection Method,” which has already become the most 
cited work by a political scientist on focus groups in at 
least a generation. The essay builds a compelling frame-
work in which three different analytic approaches to fo-

cus groups could support divergent goals in a research 
trajectory, thereby opening the method up to make a 
broader range of  contributions in political science.

Jennifer shows how these contributions play out in 
practice with her 2017 book, The Fates of  Political Parties: 
Crisis, Continuity, and Change in Latin America. One key 
component of  that book’s fascinating comparative-his-
torical analysis of  21st-century party trajectories in three 
crisis-ridden countries—a compelling contribution in its 
own right to the substantive debates provoked by David 
and Ruth Collier’s work on Latin American parties and 
institutions—is the argument that some parties, but not 
others, can draw on substantial ideational resources and 
more robust party brands to recover from electoral disas-
ters. This concept of  ideational resources is the kind that 
political scientists often struggle to measure, resorting to 
indirect proxies of  various kinds. Jennifer instead shows 
us how focus groups can much more directly measure ide-
ational resources by revealing the kinds of  beliefs about 
parties that are shared by politically dissimilar members 
of  a given society, and also by demonstrating that, for 
some parties, there are few if  any such beliefs beyond 
perhaps nostalgia for the past. Jennifer’s book brings her 
methodological work to life by showing in a compelling 
way how focus groups can be introduced to the heart of  
applied qualitative research in political science.

Her work on focus groups continues to build, and 
alongside other articles, her 2019 book, Focus Groups for 
the Social Science Researcher, provides a pragmatic guide to 
the method for beginners that is likely to substantially 
amplify the importance of  this technique in our disci-
pline. It is not a commonplace event that a mid-career 
researcher is as powerfully associated with a method as 
Jennifer is with focus groups, and her intellectual creativ-
ity and entrepreneurship in this domain would justify the 
Collier award in itself.

Of  course, in Jennifer’s case, this work does not stand 
alone as a basis for the award. She is also an institutional 
innovator and leader within the QMMR universe. Jenni-
fer is one of  the founding organizers of  the Southwest 
Workshop on Mixed Methods Research, a recurring con-
ference that has offered a high-value intellectual forum 
for the development of  new ideas in the QMMR space 
for several years. She has taught a series of  short courses 
on focus groups at APSA, at IQMR, and in a variety of  
Latin American venues. Finally, she has served first as 
co-editor and then as sole editor of  the QMMR publica-
tion in recent years, keeping that central space active and 
exciting through a series of  hardships at every scale from 
the global to the personal. In short, Jennifer is the kind 
of  scholar for which the Collier award was invented.

58 | Longform APSA Awards 2020



Qualitative & 
Multi-Method 
Research


